


This dissertation studies whether investor attention translates into retail buying (<herding=) that 

using Robintrack9s 

stock9s rolling within

the sequence attention → (flows) → herding → price 

pressure → attenuation. First, stock

week return) and trading intensity relative to each stock9s own history (standardized 
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Esta dissertação investiga se a atenção dos investidores se traduz em compras de retalho (<efeito 

manada=) que movem temporariamente os preços. Construo um proxy baseado em posições para 

examino a sequência atenção → (fluxos) → manada → pressão de preços → atenuação. Primeiro, 

3short (5% superior − 5% inferior) rende ~+1,20% na 
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niverse of stocks; to reduce complexity, they purchase what <glitters=, 



attention → retail inflows → price. The proxy developed here sits closer to the portfolio decision 

chain attention → retail inflows → price

relative to the stock9s rolling median of the same cumulative inflow. Normalization removes the 

, documenting retail accounts have built and held positions, vis à vis the stock9s 
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cumulative change over some fixed window (one, three, and six months) in the number of retail 

holders per share, normalized by the stock9s within
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āÿ,ý ÿ ý.
Because Robinhood9s user base is widely acknowledged to be predominantly retail, both āÿ,ý

�ÿ,ý ÿĀýÿ,ýþĂÿ,ý
I also use the daily returns of CRSP9s value�ýýþ �ý�þ �ý�ÿ
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�āÿ,ý = āÿ,ý 2 āÿ,ý21 ;          Āÿ,ý = �āÿ,ýþĂÿ,ýÿÿ ∈ {21,63,126} āÿ,ý(�) = ∑ Āÿ,ý2/�21/=0
compare the current cumulative inflow with the stock9s own recent history by using a rolling 

þÿ,ý(�) = ĀĀÿĀýā {āÿ,ý2Ā(�) ∶ Ā = 1, & , ÿ}ÿ, 
ýþăĂăÿ,ý(�) = āÿ,ý(�) 2  þÿ,ý(�)þĂÿ,ý

ÿ

ýþăĂăÿ,ý(1ÿ)ýþăĂăÿ,ý(3ÿ) (ýþăĂăÿ,ý(6ÿ)āÿ,ý) �āÿ,ýĀÿ,ý

�ýýþ �ý�þ�ý�ÿ



as the absolute difference between the stock9s 

compounded return and the market9s ýýþþÿ,ý = | ýÿ,ý 2 ýĀ,ý |
ý ýþ�ÿĀÿÿ�ÿ,ý = ÿĀýÿ,ýþĂÿ,ý þĂÿ,ýĀÿ,ý.

�ÿ,ý21(ÿ) �ÿ,ý21(ÿ)ýþ�ÿĀÿÿ�ÿ,ý þýÿÿ,ý þýÿÿ,ý = ýþ�Āāÿ���,�2 ��,�−1(�)  ��,�−1(�) ;      Ā/ÿ�ÿ    ÿ = 60
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3ý 2 1
weighted, and S&P 500 market returns, percent per day); abs_abn_ret (absolute difference between the stock9s one

week compounded return and the market9s o week compounded return); ret_1w/ret_2w/ret_1m/ret_1Q (stock9s 

share over one, three, and six months minus the stock9s rolling median of the same). SO (CRSP shares outstanding) is used 

score of turnover relative to each stock9s own history

f <trading intensity relative to own 

history.=
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sustained inflow episodes relative to each stock9s rolling median; negative realizations also occur, 

purposeful: the measure <lights up= precisely wh
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(SAT and ABPOP benchmarked to each stock9s own previous values) to eliminate cross



attention → flows → price mechanism. I compute same

S&P 500), the stock9s compounded returns (1w, 2w, 1m, 1Q), and two attention families: 

thousandths (≈0.00023

POP shows a modest, intuitive association with the stock9s short
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correlates positively with turnover (≈0.12430.127) and even more with SAT (≈0.1433

zes activity relative to each stock9s own history. The stronger link with SAT is 

informative: departures from a stock9s typical regime



return (≈0.1203

(≈0.997), and both co 3EW ≈ 0.94; SP3EW ≈ 0.91

intensity and salience measures are related but not redundant: turnover vs SAT ≈0.387; 

absolute abnormal 1w return vs turnover ≈0.355 and vs SAT ≈0.277. These magnitudes are large 

enough to reveal a shared <attention= component yet far from levels that wou

ABPOP9s incremental content I explicitly control for attention and trading intensity



per share over one, three, and six months, minus the stock9s rolling median of the same. SAT is the 60ý 2 1

The hypothesis I test follows the causal chain attention → (flows) → herding → price pressure → 

relative to the stock9s recent history ÿ
which capture visibility or intent, ABPOP sits <further downstream=: it shows that interest enters 

intensity relative to the stock9s own history (SAT) forecast increases in ABPOP; this establishes 

→ herding link. Second, I show that high

3short strategy9s 



side a contemporaneous diagnostic and the lagged specification that anchors the attention → 

