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Abstract 

With the rapid development of Artificial Intelligence (AI) and globalization, organizations 

worldwide are increasingly relying on AI to provide product recommendations, including in the 

luxury fashion industry. However, to replace humans in this area, customers must trust AI 

recommenders, ideally as much as, if not more than, human recommenders. Organizations also 

need to understand whether there are cultural differences impacting consumers’ willingness to 

trust recommendations from AI. Therefore, an experimental study was conducted in the scope 

of this research.  

The study examined whether people trust advice from AI or from a human salesperson more 

when purchasing a luxury item of clothing. The participants in the survey showed algorithm 

aversion and trusted human recommendations more than those generated by an AI. 

Furthermore, it has been shown that there is a difference in trust between individualistic and 

collectivist cultures. In particular, individuals from collectivist cultures exhibited less trust in 

AI-generated recommendations compared to those from individualistic cultures.   

These findings provide valuable implications for organizations considering the use of AI-

generated product recommendations in the luxury fashion industry and, in line with previous 

literature, suggest that human recommenders are more valued. Organizations need to consider 

cultural differences when implementing AI-driven recommendation systems and encourage 

collaborative approaches and transparency to increase consumer trust.  
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Sumário 

Com o rápido desenvolvimento da Inteligência Artificial (IA) e da globalização, as 

organizações em todo o mundo estão a confiar cada vez mais na IA para fornecer 

recomendações de produtos, incluindo na indústria da moda de luxo. No entanto, para substituir 

os humanos nesta área, os clientes devem confiar mais nos recomendadores de IA, idealmente 

tanto ou mais do que nos recomendadores humanos. As organizações também precisam de 

compreender se existem diferenças culturais que afetam a vontade dos consumidores de confiar 

nas recomendações da IA. Por conseguinte, foi efeituado um estudo experimental no âmbito 

desta investigação.  

O estudo examinou se as pessoas confiam mais nos conselhos da IA ou de um vendedor humano 

quando compram uma peça de vestuário de luxo. Os participantes no inquérito mostraram uma 

aversão aos algoritmos e confiaram mais nas recomendações humanas do que nas geradas por 

uma IA. Além disso, foi demonstrado que existe uma diferença de confiança entre culturas 

individualistas e coletivistas. Em particular, os indivíduos de culturas coletivistas mostraram 

menos confiança nas recomendações geradas por IA do que as pessoas de culturas 

individualistas.   

Estas conclusões fornecem implicações valiosas para as empresas que estejam a considerar a 

utilização de recomendações de produtos geradas por IA na indústria da moda de luxo e, de 

acordo com a literatura anterior, sugerem que os recomendadores humanos são mais 

valorizados. As organizações precisam de considerar as diferenças culturais quando 

implementam sistemas de recomendação baseados em IA e encorajar abordagens colaborativas 

e transparência para aumentar a confiança dos consumidores. 

Palavras-chave: Interação Máquina-Homem, Confiança, Dimensões Culturais, Aceitação de 

Sistemas de Recomendação, Recomendações de Moda de Luxo 

Título: Recomendações por Inteligência Artificial vs. Humanos: A influência da cultura na 
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1. Introduction 

“Luxury must be comfortable, otherwise, it is not luxury.”  – Coco Chanel 

With globalization and the continued rise of digitalization, a growing wave of curiosity 

concerning innovative technologies, such as artificial intelligence (AI), has emerged among 

consumers, corporations, and society at large (Nozawa et al., 2022). AI has become an integral 

factor in facilitating our daily lives, present in nearly every sector, ranging from hospitality to 

healthcare, services, or retail, and is considered revolutionary (Zimmermann et al., 2023). The 

vast amount of data available to companies, which can be leveraged to make more informed 

decisions, not only improves value for customers but also assists consumers in decision-making 

processes through real-time data analysis (Shankar, 2018).  

In the field of retail, there has been a shift in customer expectations characterized by a growing 

demand for omnichannel shopping, more personalization, and increased interactivity (Klaus & 

Manthiou, 2020). Consequently, brands must find ways to seamlessly integrate AI into their 

operations, thereby moving towards what is referred to as digital retail (Parise et al., 2016). 

Research has demonstrated that such integration not only leads to a higher purchase intention 

but also increases overall actual sales (Lemon & Verhoef, 2016).  

While AI is benefitting from substantial growth, an industry within retail that is also growing 

is the luxury goods industry. It is estimated to reach €530-570 billion by 2030, which is more 

than double its size in 2020 (Bain & Company, 2023). The luxury sector is demonstrating stable 

growth in margins and increasing popularity (Bain & Company, 2020).  

However, until now, luxury brands have hesitated to embrace technology due to the perception 

that it contradicts the traditional concepts of craftsmanship and the human touch associated with 

luxury (Tarquini et al., 2022). Nevertheless, studies have shown that a high level of 

technological intelligence in the luxury shopping experience positively influences consumers’ 

willingness to buy a product (Sestino & Amatulli, 2023). Indeed, the integration of innovative 

technologies improves the shopping journey for consumers and enhances positive brand 

awareness by highlighting the factors of heritage and elite status of these brands (Banister et 

al., 2020).  

In the luxury industry today, the term luxury can be seen as subjective for everyone; therefore, 

providing personalization as part of the customer experience is vital for companies. This can be 



achieved through the use of big data and AI (Ramadan, 2019). Leveraging the potential of AI, 

it finds application in chatbots, virtual style consultants, virtual try-ons, and personalized 

product recommendations (Y. Liang et al., 2020). In the luxury shopping context, several 

different factors can significantly influence consumer responses to AI technology. These factors 

include the acceptance of AI recommendations, the level of trust, variations in purchase 

intentions, and overall satisfaction with products or recommendations (Zimmermann et al., 

2023). Understanding these dimensions is essential for retailers to enhance the user experience 

and tailor their services to meet the rising expectations of consumers. 

An important factor influencing consumer buying behavior in the luxury industry is culture, as 

customers globally purchase similar luxury products for different motives (Rehman, 2022). 

This divergence arises because individuals from various nationalities perceive the value of these 

products differently due to their diverse cultural characteristics (Shukla, 2010). While in the 

past, some researchers stated that globalization would lead to similar value perceptions and 

purchase intentions in consumption culture (Hofstede, 1984), studies have revealed that 

consumers from highly collectivist countries employ simpler criteria when assessing the value 

of a luxury brand or product compared to consumers from more individualistic nations (Shukla 

& Purani, 2012).  

Therefore, this thesis focuses on the influence of culture on AI recommendation acceptance in 

the luxury fashion industry by referring to Hofstede’s (1984) cultural dimensions and the 

unified theory of acceptance and use of technology. The central hypothesis is that there is a 

difference in preference for either AI-based or human-based product recommendations in the 

luxury industry depending on the cultural background of a person.  

1.1  Managerial and Academic Relevance 

Despite the increasing fascination with the integration of fashion and digital innovation, very 

little research has been conducted to understand the role of AI in this context. In contrast, 

substantial research has focused on AI in other luxury domains, such as gastronomy, healthcare, 

or tourism (Xu & Mehta, 2022). Past research presented the potential opportunities and 

disruptions that AI could bring to the global economy but omitted the societal dimensions 

associated with these emerging digital technologies, which are crucial for understanding 

whether the public will accept and welcome them (Vu & Lim, 2022). Additionally, there has 

been a call for research to analyze the influence of AI on fashion products (Y. Liang et al., 



2020). Consequently, a noticeable gap exists concerning consumers’ responses to these 

advanced technologies and the potential effect of their integration on purchasing intentions 

(Sestino & Amatulli, 2023).  

Furthermore, research shows that cultural traits influence the relationship between luxury 

consumption and purchase intention, as evidenced in numerous studies (Eastman et al., 2018). 

Prior research examining the combination of culture and luxury consumption is very limited, 

with only a few studies focusing on the intention to purchase luxury products in cross-cultural 

settings (Aliyev & Wagner, 2018). Despite the assumption that globalization would 

homogenize preferences, research suggests that cultural factors play a significant role. Thereby, 

this research aims to contribute to the growing body of literature on AI recommendation 

acceptance in the luxury industry and the role of culture in determining consumers’ preferences 

for AI or human product recommendations.  

The results of this study hold significance for management recommendations for companies in 

the luxury fashion industry, as their success depends on effectively adopting innovative AI 

systems and on users' willingness to accept those systems. By understanding the link between 

culture and AI acceptance, companies can strategically tailor their AI implementations, enhance 

user experience, and meet consumers’ expectations in an increasingly digitalized market.  

1.2  Problem Statement 

In light of the rapid progress of globalization and digitalization, and considering the needs of 

both industry and society, this study aims to answer the following main research question: Do 

cultural factors influence the acceptance of AI in luxury fashion product recommendations?  

To address the identified research gap, the main research question was divided into two sub-

questions, as follows: 

RQ1: Are consumers generally more likely to accept recommendations from AI advisors 

or human advisors? 

RQ2: How do cultural factors affect consumers’ inclination to follow advice from AI or 

humans? 

To address these questions, I conducted an experimental study wherein participants were 

exposed to different conditions. First, I assessed participants’ purchase intentions and purchase 



frequency for luxury products. Then, they were faced with a scenario where they received a 

product recommendation for a luxury fashion product either generated by a human salesperson 

in a shop or an AI system online. I measured and tested whether consumers prefer following 

product recommendations generated by humans or from an AI and how often they accept 

product recommendations. Next, I measured recommendation trust to determine the influence 

on the preference for the source of recommendation. Finally, I examined whether the preference 

for the source of recommendation impacts the level of satisfaction with the hypothetical 

purchase decision. This experimental design allowed a differentiated exploration of the factors 

influencing consumer behavior in response to different recommendation sources.  

