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Abstract

Background: Artificial intelligence (Al) is transforming leadership and raising critical
questions about decision-making, leadership capabilities, and ethical accountability in
increasingly digitalized organizations. Objective: This systematic review synthesizes
peer-reviewed evidence to answer: How does Al integration transform leadership and
decision-making in organizations? Methods: A PRISMA 2020-compliant systematic review
was conducted using structured Boolean searches in Scopus and Web of Science Core Col-
lection on 26 February 2026. Eligibility was restricted to English-language, peer-reviewed,
open-access journal articles with an explicit Al-leadership integration signal. Records were
deduplicated and screened by two reviewers, with full-text assessment conducted against
predefined criteria. A qualitative, narrative (conceptual) synthesis integrated heterogeneous
empirical and conceptual contributions. Results: From 452 records, 84 studies met inclusion
criteria. The synthesis identified three recurring analytical dimensions: (i) Al-augmented
decision-making, (ii) leadership competencies and role shifts, and (iii) ethical challenges
(accountability, transparency/opacity, fairness, privacy, and human agency). Integrating
these dimensions, the review conceptualizes Al-driven leadership as a hybrid decision
phenomenon in which Al accelerates and expands decision cycles, leaders reconfigure roles
toward decision architecture and orchestration, and ethical conditions shape legitimacy,
adoption, and authority dynamics. Conclusions: The review advances theory by specifying
a mechanism-oriented model of Al-driven leadership and proposing testable propositions
linking AI modality, role reconfiguration, and ethically conditioned legitimacy under key
boundary conditions (e.g., sectoral stakes, governance capacity, and data/infrastructure
readiness). Practically, it outlines an implementation pathway emphasizing decision criti-
cality assessment, formalized human—AlI task allocation, and institutionalized oversight
mechanisms. Limitations: Findings are bounded by database selection and the open-access
full-text constraint, which may under-represent paywalled scholarship.

Keywords: artificial intelligence; Al-driven leadership; decision-making; leadership devel-
opment; leadership competencies; ethical governance
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1. Introduction