3 310%, …, 903 3

1→Week 4 and Q1→Q4, and equal
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ýþăĂăÿ,ý(�)

turnover because it normalizes for the stock9s 

ý 2 1 ý 2 5
ýþăĂăÿ,ý(�) =  �0 + �1�ÿýÿ,ý(1Ā) + �2�ÿýÿ,ý(1Ā) + �3ýýþþÿ,ý + �4ýþ�ÿĀÿÿ�ÿ,ý + �5þýÿÿ,ý + þÿ,ýýþăĂăÿ,ý(�) =  �0 + �1�ÿýÿ,ý21(1Ā) + �2�ÿýÿ,ý25(1Ā) + �3ýýþþÿ,ý21 + �4ýþ�ÿĀÿÿ�ÿ,ý21 +�5þýÿÿ,ý21 + þÿ,ý



attention → 

�3 �5�2
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attention → ABPOP herding → returns ýþăĂăÿ,ý(1ÿ)
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3 to chase a <pure= �
3 ý2

ý2 
3Q4; (iii) only modest sensitivity to UMD, given the signal9s short horizon. Loadings on 

ý2
3

1→Week 4 and monthly for Q1→Q4 so that model frequency matches the 
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3 ýþăĂăÿ,ý(3ÿ)ýþăĂăÿ,ý(6ÿ) ÿ

attention → (flows) → herding → 

price pressure → attenuation

ection 4.1 I verify that attention and trading‐intensity proxies ýþăĂăÿ,ý(�)ýþăĂăÿ,ý(1ÿ)
3

3 310%, …, 903 3 ýþăĂăÿ,ý(1ÿ)
3



able 3, Panel A reports contemporaneous <diagnostic= regressions of ýþăĂăÿ,ý(�) ý 2 1
highly significant, indicating that <noisy= idiosyncratic weeks

score relative to the stock9s own history) 

stock9s norm

ý2 
3

attention literature: the aim here is not to <explain= ABPOP in a strong sense, but to show that 

attention →

attention → (flows) → herding

Herding → Returns: Portfolios on ABPOP

ýþăĂăÿ,ý(1ÿ)
3 3 3 320, …, 903

1 → 

4, then Q1 → Q4. 3
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no persistent premia: −0.28% at Q1 (t = −0.45), +0.11% at Q2 (t = 0.33), −0.51% at Q3 (t = −1.67), 

−0.1 % at Q4 (t = −0.62). The lack of positive drift at 33

3

3 3 3 This <more abnormal 

popularity → more impulse= pattern strengthens the flow

ýþăĂăÿ,ý(�) ÿ ∈ {1þ, 3þ, 6þ}. 
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3ýþăĂăÿ,ý(1ÿ)
is not an autonomous <risk premium.= 

ý2 3 3
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3 (t ≈ 1.6 4 (t ≈ 1.3

premium (Q1 ≈ 0%, Q2 ≈ +0.20%, Q3 ≈ −0.32%, Q4 ≈ 
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ýþăĂăⅈ,t(1m) ýþăĂăⅈ,t(1m) 3 3 320%, …, 
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1 → Week 3 3
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3 (top 5% − bottom 5% by ýþăĂăⅈ,t(1m), 3
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ýþăĂăÿ,ý(3ÿ) ýþăĂăÿ,ý(6ÿ). 
ýþăĂăⅈ,t(1m) ýþăĂăⅈ,t(1m) 3 3 320%, …, 

3 3
1 → Week 3 3

3 3 3

attention → herding
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3 (top 5% − bottom 5% by ýþăĂăⅈ,t(1m), 3
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temporally clustered flows toward the most 8visible9 stocks, generating price pressure that 

→ (flows) → herding → price 

pressure → attenuation. To follow this chain, I construct ýþăĂăÿ,ý(�)
elevated relative to the stock9s recent history, over preýþăĂăÿ,ý(�)
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and trading intensity relative to the stock9s own history (þýÿÿ,ýýþăĂăÿ,ý(�)
ýþăĂăⅈ,t(1m) ýþăĂăⅈ,t(1m) 3 320%, …, 903

1 → Week
3 3
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ýþăĂăÿ,ý(1ÿ)
3

3

ýþăĂăÿ,ý(�)

normalized by shares outstanding and benchmarked to the stock9s rolling within

<upstream= of the portfolio decision; 

into positions. It also differs from <event style= approaches based on impulsive shocks (e.g., Barber 

ýþăĂăÿ,ý(�)

ýþăĂăÿ,ý(�)
3

practice, the message is operational: chasing stocks that have become <popular= among retail 



ýþăĂăÿ,ý(�) 
integrating a U.S. retail platform9s holding

ýþăĂăÿ,ý(�)
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ýþăĂăÿ,ý(�) ÿ ∈ {1þ, 3þ, 6þ}. 
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ýþăĂăⅈ,t(3m) ýþăĂăⅈ,t(3m) 3 3 320%, …, 
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ýþăĂăⅈ,t(6m) ýþăĂăⅈ,t(6m) 3 3 320%, …, 
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1 → Week 3 3
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