1.3  Thesis Structure  

The structure of this dissertation follows the classical format of empirical research papers: In 

the introduction, I have presented the general topic, the relevance of this research, the problem 

statement, and the research questions. To justify the latter and formulate corresponding 

hypotheses, Chapter 2 presents a review of the existing literature and summarizes relevant 

concepts related to AI recommendation acceptance, luxury consumption, and cultural 

dimensions. Chapter 3 describes the study conducted to address the research questions, and 

Chapter 4 presents the results. In Chapter 5, I discuss the results in relation to the existing 

literature, draw theoretical and practical implications, and highlight the limitations of this 

research. Finally, in the conclusion, I will summarize the findings of this dissertation in a way 

that is actionable for managers and provide recommendations for future research.  

2. Literature Review 

2.1  Luxury Industry 

There is no comprehensive definition for the concept of luxury; however, several factors that 

consumers associate with it include exclusivity, beauty, quality, and price, creating a sense of 

brand identity and awareness (Godey et al., 2012). Attempts to explain luxury consumption 

have led to different theories, some of which will be presented below.   

A crucial aspect of luxury products that sets it apart from the purchase and consumption of 

other products is its social dimension. The conspicuous consumption theory (Veblen, 1900) 

marked the beginning of understanding luxury consumer behavior, suggesting that consumers 

purchase products to display their wealth and social status, setting them apart from other social 



classes. This theory explains that openly displaying luxury possessions enables others to draw 

conclusions about a consumer’s character, helping them attain a higher social standing (Razmus 

et al., 2023). Consequently, motivation to purchase from luxury brands is driven by socially 

oriented factors based on the theory of impression management: customers aim to build a 

positive social image and impress others through their luxury purchases (Eagly & Chaiken, 

1993). The signaling theory further reinforces this perspective, proposing that consumers use 

luxury products to signal their wealth and influence on the outside world because they believe 

that engaging in costly behavior will increase prestige (Mostafa & Arnaout, 2020). The social 

comparison theory further emphasizes this wealth-based narrative by arguing that people tend 

to compare themselves to successful individuals, leading to a desire to match their status 

through luxury brands (Eastman et al., 2018). Due to the pressures of social comparison, 

individuals strive to differentiate themselves from others and, thus, develop the need for 

uniqueness (Vigneron & Johnson, 1999).  

A fundamental distinction in purchase motivation in general, based on S. Kim and collaborators' 

(2016) work lies in hedonic and utilitarian rewards. According to these authors, while 

consumers who aim to satisfy their utilitarian orientation purchase products for their 

functionality and practicality, consumers with hedonic motivations do so to reach status and 

pleasure. Therefore, luxury purchases are considered to fulfill more hedonic motivations than 

utilitarian ones (S. Kim et al., 2016). For consumers of luxury fashion, the shopping process is 

an entire experience in which personal interaction and intangible values play a significant role. 

Traits like empathy and high responsiveness become crucial for the consumer, and 

environmental and experiential stimuli are more valued in the luxury retail domain than in non-

luxury retail (Dabholkar et al., 1996). Such consumption is associated with multi-sensory, 

imaginative, and emotional dimensions that lead to attachment, ultimately increasing the desire 

to consume (Hirschman & Holbrook, 1982).  

These socially oriented motivations are complemented by personally oriented incentives that 

emphasize the sense of personal fulfillment and self-expression that consumers derive from 

purchasing luxury products due to the emotional value that these products provide to them 

(Vigneron & Johnson, 1999). For consumers of luxury brands, creating a close and personal 

relationship with the brand is of greater importance than with non-luxury brands (Gupta et al., 

2023). Through their purchases, consumers form their own identities, express themselves 

through the products, and develop personal identification and connection with brands (Shahid 

& Paul, 2021). Research shows that individuals define and express themselves through their 



possessions, shaping their identity, therefore, companies must focus on enhancing 

personalization and creating exceptional experiences for their customers (Klaus & Manthiou, 

2020). 

This observation is in line with a noticeable shift in luxury purchase intentions from a wealth-

based and external perspective to a competencies-based and personal, experiential perspective 

where expertise in design and aesthetics taste is relevant to demonstrate sophistication (Wang, 

2022). Through globalization, luxury products are now available and attainable for a wider 

customer base, hence wealth and prestige are not as exclusive as in the past. Luxury is now a 

more personalized and individual concept than a societal phenomenon, and the value of 

experience is a focal point (Wang, 2022). Craftsmanship plays a vital role in creating a sense 

of distinctiveness and an enhanced experience, transmitting values such as authenticity, 

longevity, rarity, and identity to luxury brand products (Tarquini et al., 2022). The creation of 

luxury products is seen as a creative, artistic way for designers to create something original and 

unique (Wang, 2022). Consequently, luxury consumers often prefer shopping in physical stores 

because they seek not only products but also an enjoyable and memorable shopping experience 

(Cho & Lee, 2017).  

However, the consumer base is evolving as younger individuals, who purchase luxury products 

more occasionally than regularly, enter the luxury market (Xu & Mehta, 2022). These 

consumers grew up with technology and form part of a current movement of consumer change 

that expects companies to adopt innovative technologies to their business models to improve 

personalized experiences (Aleem et al., 2022).  

Overall, the changing landscape in the luxury industry highlights the importance of human 

contact, experiences, and emotions in luxury consumption. The shift towards younger, tech-

savvy luxury consumers and their expectations set the stage for exploring AI’s role in the luxury 

industry in the subsequent section.  

2.2  AI in Luxury 

In the luxury industry, the integration of AI technologies is an ongoing process (Zimmermann 

et al., 2023). Various technologies, such as augmented reality shopping, employ machine 

learning techniques and explainable AI to generate recommendations and product comparisons, 

ultimately enhancing customer interaction (Zimmermann et al., 2023). These recommendation 

systems analyze consumers’ past behaviors and patterns, utilizing data to determine customer 



preferences, resulting in higher customer retention, more personalized targeting, and increased 

satisfaction (Fang et al., 2012). These systems rely on data collected from various sources, 

which computer algorithms use to create machine-learning models for automated predictive 

decision-making (Shankar, 2018).  

However, as an increasing amount of data is collected, consumers have become more skeptical 

about the source of these recommendations, leading to decreased trust and rejection (Fu et al., 

2020). The accuracy of the provided suggestions plays a crucial role in establishing trust with 

consumers (Song & Kim, 2022). Many companies use recommendation systems based on data 

collected from their customers. For example, the outdoor luxury apparel brand The North Face 

uses location and gender information to suggest the perfect jacket for purchase (Shankar, 2018). 

This kind of personalization leads to enhanced brand association and awareness, making 

customers feel more valued (Liang et al., 2011), a particularly critical aspect in the luxury 

fashion industry (Xu & Mehta, 2022). Innovative technologies in the retailing process have 

been shown to enhance the quality of the relationship between sellers and buyers, where 

consumers act as partners, contributing to the creation of better services and motivating retailers 

to respond to market changes (Kindström et al., 2013). This aligns with findings suggesting that 

consumers of luxury fashion expect the seamless integration of innovative technologies as a 

natural progression and enhancement of the brand (Sestino & Amatulli, 2023).  

Following the integration of computers into our daily lives, researchers have been interested in 

investigating the factors that influence the acceptance of new technologies. Davis et al. (1989) 

introduced the technology acceptance model, which suggests that consumers base their 

acceptance of information systems on the perceived usefulness and ease of use of innovative 

technology. Perceived usefulness is the extent to which an individual perceives that using a 

specific system will improve their performance while perceived ease of use refers to how easy 

it feels for an individual to use the system (Vu & Lim, 2022). The technology acceptance model 

has been widely used by researchers (Al-Qaysi et al., 2020), even in the fashion industry 

(Altarteer & Charissis, 2019), to evaluate customer acceptance rates of technology-related 

applications. Research has shown that higher perceived usefulness and greater perceived ease 

of use result in increased acceptance rates (Y. Liang et al., 2020). Building upon this model, 

Venkatesh et al. (2003) introduced the unified theory of acceptance and use of technology, 

explaining that technology usage is influenced by factors such as performance expectancy, 

effort expectancy, and social influence. New variables are still being added to this model, for 

example, later it was found that technology usage is moderated by age, gender, and 



voluntariness of use (Srite & Karahanna, 2006). As another example, hedonic motivation was 

added to this framework to explain the intention to use technology, with studies demonstrating 

its impact on behavioral intention (Alalwan et al., 2017). 

A framework proposed by Huang & Rust (2021) suggests that AI can provide various 

advantages in three categories of tasks and services: mechanical tasks in transaction services, 

thinking tasks in utilitarian services, and feeling tasks in hedonic services. Several studies have 

revealed that consumers prefer human product recommendations when motivated by hedonic 

goals, while they favor AI recommendations for utilitarian goals (Longoni & Cian, 2022). This 

preference stems from the assumption that individuals associate AI and utilitarian consumption 

with values like logic, rationality, or functionality, whereas they link hedonic consumption and 

human interaction to emotions, sensations, and experiences (Nozawa et al., 2022).  