Artificial intelligence (Al) has significant power to transform, refine, and improve
processes, products, and business models. The incorporation of Al into organizational lead-
ership is now inviting a reshaping of the competencies required for technology-enhanced
environments, thereby revolutionizing conventional decision-making frameworks. Beyond
process automation, Al is involved in predictive analytics, risk assessment, and difficult
decision-making (Dasborough, 2023), and leaders are invited to change with regard for
ethical, strategic, and human-centric values (Hossain et al., 2025b). The literature mostly
examines how artificial intelligence can optimize managerial tasks such as data-driven
decision-making and HR automation (Bankins et al., 2024); however, leadership theories
have lagged behind Al’s rapid evolution within organizations (Quaquebeke & Gerpott,
2023). Most current models ignore the growing synergy between human leaders and Al-
powered decision-support systems, presuming leadership is only a human-driven capacity.
To improve conceptual precision, this review distinguishes three analytically separable
configurations through which Al enters leadership work. First, Al-augmented leadership
refers to human leaders who retain decision authority while using Al tools to enhance
sensing, analysis, and coordination. Second, Al-generated leadership insights refer to
algorithmically produced recommendations, forecasts, or rankings that shape decisions by
supplying evaluative or prescriptive inputs. Third, hybrid leadership systems refer to struc-
tured human—AlI decision architectures in which authority, task allocation, and oversight
are explicitly configured across human and algorithmic agents. These distinctions are used
throughout the manuscript to clarify how Al can alter leadership work without conflating
tool use, algorithmic advice, and decision-authority delegation. A multidimensional study
on Al in the organizational field revealed that its impact extends far beyond personal
managerial responsibilities, encompassing team collaboration, strategic leadership, and
governance structures (Bankins et al., 2024). Furthermore, it is worth noting that Al-driven
technologies shift power dynamics between leaders and followers (J. Liu et al., 2025), raising
questions about leadership influence, accountability, and ethical oversight within organiza-
tions (Tsai et al., 2022). Researchers found that Al fundamentally changes decision-making
and may distort authority and the dissemination of knowledge (Harari, 2024; Kissinger,
2022). Inappropriate management of Al integration may strengthen elite decision-making
power, precisely at the cost of worker agency, worsening inequality rather than making
decision-making more democratic (Acemoglu & Johnson, 2023). Even though artificial
intelligence is becoming increasingly relevant in leadership, there are still research gaps.
The first of these gaps concerns how leadership frameworks might be revised to incorporate
Al-driven decision-making while maintaining ethical oversight (Hossain et al., 2025b). Just
a few studies have investigated leadership change in response to Al’s growing influence on
decision-making processes. Existing research either focuses on Al’s technical capabilities
or on employees” behavioral responses to Al adoption (Quaquebeke & Gerpott, 2023).
Furthermore, the establishment of a holistic framework connecting Al-driven leadership
adaptation with ethical governance is still inadequately investigated. Systematic reviews
have revealed that, although various principles and governance considerations for Al exist,
there is still a lack of alignment in their implementation within organizational leadership
models and decision-making frameworks (Batool et al., 2023; Madanchian & Taherdoost,
2025). Research on the influence of artificial intelligence on strategic adaptability, human
oversight, and leadership authority is fragmented across various disciplines, highlighting
both ethical and practical gaps in current frameworks. Unlike earlier research that primarily
focused on the technological developments or operational impacts of artificial intelligence,
this review pursues three main objectives. First, it reconceptualizes leadership adaptation
in Al-augmented environments, challenging the traditional notion of leadership as an
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exclusively human capability. Second, it examines how Al transforms leadership structures,
decision-making authority, and organizational governance. Finally, it develops a concep-
tual foundation that integrates Al-driven leadership adaptation with ethical governance
to enhance responsible leadership competencies and practices. Indeed, this review aims
to provide a theoretical understanding of the leadership process in the technological era
by positioning Al as a transformative element of leadership. Moreover, it sets the stage
for future empirical research and provides policymakers and organizational leaders with
useful information to help them address the changes Al is bringing to leadership and
governance. This article is a PRISMA 2020-compliant systematic review that employs
a qualitative, narrative (conceptual) synthesis for theory-building rather than effect-size
estimation. Its theoretical contribution is to (i) conceptualize Al-driven leadership as a
hybrid decision phenomenon, (ii) specify how Al-augmented decision-making, leadership
competency/role reconfiguration, and ethical challenges jointly shape leadership outcomes,
and (iii) identify boundary conditions and testable propositions that clarify when Al inte-
gration yields performance and legitimacy gains versus new vulnerabilities. The synthesis
yields a compact thematic mapping of inductively derived subthemes across the three
analytical dimensions and integrates them into a single pathway model derived from the
narrative integrative synthesis. This article is structured as follows. Section 2 situates
Al-driven leadership within the broader context of digital transformation and outlines the
theoretical lenses that frame the review. Section 3 describes the systematic review method-
ology in line with PRISMA 2020, including eligibility criteria, information sources, search
strategy, record management, screening and eligibility procedures, data extraction, and the
qualitative narrative (conceptual) synthesis approach. Section 4 presents the results and
discussion that culminates with an integrative synthesis, structured around three analytical
dimensions—AlI-augmented decision-making, leadership competencies and role shifts, and
ethical challenges—and culminates in an integrated conceptual framework that connects
these dimensions. Section 5 discusses theoretical and practical implications, clarifies the
boundary conditions of the synthesis, and outlines limitations and directions for future
research. Finally, Section 6 concludes by summarizing the review’s main contributions.