Considering the potential role of trust in the acceptance of AI recommendations, research has 

shown that consumers, despite the accuracy of AI-based recommendations, tend to engage in a 

behavior known as algorithm aversion. This phenomenon describes the fact that, despite the 

performance of AI recommendations, consumers prefer to follow recommendations from other 

human beings compared to AI systems (Wien & Peluso, 2021). This is because humans mistrust 

algorithms in roles that involve emotions, subjectivity, and the consideration of individual 

uniqueness (Xie et al., 2022). This is highlighted by studies showing that trust plays a crucial 

role in customers’ purchase intentions and is a strong predictor of purchase intention (Kim & 

Peterson, 2017).  

Most studies examining AI acceptance in the luxury sector have been conducted within the 

domains of tourism, restaurants, or the hospitality industry (e.g., Ho et al., 2020). Nonetheless, 

there have been calls for new studies analyzing the impact of AI in other luxury and retail 

domains, such as luxury fashion (Gupta et al., 2023; Pantano et al., 2018). 

Previous research in luxury fashion primarily concentrated on robot advisers (Song & Kim, 

2022) or voice assistants (Y. Liang et al., 2020). However, the results indicate that consumers, 

on the whole, tend to evaluate services provided by AI more negatively, with this effect being 

more pronounced in luxury segments than in non-luxury ones, particularly when assessing the 

service and ambiance quality negatively (Nozawa et al., 2022).  

Concerning recommendations, past studies have shown that, for electronic devices such as 

laptops, headphones, and smartphones, consumers favor human recommenders over AI-based 



recommendations (Wien & Peluso, 2021). This also holds for medical recommendations 

(Promberger & Baron, 2006). In the retail sector, researchers found that personalized 

recommendations via an augmented reality shopping assistant application can elevate the 

shopping experience through enhanced interactivity, a feature highly valued by consumers of 

luxury fashion (Zimmermann et al., 2023). Additionally, it was revealed that consumers engage 

in AI aversion behavior when experiential products, such as wine or perfume, are recommended 

(Xie et al., 2022).  

Based on these findings, my first two hypotheses are as follows:  

H1: Individuals tend to be more willing to rely on human luxury fashion 

recommendations than on those generated by AI when making purchase decisions. 

H2: Individuals have lower trust in AI luxury fashion recommendations, leading to a 

preference for human recommendations over AI recommendations. 

2.3  Culture 

Culture is an intangible and abstract concept that broadly refers to a complex and diverse set of 

ideas, values, and beliefs shared by a group of people, distinguishing its members from others 

(Hofstede, 1984). It is essentially a pattern of thinking, feeling, and potential behavior 

developed over an individual’s lifetime, characterized by stability and resistance to change (Lu 

et al., 2018). In the existing cross-cultural research literature, different cultures are often 

compared using samples from various countries, implying that culture is equal to national 

culture based on geographical location (Taras et al., 2016). However, this is a somewhat 

oversimplified representation, as these patterns of thinking and potential behavior can vary 

significantly even within national borders (Nistor et al., 2014). 

Notably, there is evidence suggesting that the variance of culture within countries reduces the 

impact of theories based on national culture, leading to recommendations for a more unified 

consumer segmentation strategy that crosses international borders (Taras et al., 2016). The 

underlying assumption is that there are consumer segments globally that share common 

characteristics and preferences, irrespective of their geographical location (Hennigs et al., 

2012). Additionally, research suggested that culture is now dynamic and not restricted by 

national boundaries anymore, so a global consumer culture has emerged and increased cultural 

diversity among consumers, even within the same country or culture (Carpenter et al., 2012).  



Schwartz (1994) disagrees with the notion that cultures are based on shared values and the 

average of those across countries. Instead, he suggests that culture functions as a latent, 

normative system exerting pressure on individuals, thereby presenting culture as a more 

individual-level concept based on human values. He proposes four value orientations: 1) 

openness to change, which includes self-direction, stimulation, and hedonism; 2) self-

transcendence, which includes universalism and benevolence; 3) conservation, which includes 

conformity, security, and tradition; and 4) self-enhancement, which includes power and 

achievement.  

Although various models and concepts exist, Hofstede’s cultural dimensions model is the most 

widely used and credited model, with studies continuing to rely on it to this day, repeatedly 

extending and confirming his results (Lu et al., 2018).  

Hofstede (1984) collected data from over 50 countries worldwide, conducting his research 

within the multinational corporation IBM, and subsequently published the findings based on 

cultural dimensions. Derived from this research, he suggested various cultural dimensions, 

namely: 1) individualism / collectivism: the degree to which individual freedom and 

independence are valued compared to group harmony and interdependence, 2) power distance: 

the extent to which unequal distribution of power and authority is accepted and expected within 

a society, 3) masculinity / femininity: the degree to which traditionally masculine values such 

as assertiveness and competitiveness are emphasized in a culture compared to traditionally 

feminine values such as nurturing and cooperation, 4) uncertainty avoidance: the extent to 

which a society tolerates ambiguity and uncertainty, and 5) long-term / short-term orientation, 

which was added later. This last dimension reflects society’s focus on long-term goals, such as 

perseverance and thrift, compared to short-term gains (Minkov & Hofstede, 2012).  

On Hofstede’s dimensions, which use a 100-point scale, a high score (50 or above) in 

individualism emphasizes the importance of self-actualization and loyalty based on a preference 

for people as well as a sense of duty and responsibility. In contrast, a low score (below 50), 

makes a culture a collectivistic one, where individuals prefer belonging to a larger social 

framework. In terms of power distance, a low score shows a high level of decentralization, 

direct communication, and participation. In opposition, a high score in this dimension highlights 

the acceptance of hierarchical distance and the privilege of those in powerful positions. In terms 

of masculinity, a country with a high score is considered to have a culture with more masculine 

values, emphasizing the importance of achievement and success as well as a preference for 



showing status through symbols such as cars, watches, or technological devices. In contrast, a 

country with a low score is considered to have a more feminine culture emphasizing values 

such as consensus, well-being, equality, and solidarity over status symbols. Cultures with high 

levels of uncertainty avoidance put emphasis on rules, precision, punctuality, security, and hard 

work while cultures with low levels of uncertainty avoidance accept imperfections and take a 

more relaxed approach to adjusting plans and being more flexible with change. Lastly, 

concerning long-term orientation, a high score illustrates an ability to adapt to change and focus 

on perseverance to achieve results. In contrast, cultures with low scores have more respect for 

traditions, place less emphasis on saving for the future, and prioritize quick results.  

Research has continued to improve and expand Hofstede’s cultural dimensions. For example, 

the GLOBE culture study (House et al., 2004) takes into consideration the distinction between 

practices, which refer to how values are put into action within a society, and values, which refer 

to people’s perceptions of how these values should ideally be implemented in a society 

(Fleischmann et al., 2020).   

While criticisms exist regarding employing Hofstede’s cultural dimensions beyond country-

level studies and using country-level scores to forecast individual behavior (Straub et al., 2002), 

many researchers have used them at the individual-level. They argue that, at the individual-

level of analysis, culture can be seen as an individual difference variable, making it suitable and 

meaningful for analysis (Srite & Karahanna, 2006). In this thesis’ study, Hofstede’s cultural 

dimensions were used at the country-level. This generalist approach was chosen for its 

efficiency, as participants only need to specify their country of origin rather than responding to 

multiple questions to assess an individual-level cultural dimensions scale.  

In summary, the Hofstede country comparison reveals cultural differences which can 

significantly influence various aspects of business and social interactions (Kirkman et al., 2006) 

and I turn to its potential effect on luxury consumption next.  

2.4  Culture and Luxury 

Different cultures have different consumption patterns based on the purpose of their purchase, 

even when buying from the same brand or the same product (Shukla & Purani, 2012). This 

variance is due to differing perceptions of luxury’s usability, distinctiveness, and social value 

shaped by consumers’ cultural backgrounds (Stathopoulou & Balabanis, 2019). Notably, in 



emerging markets, local culture significantly influences consumer behavior compared to 

developed markets (Rehman, 2022).  

Research has shown that individuals from collectivist cultures often view luxury goods as a 

means of seeking prestige, which, in turn, serves to justify higher prices (Aliyev & Wagner, 

2018). They tend to associate the willingness to invest more with the overall value of luxury 

brands. In contrast, individualists prioritize personal goals and aim to remain uninfluenced by 

group opinions when evaluating luxury purchases (Shukla & Purani, 2012).  

Based on these insights, the following hypothesis is proposed:  

H3: Overall, individuals from collectivist countries are more likely to purchase the 

luxury product compared to individuals from individualistic countries. 

Individualism is also associated with self-gratification, with individuals prioritizing personal 

achievements, material possessions, and success (Minkov & Hofstede, 2012). This connection 

highlights the significance of hedonism in influencing luxury purchase intentions among 

individualists (Aliyev & Wagner, 2018). This leads to the following hypothesis:  

H4: Individuals from individualistic countries more often report being motivated to buy 

luxury products for hedonic reasons than individuals from collectivist countries. 

Other research has found that consumers from countries with low power distance tend to place 

less importance on status considerations. In contrast, those from high power distance countries 

prefer engaging in status-oriented consumption, especially when others’ social status is higher 

(Aleem et al., 2022). Individuals from cultures with higher power distance are also more 

inclined to purchase status-oriented brands in comparison to those from cultures with lower 

power distance (Y. Kim & Zhang, 2014). This is because high-power distance consumers 

consider societal power imbalances to be normal, viewing luxury brand consumption as a 

method to enhance their social status (Eastman et al., 2018). From this, I derive the following 

hypotheses:  

H5: Overall, individuals from high power distance countries are more likely to purchase 

the luxury product than individuals from low power distance countries. 

H6: While individuals from countries with low power distance more often report being 

motivated to buy luxury products for utilitarian reasons, individuals from countries with 



high power distance more often report being motivated to buy luxury products for 

hedonic reasons. 

In cultures characterized as masculine, driven by achievement, competition, and success, 

displaying designer brand labels serves as a visual demonstration of accomplishments and 

influence (Rehman, 2022). Therefore, I suggest the following hypothesis:  

H7: Individuals from masculine countries more often report being motivated to buy 

luxury products for hedonic reasons than individuals from feminine countries.  

Because luxury products tend to ensure rigorous testing and trials, high uncertainty avoidance 

should lead individuals to purchase more luxury products (Rehman, 2022). This leads to the 

hypothesis:  

H8: Individuals from countries with high uncertainty avoidance purchase luxury 

products more frequently than individuals from countries with low uncertainty 

avoidance.  

While contemporary society is often characterized by impatience and a desire for immediate 

satisfaction, resulting in a preference for short-term luxury fashion purchases over fulfilling 

long-term status needs (Rehman, 2022), it is essential to understand the relationship between 

cultural perspectives on time and luxury consumption. Thus, I hypothesize: 

H9: Individuals from cultures that prioritize long-term perspectives tend to make luxury 

purchases less frequently than individuals from cultures prioritizing short-term 

perspectives. 

2.5  Impact of Culture on AI Acceptance  

Research on technology acceptance in different cultures has seen a significant increase (Vu & 

Lim, 2022). However, most of the studies were conducted several years ago and focused on the 

acceptance of technologies such as email, chatbots, or forums (Nistor et al., 2014), instead of 

today’s trends such as AI product recommendations. Nonetheless, these studies have shown 

significant differences in the acceptance rates of various technologies, specifically in user 

preferences and behaviors (e.g., Baptista & Oliveira, 2015). Several recent studies aim to 

investigate the potential impact of Hofstede’s cultural values on technology acceptance (F. 

Huang et al., 2021; Metallo et al., 2022), thereby expanding the unified theory of acceptance 



and use of technology with various cultural dimensions. There is a consensus that culture 

influences the acceptance of technological systems and, therefore, it should be considered as a 

moderator when evaluating technological acceptance in different sectors (Park et al., 2007). 

Studies investigating how culture affects the acceptance and usage of technology have 

identified that individuals from individualistic cultures tend to have more positive expectations 

regarding technology performance (Fleischmann et al., 2020). This aligns with the finding that 

individuals from collectivist countries place more emphasis on human relationships and are 

thus more skeptical of innovative technologies that may disrupt group dynamics (Nistor et al., 

2014). They are afraid that technology’s capabilities to detect behavior and emotions could 

affect their relationships with team members and therefore fear losing control of how to present 

themselves to their teammates. From this, I derive the following hypothesis:  

H10: Individuals from cultures with high collectivism have lower trust in AI 

recommendations than individuals from cultures with low collectivism.  

It has been shown that in cultures that score high in masculinity, individuals have higher 

performance expectations for technological devices (Nistor et al., 2014). This becomes 

particularly interesting when considering the context of product recommendations since 

individuals from cultures with elevated masculinity levels tend to value achievement, 

competition, and success (Hofstede, 1984). Therefore, those individuals might place more 

importance on performance, efficiency, and logic when making choices related to technology. 

Because this leads to a more analytical and data-driven approach, and AI-generated 

recommendations align more closely with the values of consistency and reliability, I 

hypothesize:  

H11: Individuals from cultures with high masculinity levels have higher trust and prefer 

AI recommendations over human recommendations than individuals from cultures with 

low masculinity. 

Additionally, cultures with high scores in uncertainty avoidance typically value structure and 

order, which they can reinforce through the use of technology (Baptista & Oliveira, 2015). They 

are prone to dedicate effort to understanding and mastering a particular technology to mitigate 

uncertainty, especially when dealing with unfamiliar technologies. Studies in this field have 

shown that investing in the acquisition of technology-related skills can significantly reduce the 

feelings of uncertainty associated with unfamiliar tools (Fleischmann et al., 2020). 



Consequently, it is normal for individuals in these uncertain situations to ask for help or advice 

and be influenced by others (Venkatesh & Zhang, 2010). Based on these findings, I propose the 

following hypotheses: 

H12: Individuals from countries with high uncertainty avoidance place greater trust in 

AI recommendations than individuals from countries with low uncertainty avoidance. 

Researchers have shown that the dimension of future orientation has a strong moderating effect 

on technological acceptance (Baptista & Oliveira, 2015). Cultures that prioritize a long-term, 

future-oriented perspective tend to emphasize long-term goals and outcomes over immediate, 

short-term gains, which makes them develop a strong belief in the transformative potential of 

technological advancement (Fleischmann et al., 2020). Those with a long-term perspective 

might expect the benefits of technology to positively enhance performance, whereas cultures 

with a short-term future orientation may be more cautious or skeptical towards technological 

adoption (Fleischmann et al., 2020). Based on these results, I hypothesize: 

H13: Individuals from long-term-oriented cultures are more likely to trust AI-generated 

recommendations than individuals from short-term-oriented cultures. 

3. Methodology  

This thesis’ study aimed to investigate how cultural factors influence individuals’ preference 

for receiving product recommendations either from AI or from humans within the luxury 

fashion industry. To achieve this, I conducted an experimental study because this is a suitable 

method for examining causality in theoretical scenarios (Malhotra et al., 2017). Researchers 

often face a balancing act between prioritizing internal validity and control on one hand and 

external validity and realism, on the other, when creating experiments (Slack & Draugalis, 

2001). Therefore, in the current study, I chose a controlled design, emphasizing high internal 

validity. Simultaneously, I intended to include realistic real-life scenarios to provide a robust 

level of external validity.  

Considering that studies of technology acceptance in the past have mostly been conducted using 

survey research (Venkatesh et al., 2003), a quantitative online survey was designed and hosted 

on the widely recognized data collection platform Qualtrics. To ensure the survey’s relevance 

to the cultural research context, participants had to provide their country of origin. The survey 



was presented in English to create semantic equivalence across both groups, and it was designed 

to be concise, taking approximately 10 minutes to complete. 

3.1  Participants 

The minimum required sample size to detect a difference in recommender types was set at 128 

participants (power = 80%, α = .05, d = .05, two-tailed; Faul et al., 2007), and I selected 

participants through personal network connections. Data collection took place online from 

October 25th to November 13th. A total of 227 surveys were initiated; however, 38 of those were 

not complete. Furthermore, 48 surveys were excluded because participants failed the attention 

check, with 4 of those also failing the manipulation check, and 6 more were excluded because 

participants did not answer the attention check. This resulted in a valid sample of 135 

participants (38% male, 62% female, 1% prefer not to say). The age range of the participants 

in the survey was 18 to 84 years (M = 33.46, SD = 13.08), with most respondents holding either 

a Bachelor’s or Master’s degree (N = 91). Employment status varied, with 75 participants being 

employed and 46 being students at the time of the survey. Most participants held European 

nationality (N = 120), including 93 participants from Germany and 14 from Portugal. The 

remaining participants were from Latin American or Middle Eastern countries. On average, 

participants rated their subjective social standing as 7 out of 10 (SD = 1.32), ranging from 3 to 

10. For more details on the sample statistics, see Appendix 1.  

3.2  Materials and Procedure  

At the beginning of the study, the nationality of participants was asked so that, later, Hofstede’s 

country comparison tool could be used to input the cultural dimension values, a recognized and 

reliable measure for cultural assessment in research (Rehman, 2022). Based on the country of 

origin, Hofstede’s country comparison tool generates scores for the five cultural dimensions of 

individualism, power distance, uncertainty avoidance, masculinity, and long-term orientation. 

I used the obtained scores to categorize participants into two cultural groups per dimension, 

differentiating between lower scores (0 to 50) and higher scores (51 to 100).  

After providing their country of origin, participants were asked, either at the beginning or at the 

end of the study, about their frequency of purchasing luxury products based on a seven-point 

Likert scale (1 = not at all, 7 = very often) proposed by Xu & Mehta (2022) and their general 

luxury purchase intentions based on a mix of items by Jain & Mishra (2018), Smith & Colgate 

(2007), and Bian & Forsythe (2012). These items were mixed to accurately represent the 



purchase intentions associated with values. An example item read: “Purchasing luxury goods 

indicates a symbol of wealth.” (1 = Strongly disagree, 7 = Strongly agree). As a control variable, 

participants were asked to express their general preference regarding AI-based product 

recommendations compared to human product recommendations with a five-point Likert scale 

adapted from research conducted by Longoni & Cian (2022) (1 = Definitely AI, 3 = Indifferent 

between the two, 7 = Definitely human). These variables were included since previous research 

showed that, for hedonic products (which include luxury), individuals prefer human 

recommendation over AI-based recommendation (Wien & Peluso, 2021). 

Then, participants were asked to answer demographic questions, indicating their gender, age, 

level of education, and current employment status. They were also asked about their perceived 

social standing measured based on an adapted measure of the MacArthur scale of subjective 

social status (Adler et al., 2000). In the survey, the image of the ladder was not shown. Instead, 

participants were asked to imagine a ladder with 10 steps and decide their standing between 

zero and 10 on a slider.  