2. Digital Transformation as the Structural Context for
Al-Driven Leadership

It is increasingly evident that Al-driven leadership needs a solid theoretical founda-
tion. While this study focuses on Al-oriented leadership, digital transformation provides
a broader organizational context in which Al-enabled leadership emerges. Therefore,
Al-driven leadership is embedded in broader processes of digital organizational change.
Approaching Al-driven leadership as an organizational phenomenon rather than solely a
technological one, is essential to capture its strategic and ethical implications. Al represents
one of the most advanced manifestations of digital transformation (DT) because it reshapes
decision-making authority, governance structures, and leadership skills (e.g., Verhoef et al.,
2021). In that context, Al represents a particularly advanced form of digitalization that
intervenes directly in leadership activities. DT continues to dominate discussions in both
the academic and business worlds. DT is frequently defined as the integration of modern
digital technologies across all organizational levels, leading to fundamental changes in
how value is created and delivered (e.g., Verhoef et al., 2021). Indeed, the process is far
more than just adopting new resources. As Rogers (2016) emphasizes, DT is fundamentally
about strategy, implying that organizations must reconsider their entire approach, from
business models to processes and organizational culture (Fitzgerald et al., 2014; Vial, 2021).
These strategic transformations increasingly call for new models of leadership that can
govern and benefit from Al-based systems (e.g., Quaquebeke & Gerpott, 2023). To develop
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an understanding of DT, particularly in relation to Al-driven leadership, it is important
to rely on a range of theoretical perspectives that explain the technological advancements
and organizational changes that accompany them. One of the most important theories to
explore DT is the Resource-Based View (RBV) (Barney, 1991). It explains that organizations
can only maintain a competitive advantage if they possess and manage resources that are
valuable, rare, difficult to imitate, and irreplaceable (Barney, 1991). According to Nevo and
Wade (2010), the information technology resources may improve organizational perfor-
mance, but only when they are complemented with other elements such as: (1) an effective
organizational structure; (2) a productive culture, and (3) adequate capabilities to utilize
IT assets for business goals. Therefore, organizations are invited to strategically leverage
these capabilities to succeed in digital transformation (Bharadwaj, 2000). In Al-oriented
leadership, these resources also include algorithmic systems that actively participate in
the decision-making processes (e.g., Jarrahi, 2018). This direct involvement of algorithmic
systems in decision-making redefines the role of the leader, who becomes an orchestrator of
human-AlI interactions (Jarrahi, 2018; Raisch & Krakowski, 2021). Moreover, RBV suggests
that the success of the DT process depends on the capacity to develop and explore digital
assets, which will allow for future sustainable benefits (Barney, 1991; Bharadwaj, 2000).
While RBV focuses on the resources organizations need to attain competitive advantage,
theoretical developments such as the dynamic capabilities concept (Teece et al., 1997) invite
a refocusing on how organizations adapt these resources in environments characterized by
continuous change. Dynamic capabilities denote an organization’s capacity to integrate,
reconfigure, and renew its resources continuously in response to technological and market
changes (Teece et al., 1997). This perspective is particularly relevant when the organization
deals with digital disruption. Teece (2007) delineates three fundamental components of
dynamic capabilities: (1) the capacity to perceive emerging opportunities or threats; (2) to
capitalize on them through judicious decision-making, and (3) to adapt the organization’s
resource base to align with the evolving external context. These capabilities become central
to leaders who operate in organizational environments augmented by Al (Hossain et al.,
2025a). In the era of digital disruption, these capabilities are particularly important, as
they help organizations identify and boost new technologies, such as artificial intelligence
and blockchain (Warner & Wiger, 2019; Held et al., 2025). Dynamic capabilities enable
organizations to adapt their structures to integrate new technologies, promoting a more
resilient and focused business model. Empirical research reveals that organizations that
achieve digital transformation often depend on agility and continuous learning, which are
central to dynamic capabilities (Vial, 2021; Warner & Wager, 2019; Held et al., 2025). Along
with dynamic capabilities, organizational ambidexterity (O'Reilly & Tushman, 2013) is an-
other fundamental perspective for understanding DT. The core idea of ambidexterity is that
organizations need to balance their current strengths and seek new opportunities, a tension
March (1991) described as the exploration—exploitation dilemma. This dilemma may be
explained by the idea that companies need to use their current strengths to get short-term
benefits (exploitation), but they also need to look for new ideas to stay in business for a
long time (exploration). In the digital era, this balance becomes even more critical, since
organizations need to continue strengthening their central processes while adopting new
digital technologies with disruptive potential. However, in practice, this equilibrium is
rarely stable and is likely to generate internal tensions. Organizational ambidexterity has
been shown to contribute to innovation processes and global performance (O'Reilly & Tush-
man, 2013). Frequently, these mean the creation of units or separate projects, exclusively
dedicated to the development of new ideas, while the existing operations continue to work
in an efficient way. Research revealed that organizations distinguish themselves in the DT
domain when they adopt an ambidexterity mindset, conciliating the exploration of new op-
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portunities with the refinement of the established processes (Svahn et al., 2017; Rizana et al.,
2025). Therefore, ambidexterity is a crucial element of the global theoretical framework,
illustrating how organizations may adapt and reorganize to attain DT efficiently while pre-
serving fundamental competencies (O'Reilly & Tushman, 2013). Likewise, it is important
to consider external factors (e.g., competition), since consumer and institutional expecta-
tions may encourage organizations to accelerate digitalization processes (Li et al., 2025).
Therefore, the Institutional Theory (IT) is relevant, as it provides a valuable framework
for understanding organizational change as a response to external pressures (DiMaggio &
Powell, 1983). These pressures require organizations to modernize to stay relevant. The IT
explains that organizations adapt, on one hand, related to an economic imperative, and
on the other hand, in response to coercive pressures (e.g., regulatory obligations), mimetic
pressures (e.g., imitation of successful competitors), and normative pressures (e.g., digital
practices become industry patterns (Xu et al., 2025). Therefore, these external factors help
explain why organizations adopt DT for reasons beyond strictly financial ones. Another
theoretical perspective that provides a better understanding of the Al adoption process
is the Technology-Organization-Environment (TOE) framework (Tornatzky & Fleischer,
1990). Within these adoption processes, leadership plays a critical role in interpreting
algorithm outputs, governing human-AlI interactions, and strategically integrating Al
into organizational decision-making structures (Jarrahi, 2018; Raisch & Krakowski, 2021;
Hossain et al., 2025a). This model offers a more holistic view of the adoption process,
highlighting that technological readiness, organizational characteristics (e.g., dimensions,
culture, and leadership support), and environmental conditions (e.g., market volatility) are
essential factors (Mpanza, 2025). Hence, this framework integrates these elements, offering
a clearer view of how internal capabilities and external pressures interact to shape DT in
organizations (Namatovu & Kyambade, 2025). As DT unfolds, the ethical implications of
using Al in leadership become increasingly relevant. Even though Al has the potential
to improve decision-making, it raises questions about transparency, accountability, and
equity (e.g., Machado et al., 2024). Ethical governance is therefore crucial to ensure that Al
systems are used responsibly in leadership contexts, and leaders are invited to ensure Al
adoption is effective and morally responsible (Madanchian & Taherdoost, 2025). Moreover,
as Al systems become more central to organizational decision-making, businesses face
challenges related to algorithmic bias and the need for human oversight to ensure lead-
ership accountability (Binns et al., 2018; Floridi, 2023; Romeo & Lacko, 2025). Clarifying
how this review advances leadership theory, the integrative purpose of this theoretical
background is not only to “situate” Al-driven leadership within DT, but also to support
a theory-building synthesis of how leadership is reconfigured when algorithmic systems
become active participants in organizational decision architectures. By connecting DT
perspectives (RBV, dynamic capabilities, ambidexterity, IT, and TOE) with the review’s
three analytical dimensions—AlI-augmented decision-making, leadership competencies
and role shifts, and ethical governance—the review advances leadership theory by shift-
ing the focal unit of analysis from leaders as individual decision-makers to leaders as
designers and stewards of hybrid human-AlI decision systems. This framing supports a
more mechanism-oriented understanding of leadership under Al integration, including the
boundary conditions under which Al-enabled decision acceleration, role reconfiguration,
and ethical accountability become mutually reinforcing or tension-generating dynamics
in organizations. In synthesis, this theoretical background integrates various conceptual
perspectives that, together, offer a more comprehensive view of DT. RBV offers a perspec-
tive on how organizations use digital resources to gain a competitive advantage, while
dynamic capabilities explain the processes by which organizations adapt and renew these
resources in response to change. Organizational ambidexterity adds to this by explaining
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how organizations balance exploration and exploitation during transformation. The Insti-
tutional Theory and the TOE framework emphasize that DT is shaped not only by external
pressures but also by how organizations mobilize their internal capabilities in response
to them. Finally, the ethical dimensions of Al governance highlight the challenges and
responsibilities organizations face in leadership. Together, these perspectives constitute
a solid, integrated theoretical framework that may better inform this review, enabling a
structured understanding of how Al reconfigures leadership, decision-making authority,
and ethical governance in modern organizations.