Following this initial inquiry, participants were presented with a shopping scenario where they 

got a product recommendation for a luxury cashmere sweater. This scenario was randomly 

assigned within a two-group experiment, which manipulated the source of recommendation 

(AI-based vs. human-based). Participants were informed that they were in the market for a new 

luxury cashmere sweater and that they were entering a physical store or accessing an online 

website, depending on the experimental condition. After being presented with an image of the 

sweater, participants were asked to rate their level of liking for the product on a seven-point 

Likert scale (1 = Dislike a great deal, 7 = Like a great deal). This assessment aimed to ensure 

that the product was at least within the interest of most participants. 

In response to the scenario, participants were then asked to indicate whether they would 

consider making a purchase and their willingness to buy the sweater, measured on two items 

adapted from Dodds et al. (1991). They were asked to indicate their agreement of whether they 

would consider purchasing the product on a five-point Likert scale (1 = Strongly disagree, 5 = 

Strongly agree) and how likely they were to purchase the sweater based on the recommendation 

on a five-point Likert scale (1 = Extremely unlikely, 5 = Extremely likely). Afterward, 

participants answered whether an algorithm or a human provided the recommendation as a 

manipulation check.  



Trust in the recommendation was assessed using a mix of items adapted by Song & Kim (2022) 

and Hoffman et al. (2018), which included factors related to trustworthiness, reliability, and 

overall trust in decisions generated by the recommender and trust in the product 

recommendation measured using a five-point Likert scale. A mix of items was also used to 

reflect both the trust in the source of the recommendation and trust in the product 

recommendation itself, that is, in the output. An example item read: “I believe this 

recommendation is trustworthy” (1 = Strongly disagree, 5 = Strongly agree). Participants were 

also asked about the accuracy of product recommendations in general based on a measure 

proposed by Herlocker et al. (2004), also measured using a five-point Likert scale (1 = Not 

accurate at all, 5 = Extremely accurate). Then they were asked to indicate the frequency with 

which they followed product recommendations either generated by an AI or given by humans 

measured on a five-point Likert scale (1 = Never, 5 = Always) and, finally, their level of 

satisfaction with the last product recommendation they followed (see Appendix 2 for the full 

survey). 

4. Results  

4.1  Scale Reliability  

The variables for purchase intention, likelihood of purchasing a recommended product, trust, 

and satisfaction were measured with multi-item scales. Although these scales have already been 

employed in prior studies, a scale reliability analysis was done to evaluate reliability in the 

current sample. For this, the commonly used method for assessing internal consistency was 

used, Cronbach’s a (Malhotra et al., 2017). The analysis showed a = .79 for purchase intention, 

a = .90 for the likelihood of purchasing a recommended product, a = .86 for trust in human 

salespeople, a = .88 for trust in AI-generated product recommendations, a = .73 for satisfaction 

with human product recommendations, and a = .80 for satisfaction with AI-generated product 

recommendations. As reliabilities were all above .70 (Vale et al., 1997), the scales were 

considered to have acceptable reliability and, therefore, the items were aggregated by 

calculating the mean.  

4.2  Descriptive and Bivariate Analyses  

Now follows the statistical analysis of the key control variables and independent variables.  



Most participants (56%) purchased luxury fashion goods rarely or less often (for all frequencies, 

see Appendix 3). Table 1 displays descriptive information on participants’ purchase intentions. 

The answers show that participants agreed particularly strongly with statements related to 

hedonism and social aspects.  

Table 1 

Mean and Standard Deviation of Participants’ Purchase Intentions 

Purchase Intention M SD 

Makes me feel acceptable in my circle. 2.52 1.37 

Indicates a symbol of wealth. 3.29 1.24 

Increases my social status. 2.42 1.37 

Increases my happiness. 3.03 1.32 

 

The most frequently chosen purchase motivation was the functionality, usefulness, and high 

quality of luxury products (55%), followed by liking the brand (48%), and personal fulfillment 

and self-expression (37%) – for all frequencies, see Appendix 4.  

When evaluating the cashmere sweater, the majority of participants stated they somewhat liked 

the product or liked it a great deal (57%). This is close to the percentage of participants who 

claimed that they would agree somewhat to consider purchasing the product (51%) and who 

would purchase it based on the recommendation (44%). Appendix 5 shows more detailed 

results. 

Table 2 displays a comparison of the levels of trust, accuracy, and reliance on human vs. AI-

generated recommendations.  



Table 2 

Mean and Standard Deviation of Participants’ Levels of Trust, Accuracy and Reliance 

Variable M SD 

Trust Human Recommendation 3.49 0.94 

Trust AI Recommendation 3.18 1.07 

Trust Human Decision 3.31 1 

Trust AI Decision 2.93 1.01 

Accuracy Human Recommendation 3.13 0.75 

Accuracy AI Recommendation 2.88 0.91 

Reliance Human Recommendation 3.56 1.04 

Reliance AI Recommendation 2.93 1.15 

 

While 71.6% of participants never followed AI-generated product recommendations (M = 2.15, 

SD = 0.88) or only sometimes, 58.8% of participants followed human product recommendations 

about half of the time, most of the time, or always (M = 2.87, SD = 1.02). 

When rating how satisfied participants were with the last product recommendation they 

followed, 52.9% were somewhat satisfied when following human recommendations (M = 4.15, 

SD = 0.98) while this was only the case for 33.3% of those who followed AI-based product 

recommendations (M = 4.03, SD = 1.39). 

Overall, the majority of participants indicated a preference for humans as a source of product 

recommendation over AI (M = 3.62, SD = 1.08) as can be seen in Table 3.  



Table 3 

Participants’ Preference for Source of Product Recommendation  

Source of Recommendation N 

Definitely AI 4 

Most likely AI 20 

Indifferent between the two 29 

Most likely human 52 

Definitely human 30 

 

Concerning the five cultural dimensions, there were 13 participants from more collectivist 

countries and 122 participants from more individualistic countries. Regarding power distance, 

104 participants were from countries with low power distance, while 31 were from countries 

with cultures considered to have high power distance. In terms of femininity, 32 participants 

were from cultures with more feminine values, while 103 individuals were from countries that 

put more importance on masculine values. Concerning long-term orientation, 35 participants 

came from countries that focus more on short-term goals, while 99 participants were from 

countries emphasizing long-term goals. Only two individuals were from countries with low 

uncertainty avoidance, while the remaining 133 were from cultures with high uncertainty 

avoidance levels. 

A correlation matrix including all variables supporting the findings described above can be 

found in Appendix 6. 

4.3  Hypotheses Testing  

To test the hypotheses, different statistical tests were used in SPSS.  

4.3.1 Hypothesis on Recommendation Reliance 

To test H1, a one-way analysis of variance (ANOVA) was performed comparing the two types 

of recommenders on the dependent variable: recommendation reliance (for the complete 



analysis, see Appendix 7). The results showed that there was a significant difference between 

the two types of recommenders, F(1, 134) = 11.30, p = .001, with reliance on human product 

recommendation (M = 3.56, SD = 1.04) leading to higher reliance on the product 

recommendation compared to reliance on AI product recommendation (M = 2.93, SD = 1.15). 

To show that H1 was robust to control variables and cultural dimensions, an analysis of 

covariance (ANCOVA) was performed. This analysis showed that there was still a significant 

difference between the two types of recommenders, F(1, 134) = 6.61, p = .001, with a higher 

reliance on human product recommendation (M = 3.52, SD = 1.09) than for AI recommendation 

(M = 2.96, SD = 1.13) whilst holding the control variables individualism, subjective social 

standing, current employment status, frequency of luxury purchases, and satisfaction with last 

luxury product recommendation constant. As such, H1 was supported. Of the control variables, 

the ones that were significant were subjective social standing (b = 0.15), current employment 

status (b = 0.17), and satisfaction with the last luxury product recommendation (b = 0.24).  

4.3.2 Hypotheses on Trust 

The hypotheses on trust were tested separately because of the strong inter-correlations among 

the cultural dimensions, as seen by relationships such as power distance and individualism (r = 

-.50), femininity and power distance (r = -.90), and femininity and long-term orientation (r = -

.84). However, there were also dimensions with low correlations such as individualism and 

femininity (r = .47). To provide a more nuanced understanding of how each cultural dimension 

contributed to trust, I conducted an initial ANOVA to examine the influence of the 

recommender type, followed by separate analyses. 

The ANOVA was performed comparing the two types of recommenders on the dependent 

variable trust (for the complete analysis, see Appendix 8). The results showed that there was no 

significant difference between the two types of recommenders, F(1, 135) = 3.43, p = .066, with 

reliance on human product recommendation (M = 3.34, SD = 0.81) leading to higher reliance 

on the product recommendation compared to reliance on AI product recommendation (M = 

3.12, SD = 0.88). 

To test H2, an independent samples t-test was performed (for the complete results, see 

Appendix 9). The results indicated that there was a significant difference in participants’ level 

of trust in humans versus AI depending on the condition between participants who received the 

product recommendation from a human (M = 3.39, SD = 0.81) and from an AI (M = 3.12, SD 

= 0.88), t(135) = 1.85, p = .033. As such, H2 was supported. 



The cultural dimension variables individualism, femininity, short-term orientation, and power 

distance were treated as dichotomous variables based on the scores obtained from the Hofstede 

Country Comparison Tool. A score of 0 represented level values ranging from 0 to 50, while a 

score of 1 represented level values ranging from 51 to 100.  

To test H10, an independent samples t-test was performed as well (for the complete results, see 

Appendix 10). The results indicated that participants from collectivist cultures (M = 2.58, SD = 

0.91) had significantly lower levels of trust in AI recommendations than participants from 

individualistic cultures (M = 3.32, SD = 0.82), t(133) = 3.09, p = .001. Thus, H10 was supported.  

The same procedure was used to test H11 (for the complete results, see Appendix 11). The 

results indicated that there was no significant difference between the level of trust of 

participants from more feminine cultures (M = 3.11, SD = 1.04) and participants from more 

masculine cultures (M = 3.30, SD = 0.79), t(133) = 1.08, p = .141. As such, H11 was not 

supported.  

This was repeated to test H13 (for the complete results, see Appendix 12). The results indicated 

that there was no significant difference between the level of trust of participants from short-

term-oriented cultures (M = 3.10, SD = 1.09) and long-term-oriented cultures (M = 3.30, SD = 

0.76), t(132) = 1.18, p = .121. Therefore, H13 was not supported either.  

4.3.3 Hypotheses on Luxury Item Purchase Intention 

To test H3, an ANOVA was conducted (for the complete analysis, see Appendix 13). The 

analysis showed that there was no significant difference between collectivist (M = 2.65, SD = 

1.34) and individualistic (M = 3.11, SD = 1.08) cultures concerning their purchasing likelihood 

of the luxury product, F(1, 133) = 2.00, p = .160. To show that this null finding was not due to 

differences in other variables, an ANCOVA was performed. This analysis showed that there 

was still no significant difference between participants from collectivist versus individualistic 

cultures with a lower purchasing likelihood for participants from collectivist cultures (M = 2.65, 

SD = 1.34) than from individualistic ones (M = 3.10, SD = 1.08), even when controlling for 

power distance, femininity, short-term orientation, and gender, F(1, 134) = 1.10, p = .297. As 

such, H3 was not supported. From the control variables, only the variable gender was significant 

(b = 0.36).  

Another ANOVA was performed to test H5 (for the complete analysis, see Appendix 14). The 

analysis showed that there was no significant difference between the level of power distance in 



a culture concerning purchasing likelihood, F(1, 134) = 0.01, p = .937, with individuals from 

low power distance cultures having almost the same purchasing likelihood (M = 3.06, SD = 

1.08) as individuals from high power distance countries (M = 3.08, SD = 1.24). To show that 

this hypothesis was robust to control variables, an ANCOVA was performed adding the control 

variables individualism, femininity, and short-term orientation. This analysis showed that there 

was still no significant difference between cultures with high versus low power distance, F(1, 

134) = 0.85, p = .498), whilst holding the control variables individualism, femininity, and short-

term orientation constant where participants from cultures with low power distance showed a 

minimal difference in their average purchasing likelihood (M = 3.05, SD = 1.08) than 

participants from cultures with high power distance (M = 3.08, SD = 1.24). As such, H5 was 

not supported.  

4.3.4 Hypotheses on Reasons for Luxury Purchase 

To test H4, a χ2 test of independence was performed to assess the relation between individualism 

and the preference for hedonic reasons for purchasing luxury products (for the complete 

numbers, see Appendix 15). The analysis revealed a non-significant relationship, χ2 (1, N = 

135) = 0.01, p = .911, indicating that collectivists did not consider hedonic reasons significantly 

more important when making a luxury product purchase than individualists. Specifically, 

38.46% of collectivists preferred hedonic purchase motivation, while 36.88% of individualists 

had a similar preference. As such, H4 was not supported.  

To test H6a, a χ2 test of independence was performed to assess the relation between power 

distance and the preference for utilitarian reasons for purchasing luxury products (for the 

complete numbers, see Appendix 16). The analysis revealed a non-significant relationship, χ2 

(1, N = 135) = 0.17, p = .679, indicating that individuals from low power distance countries did 

not consider utilitarian reasons significantly more important when making a luxury product 

purchase than those from high power distance countries. Specifically, 53.84% of participants 

from low power distance countries preferred utilitarian purchase motivation, while 58.06% of 

participants from high power distance countries had a similar preference. As such, H6a was not 

supported.  

To test H6b, the χ2 test of independence revealed a non-significant relationship, χ2 (1, N = 135) 

= 0.39, p = .530, indicating that individuals from high power distance countries did not differ 

significantly from those in low power distance countries in their preference for hedonic reasons 

when making luxury purchases (for the complete numbers, see Appendix 17). Specifically, 



38.46% of participants from low power distance preferred hedonic purchase motivations, while 

32.28% of participants from high power distance countries had a similar preference. As such, 

H6b was not supported.  

Another χ2 test was performed to test H7. The analysis revealed a non-significant relationship, 

χ2 (1, N = 135) = 0.60, p = .438, indicating that individuals from more masculine cultures did 

not differ significantly from those from more feminine cultures in their preference for hedonic 

reasons when making luxury purchases (for the complete numbers, see Appendix 18). In this 

case, 31.25% of participants from more feminine cultures preferred hedonic luxury purchase 

motivations, while this was the case for 38.83% of participants from more masculine cultures. 

Thus, H7 was not supported.  

4.3.5 Hypotheses on Frequency of Luxury Purchase 

Finally, an ANOVA was conducted to test H9 (for the complete analysis, see Appendix 19) and 

to measure the effect of the level of short-term or long-term orientation on the variable purchase 

frequency. The analysis showed that there was no significant difference between short-term (M 

= 3.17, SD = 1.67) and long-term (M = 2.68, SD = 1.27) oriented cultures concerning their 

frequency of purchasing luxury products, F(1, 133) = 3.31, p = .071, although participants from 

cultures that prioritize short-term orientation had a higher purchase frequency of luxury 

purchases on average. To show that these results were robust to control variables, an ANCOVA 

was performed. This analysis showed that there was still no significant difference between 

participants from short-term (M = 3.24, SD = 1.65) versus long-term (M = 2.68, SD = 1.27) 

oriented cultures, F(1, 134) = 0.69, p = .407, whilst holding the control variable purchase 

intention constant. As such, H9 was not supported. The control variable purchase intention was 

significant (b= 0.64).  

Unfortunately, H8 and H12 could not be tested because there were too few participants in the 

category of cultures with low levels of uncertainty avoidance. 

5. Discussion  

AI-based solutions have gained prominence in the retail industry due to their versatility and 

efficiency. Particularly, AI-generated product recommendations have become integral in 

decision-making for luxury product purchases, motivating this research. To better understand 

the differences in reliance and trust regarding the choice to follow AI-based or human-based 



product recommendations, an experimental study was conducted, testing 11 hypotheses, with 9 

focused on analyzing the impact of culture on product recommendation acceptance. This 

section delves into a detailed discussion of the results and derives practical and theoretical 

implications.  

5.1  Research Findings  

The analysis of the survey data unveiled a significant difference in recommendation acceptance 

among participants from different cultural backgrounds. In the survey, participants were 

presented with a scenario featuring a product recommendation from either an AI or a human. 

Subsequently, participants shared insights on trust, reliance, and willingness to purchase a 

luxury cashmere sweater based on these recommendations.  

The results supported H1, aligning with existing literature emphasizing consumers’ greater 

inclination to rely on human-generated product recommendations rather than AI. This 

agreement underscores the influential role of human-generated recommendations in shaping 

consumer behavior in the luxury fashion industry. It supports literature on luxury consumption 

motivations, emphasizing the significance of human influence in luxury consumption decisions 

(Wang, 2022). Additionally, it echoes the theory of algorithm aversion presented in the 

literature review, contributing to discussions on skepticism surrounding AI adoption in products 

fulfilling hedonic purposes (Wien & Peluso, 2021). The examination of survey responses also 

revealed a significant pattern in trust levels among participants when evaluating AI-generated 

versus human-generated luxury fashion recommendations, thus supporting H2. This highlights 

the preference for consumers to trust humans more than AI, despite the potential accuracy of 

AI recommendations (Song & Kim, 2022).  

Concerning the impact of culture on recommendation acceptance, participants from collectivist 

cultures indeed exhibited lower trust in AI recommendations compared to those from 

individualistic cultures, as evidenced by the data. This finding aligned with H10 and literature 

suggesting that interpersonal relationships and human interactions are essential for collectivist 

cultures due to their fear of technologies interfering in relationships. (Nistor et al., 2014).  

It has been shown that in cultures that score high in masculinity, individuals have higher 

performance expectations for technological devices (Nistor et al., 2014) while individuals from 

cultures that focus on long-term goals believe more strongly in the transformative potential of 

technological development (Fleischmann et al., 2020). However, there was no significant 



evidence for individuals from cultures with high levels of masculinity or long-term orientation 

to trust AI-generated recommendations more than human-generated product recommendations 

in this study. Therefore, H11 and H13 were not supported. This might be due to an unequal 

distribution of participants in the cultural dimensions. Another possible explanation could be 

that other moderating variables influence the level of trust more, for example, the level of 

individualism in a culture, as shown above.  

While not supporting a significant direct link between individualism and purchasing likelihood 

(therefore not supporting H3), the result contributed to a broader understanding of the 

complexity of cultural influences on consumer behavior, emphasizing that cultural effects are 

multifaceted in the luxury sector. The analysis of survey data did not reveal a significant 

relationship between power distance and the likelihood of luxury product purchase. Participants 

from high power distance cultures did not demonstrate a stronger inclination to purchase the 

luxury cashmere sweater, thus not supporting H5. This challenges existing literature 

emphasizing the association between the acquisition of luxury products and the enhancement 

of social status (Aleem et al., 2022). However, this result could be interpreted as an argument 

showing that societal values and the perception of luxury are changing, agreeing with literature 

that suggests a global consumer culture with cultural diversity among individual consumers, 

going beyond geographical borders (Carpenter et al., 2012).  