3. Methodology

This study adopts a systematic review design and reports the review in conformity
with PRISMA 2020 guidance (Page et al., 2021a). Reporting is aligned with the PRISMA
2020 statement papert, including the expanded checklist, and is read in conjunction with
the PRISMA 2020 Explanation and Elaboration guidance (Page et al., 2021a, 2021b). The
review addresses the following research question: How does Al integration transform
leadership and decision-making in organizations? The purpose of the review is to consoli-
date and conceptually integrate peer-reviewed research on Al in organizational leadership,
mapping recurring patterns across heterogeneous empirical and conceptual contributions
and developing an integrative understanding of Al-driven leadership as a hybrid decision
phenomenon involving human judgment, algorithmic capability, and ethical accountability.
Because the objective is conceptual integration and theory development rather than effect
estimation, the review adopts a qualitative, narrative (conceptual) synthesis approach.
A systematic review design is appropriate because Al-leadership evidence is interdisci-
plinary and terminologically dispersed across management, information systems, and
adjacent organizational literatures, requiring transparent and reproducible identification
and selection procedures; narrative (conceptual) synthesis is aligned with integrating het-
erogeneous empirical and conceptual contributions for theory development rather than
effect-size aggregation (Grant & Booth, 2009; Snyder, 2019; Tranfield et al., 2003). Although
the field remains methodologically heterogeneous, the corpus is sufficiently developed to
warrant systematic identification and structured qualitative synthesis aimed at conceptual
integration rather than statistical comparability.