The same applies to the results of H4, which showed no significant difference in the role of 

hedonism in luxury purchase motivations among individualists and collectivists. Also, the 

results did not reveal a significant difference in luxury purchase motivations based on power 

distance. Participants from high power distance cultures did not demonstrate an increased 

likelihood to engage in luxury consumption for hedonic reasons compared to participants from 

low power distance cultures, thus H6 was not supported. This challenges literature stating that 

high power distance consumers place more importance on status-oriented brands than those 

from cultures with lower power distance (Y. Kim & Zhang, 2014). There might be many 

different reasons explaining the relationship between purchase motivation and cultural factors 

and this study did not focus on a specific brand. While providing a potential explanation for the 

non-significance, as the impact of other factors is unknown, the interpretation of this result 

becomes hard. The data also did not reveal a significant association between high cultural 

masculinity and an increased purchasing motivation to buy luxury goods for hedonic reasons, 

thus not supporting H7 and being inconsistent with literature emphasizing the importance of 

rivalry and displaying symbols of success in masculine cultures (Rehman, 2022). This might 



again be proof of the homogenization in luxury consumption preferences, showing that 

consumers of different cultures now share more common characteristics and preferences 

(Hennigs et al., 2012). 

The data did not provide significant evidence to support H9, as there was no significant 

difference in the frequency of luxury purchases between individuals from cultures prioritizing 

long-term perspectives and those prioritizing short-term perspectives. However, in this case, 

the tendency aligns with H9, underlining the inclination of individuals from long-term focused 

cultures to purchase luxury products less frequently (Rehman, 2022).  

H8 and H12 could not be tested because of too few participants in the category of low 

uncertainty avoidance. 

Further reasons explaining these results are limitations, which are presented in Chapter 5.3. 

5.2  Academic and Managerial Implications 

The evolving landscape of AI-based solutions in the retail industry, specifically focusing on 

product recommendations for luxury items, illustrates the increasing importance of the topic. 

However, there has been a lack of research focusing on the influence of culture on AI versus 

human recommendation acceptance. Building on research gaps and previous literature, the 

connection between culture and AI versus human recommendation acceptance was analyzed in 

more detail, offering theoretical and managerial implications that shed light on consumer 

behavior in the luxury fashion industry and providing insights for real-world applications.  

The study offers theoretical contributions to the field of algorithm aversion within the luxury 

fashion industry. While existing research shows that people prefer human recommendations to 

AI recommendations in other luxury markets because they link these sorts of purchases to 

emotions and individual uniqueness (Xie et al., 2022), there is a research gap specifically 

exploring algorithm aversion within the luxury fashion industry. This thesis’ study fills this gap 

by demonstrating individuals’ preference for human product recommendation over AI in the 

luxury fashion industry.  

The thesis also explores the influence of cultural dimensions on trust in recommendations and 

adds to the consensus that culture plays a role in shaping the acceptance of technological 

systems (Park et al., 2007). Notably, the findings reveal that participants from collectivist 

cultures exhibit lower trust in AI recommendations compared to their individualistic 



counterparts. This observation aligns with prior research stating that individuals from 

collectivist cultures are influenced by their peers’ opinions and therefore trust AI-generated 

recommendations less (Shukla & Purani, 2012). Moreover, the study has shown that contrary 

to expectations, individuals from low power distance cultures did not purchase luxury products 

predominantly for utilitarian reasons. This challenges existing literature and prompts further 

investigation to explore alternative influences on luxury purchase intentions to gain a more 

comprehensive understanding of consumer behavior in these contexts. 

Beyond theoretical implications, the study provides valuable insights for real-life managerial 

applications in the retail and luxury industries. Organizations seeking to integrate AI-based 

systems for product recommendations can leverage the findings to guide successful 

implementations. Understanding that individuals overall are more likely to trust humans than 

AI, managers can encourage the adoption of AI-based decision-making in specific cultures such 

as highly individualistic ones. Managers should also consider implementing a nuanced 

approach to implementing AI-driven solutions to address the different purchase motivations 

(hedonic and utilitarian) of different consumer groups. The research identifies key factors 

influencing participants’ decisions in accepting AI advice, offering concrete suggestions for 

organizations. Ensuring users’ trust in AI-based systems is crucial, emphasizing the importance 

of maintaining low error rates and transparent processes. This will ultimately lead to reduced 

concerns about bias and greater acceptance among users (Bonaccio & Dalal, 2006). Although 

participants expressed a preference for human-generated recommendations, adopting more 

collaborative approaches that recognize the strengths of both human and AI sources can address 

concerns about the perceived lack of emotions and feelings in AI, particularly in domains driven 

by subjective considerations (Xie et al., 2022).  

Overall, this research contributes valuable insights offering practical implications for academics 

and managers to navigate the integration of AI in the luxury retail industry. By combining 

theoretical advancements with actionable recommendations, this study can help both scholars 

and industry practitioners leverage the potential of AI-based solutions.  



5.3  Limitations and Future Research 

While this study provides valuable insights into cultural dimensions influencing individuals’ 

preferences and acceptancy for AI or human-generated product recommendations in the luxury 

fashion industry, it is important to acknowledge and address certain limitations that may impact 

the generalizability and robustness of the findings.  

Concerning the sample, there are several limitations raising concerns about the generalizability 

of findings to broader populations. The sample size, although meeting the required minimum 

for analyzing differences in recommender types, is relatively small and participants were 

predominantly from European countries, with a focus on Germany and Portugal. Therefore, the 

participants were not evenly distributed across all cultural dimensions because European 

cultures tend to have more similarities than comparisons of other cultures. Specifically, this 

created a challenge in getting enough variation in some cultural dimensions. The limitation in 

cultural diversity is attributed to the non-probability sampling technique in this case. 

Additionally, it is essential to note the difficulties encountered in recruiting non-German 

participants within a limited timeframe. Therefore, future studies should aim for a larger and 

more balanced cultural representation to enhance the generalizability of the findings. 

While Hofstede’s country comparison tool is a recognized and reliable measure, it does not 

capture culture at the individual level. Future researchers could explore the influence of 

additional cultural dimensions such as indulgence or restraint or use a different technique to 

assess cultural belonging such as specific cultural clusters or individual-level measurements to 

achieve a more nuanced understanding of cultural influences on AI acceptance.  

The decision-making setup which relied on participants to imagine their reactions in a 

hypothetical scenario and a different purchase location, introduces potential biases. Participants 

may find it more challenging to imagine being in a physical store leading to inconsistencies 

between imagined and actual purchase behavior. Therefore, future studies should opt for real-

world settings in authentic retail environments such as physical stores and online platforms, 

perhaps partnering with retail brands, to observe participants’ reactions in authentic decision-

making situations with real purchasing incentives. This could also mitigate the limitation of not 

all participants genuinely liking the luxury cashmere sweater presented in the scenario. 

This study encompasses participants who purchase luxury fashion items with a relatively low 

frequency. To fully understand the influence of AI-generated product recommendations on 



consumers’ decision whether to follow the recommendation, it would be advisable to carry out 

this experiment with consumers who regularly purchase luxury fashion products. It can also be 

interesting to assess participants’ broader attitudes towards AI in the luxury fashion industry 

and understand which general perceptions of AI influence specific decisions related to product 

recommendations.  

6.  Conclusion   

AI-generated product recommendations continue to advance, offering guidance and reshaping 

decision-making dynamics across various industries. Culture shapes individuals and can, 

therefore, influence their consumer behavior. Consequently, scholars are interested in studying 

the effects of culture on product recommendation acceptance. This dissertation reveals that 

consumers in the luxury fashion industry exhibit a higher inclination to trust and follow human-

generated product recommendations compared to those generated by AI. This preference is 

partly tied to cultural influences on consumer behavior and trust levels. Considering the 

transformative potential of AI and the continuous development of culture, organizations are 

prompted to address the challenge of harmonizing the emotional intelligence of humans with 

the machine intelligence of AI to optimize product recommendations and enhance purchasing 

decisions within diverse cultural contexts. 
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Appendix 

Appendix 1: Sample Statistics  

List of Countries 

Country N 

Argentina 1 

Austria 1 

Brazil 1 

Costa Rica 1 

France 3 

Germany 93 

Iran 7 

Italy 3 

Lebanon 1 

Mexico 1 

Netherlands 2 

Peru 1 

Portugal 14 

Spain 3 

UK 1 

USA 1 

Venezuela 1 

Total 135 

 

Gender 

Gender N 

Male 51 

Female 83 

Prefer not to say 1 

Total 135 



Highest Level of Education 

Level of Education N 

Less than secondary education 4 

Secondary education 26 

Bachelor’s degree 56 

Master’s degree 35 

Doctoral degree 8 

Other 6 

Total 135 

 

Subjective Social Standing 

Step N 

3 2 

4 2 

5 14 

6 21 

7 50 

8 34 

9 7 

10 5 

Total 135 

 

Current Employment Status 

Employment status N 

Employed 75 

Freelancer 7 

Unemployed 3 

Student 46 

Retired 1 

Other 3 



Total 135 

 

Appendix 2: Survey 

Introduction 

Dear survey participant, welcome and thank you for considering participating in this survey on product 

recommendations. I, Dalia Jozani, am conducting this survey as part of my Master Thesis at Católica Lisbon 
School of Business and Economics, under the supervision of Cristina Mendonça. This study will present you with 

a scenario and a series of related questions and will take about 7-10 minutes to complete. The purpose is to gain 

insight into individuals' motivations to follow product recommendations and to learn more about the luxury retail 

industry. Your participation will contribute to research on product recommendations. Please answer as honestly as 

possible. All answers will be kept strictly confidential and are anonymous. This means that it will not be possible 

to link your responses to your identity. The data collected will be used for research purposes only and may be 

presented in my thesis or disseminated in academic journals, always in aggregated form, without reference to any 

individual response.  I ask you to complete the study in one go, without interruptions. Please remember that your 

participation is voluntary, and you have the option to exit the survey at any time by simply closing your browser 

window. Should you have any questions regarding this study, please feel free to contact me at Dalia Jozani (s-

djozani@ucp.pt). By continuing, you agree to participate. Thank you! 
 

Q1: Where are you from? 

▼ Afghanistan ... Zimbabwe 

 

Q2: How often do you purchase luxury products (e.g., clothes from luxury brands)?  

o Not at all 

o Rarely 

o Occasionally 

o Sometimes 

o Frequently 

o Often 

o Very often 

 



Q3: Why do you buy or use luxury articles? Please select all that apply.  

o To feel unique or distinct 

o To display wealth, power, and social status 

o To build a positive social image 

o For their functionality, usefulness, and high quality 

o For personal fulfilment and self-expression 

o Because I like the brand 

o Other ____________________________________ 

 

Q4: Please indicate your level of agreement with the following statements. 

 
Strongly 

disagree 

Somewhat 

disagree 

Neither agree 

not disagree 

Somewhat 

agree 
Strongly agree 

Luxury goods 

make me feel 

acceptable in 

my circle. 
o  o  o  o  o  

Purchasing 

luxury goods 

indicates a 

symbol of 

wealth. 

o  o  o  o  o  

I buy luxury 

goods to gain 

or increase 

social status. 
o  o  o  o  o  

Purchasing 

luxury goods 

increases my 

happiness. 
o  o  o  o  o  

 



Q5: If you had to choose between two sources of product recommendation: human or artificial intelligence (AI), 

which one would you pick? Note: Product recommendations generated by AI are personalized product 

suggestions created by algorithms and machine learning processes based on your individual preferences, past 

shopping behavior, and data analysis. 

o Definitely AI 

o Most likely AI 

o Indifferent between the two 

o Most likely human 

o Definitely human 

 

Q6: What is your gender? 

o Male 

o Female 

o Other _______________________________ 

o Prefer not to say 

 

Q7: How old are you? Please enter your age as a number. 

______________________________________ 

 

Q8: What is your highest level of education?  

o Less than secondary education 

o Secondary education 

o Bachelor’s degree 

o Master’s degree 

o Doctoral degree 

o Other __________________________________ 

 

Q9: Think of a ladder with 10 steps representing where people stand in your country. At step 10 are people who 

are the best off – those who have the most money, the most education, and the most respected jobs. At step 1 are 

the people who are worst off – those who have the least money, the least education, and the least respected jobs 

or no job. Where would you place yourself on this ladder? 

 0 1 2 3 4 5 6 7 8 9 10 

 

Standing 
 

 



Q10: What is your current employment status?  

o Employed 

o Freelancer 

o Unemployed 

o Student 

o Retired 

o Other __________________________________________ 

 

You will now be presented with a scenario. Please try to imagine yourself in the described situation and provide 

your response as authentically as possible. Thank you! 

 

Imagine you are interested in purchasing a new luxury product, specifically a cashmere sweater.  You visit the 

physical store of your trusted luxury brand, where a sales assistant warmly greets you. Based on your specific 

preferences and requirements, the salesperson recommends a particular cashmere sweater for you. 

 

Imagine you are interested in purchasing a new luxury product, specifically a cashmere sweater.  You visit the 

website of your trusted luxury brand, where you have a member account and a profile. Based on your settings, 

past online activity, and collected data, the algorithm recommends a particular cashmere sweater tailored to your 
preferences. 

 

This is the cashmere sweater that the salesperson / artificial intelligence (AI) recommended. 

 

 

Q11: How much do you like the product shown?  

o Dislike a great deal 

o Dislike somewhat 

o Neither like nor dislike 

o Like somewhat 

o Like a great deal 

 



Q12: Based on this scenario, please indicate your level of agreement with the following statement: I would 

consider purchasing this product.  

o Strongly disagree 

o Somewhat disagree 

o Neither agree nor disagree 

o Somewhat agree 

o Strongly agree 

 

Q13: Please indicate how likely you are to purchase this sweater based on the recommendation.  

o Extremely unlikely 

o Somewhat unlikely 

o Neither likely nor unlikely 

o Somewhat likely 

o Extremely likely 

 

Q14: In the scenario, from whom did you receive the recommendation for the sweater? 

o A human 

o An AI 

 

Q15: Please indicate your level of agreement with the following statements considering the scenario shown before. 

 

 
Strongly 

disagree 

Somewhat 

disagree 

Neither agree 

nor disagree 

Somewhat 

agree 

Strongly 

agree 

I believe this 

recommendation 

is trustworthy. o  o  o  o  o  

I consider the 

sales assistant / 

AI to be reliable. o  o  o  o  o  

I trust the 

decision 

generated by 

sales assistants / 
AI. 

o  o  o  o  o  

I trust product 

recommendations 

generated by 

sales assistants / 

AI. 

o  o  o  o  o  

 

  



Please indicate your level of agreement with the following statements considering the scenario shown before. 

Q16: How accurate do you find human / AI-based product recommendations? 

o Not accurate at all 

o Slightly accurate 

o Moderately accurate 

o Very accurate 

o Extremely accurate 

 

Q17: Please indicate your level of agreement with the following statement: I am willing to rely on human / AI-

generated product recommendations when making purchase-related decisions. 

o Strongly disagree 

o Somewhat disagree 

o Neither agree nor disagree 

o Somewhat agree 

o Strongly agree 

 

Q18: How often do you follow human / AI-generated product recommendations? 

o Never 

o Sometimes 

o About half of the time 

o Most of the time 

o Always 

 

Q19: Please rate your satisfaction with the last human / AI-based product recommendation you followed.  

o Extremely dissatisfied 

o Somewhat dissatisfied 

o Neither satisfied nor dissatisfied 

o Somewhat satisfied 

o Extremely satisfied 

o I never followed a product recommendation 

 



Q20: Did the satisfaction you experienced with the product recommendation in your last purchase influence your 

likelihood of completing that purchase? 

o Not at all 

o A little 

o Moderately 

o Significantly 

o Greatly 

o I never followed a product recommendation 

 

Q21: Please select the option strongly agree for this question.  

o Strongly disagree 

o Somewhat disagree 

o Neither agree nor disagree 

o Somewhat agree 

o Strongly agree 

 

Do you have any additional comments you would like to share with the researcher? If so, please write your 

comments below. If you have none, leave this space blank. 

 

Appendix 3: Participants’ Luxury Fashion Product Purchase Frequency 

Purchase Frequency N 

Not at all 18 

Rarely 58 

Occasionally 19 

Sometimes 22 

Frequently 12 

Often 4 

Very often 2 

Total 135 

 

  



Appendix 4: Participants’ Luxury Fashion Product Purchase Motivations 

 

Purchase Motivation N 

Feel unique or distinct 20 

Display wealth, power, and social status 16 

Build a positive social image 23 

Functionality, usefulness, and high 

quality 
74 

Personal fulfillment and self-expression 50 

Because I like the brand 65 

 

Appendix 5: Participants’ Purchasing Likelihood 

 

Purchasing Likelihood M SD 

I would consider purchasing this 

product. 
3.16 1.23 

I would consider purchasing it based 

on the recommendation. 
2.98 1.10 

 



Appendix 6: Bivariate Correlation Matrix 

 

The bivariate correlation matrix shows the relationship between the following variables: 

gender, age, highest level of education, current employment status, source of product 

recommendation preference, purchasing frequency of luxury products, purchasing intention, 

trust in recommendations, and the cultural dimensions individualism, power distance, 

femininity, uncertainty avoidance, and short-term orientation. Significant correlations are 

denoted by asterisks.  



Appendix 7: ANOVA & ANCOVA Hypothesis 1 

 

 

 



 

Appendix 8: ANOVA Hypothesis 2 

 



Appendix 9: Independent Sample t-test Hypothesis 2 

 

Appendix 10: Independent Sample t-test Hypothesis 10 

 

Appendix 11: Independent Sample t-test Hypothesis 11 

 



Appendix 12: Independent Sample t-test Hypothesis 13 

 

Appendix 13: ANOVA & ANCOVA Hypothesis 3 

 

 



 

 



Appendix 14: ANOVA & ANCOVA Hypothesis 5 

 

 

 



 

Appendix 15: Chi-square test Hypothesis 4 

 

 



Appendix 16: Chi-square test Hypotheses 6a 

 

Appendix 17: Chi-square test Hypothesis 6b 

 

 



Appendix 18: Chi-square test Hypothesis 7 

 

 

Appendix 19: ANOVA & ANCOVA Hypothesis 9 

 



 

 

 