3.1. Eligibility Criteria

Eligibility criteria were specified a priori. Studies were eligible if they: (a) were
peer-reviewed open-access journal articles published in English; (b) were situated in orga-
nizational or workplace leadership contexts; (c) substantively examined Al/algorithmic
systems within leadership roles and/or managerial decision-making, including ethical
accountability and oversight considerations; (d) demonstrated an explicit Al-leadership
integration signal at the title or abstract level. Both empirical and conceptual/theoretical
studies were eligible, reflecting the field’s emergent and heterogeneous character. No
publication-year limits were applied (database inception to the search date), and no subject-
area/category filters were imposed to avoid excluding relevant interdisciplinary work.
Open-access availability was treated as an a priori eligibility constraint to ensure that
all included evidence could be examined in full and that extraction and interpretation
could be independently verified. This methodological choice is grounded in Open Science
principles emphasizing accessibility, scrutiny, and reproducibility of scientific knowledge
(UNESCO, 2021) and in established guidance that openness and reproducibility practices
strengthen the reliability and auditability of research claims (Munafo et al., 2017; National
Academies of Sciences, Engineering, and Medicine, 2018, 2019; Nosek et al., 2015). In
evidence synthesis, access to full texts supports transparent appraisal and traceable inter-
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pretation, particularly when conceptual integration depends on full-text context (Page et al.,
2021b). At the same time, restricting inclusion to open-access full texts may introduce avail-
ability bias by under-representing paywalled scholarship; this limitation is acknowledged
and should be considered when interpreting the scope of the synthesis (Langham-Putrow
etal., 2021; Piwowar et al., 2018). Secondary studies (e.g., systematic/scoping/narrative
reviews, bibliometric/science mapping studies, and meta-analyses) were excluded to
avoid double-counting and to ensure the synthesis is grounded in original empirical and
conceptual contributions.

3.2. Information Sources and Search Strategy

Structured searches were conducted on 26 February 2026 in Scopus and Web of Science
Core Collection. These databases were selected for their broad interdisciplinary cover-
age of peer-reviewed scholarship in leadership, management, organizational behavior,
and information systems, and for their suitability for reproducible systematic retrieval
using structured Boolean logic. Using both Scopus and Web of Science Core Collection
also mitigates database-specific indexing bias by cross-validating retrieval across two
curated sources. This selection aligns with established systematic review guidance in
management and organizational research (Tranfield et al., 2003). A structured Boolean
search strategy combined two primary concept blocks (leadership-related terminology;
Al-related terminology) together with an organizational/decision context component to
improve precision. Database-specific topical discovery fields were applied as follows,
reported verbatim line-by-line: Scopus (Document Search; TITLE-ABS): TITLE-ABS ((“lead-
ership”) AND (“artificial intelligence”) AND (“organization” OR “organizational” OR
“decision-making”)); Web of Science Core Collection (Title/Abstract fields; TI and AB):
((TT = (leadership) OR AB = (leadership)) AND (TI = (“artificial intelligence”) OR AB = (“ar-

7

tificial intelligence”)) AND (TI = (organization OR organizational OR “decision-making”
OR “decision making”) OR AB = (organization OR organizational OR “decision-making”
OR “decision making”))). Interface filters applied at the search stage in both databases
were: Open Access enabled; Document type: Article; Language: English; Source type:
Journal (where applicable); and no publication-year restrictions (database inception to
the search date). An Al-assisted relevance ranking was used solely to prioritize the order
of title/abstract screening; inclusion and exclusion decisions were made exclusively by

applying the predefined eligibility criteria.

3.3. Record Management, Cleaning, and Deduplication

Records were exported in RIS format and consolidated into a unified review workspace.
Prior to screening, records were cleaned and prepared for traceable counting. Deduplication
was performed using DOI and bibliographic matching, with manual resolution of ambigu-
ous duplicate cases; when duplicates were identified, the most complete bibliographic
record was retained. Duplicate detection included DOI comparison where available, and
otherwise titles, authors, journal information, publication year, and bibliographic com-
pleteness. Deduplication procedures were designed to preserve PRISMA traceability by
ensuring that record counts reflect unique records rather than database overlap (Page et al.,
2021b). Al-enabled workflow support was used only to assist with operational tasks (e.g.,
organizing records and supporting screening prioritization). Importantly, this support
was strictly assistive: the authors retained full responsibility for the identification log, all
record-management decisions (including deduplication choices), all screening and eligi-
bility judgments, and the interpretive synthesis. Al outputs did not constitute eligibility
decisions and were not used to generate the synthesis; instead, they served to facilitate
consistent documentation and traceability of the author-led review process in line with
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PRISMA 2020 reporting expectations (Page et al., 2021a) and established guidance on
decision-support workflows in evidence synthesis (Marshall & Wallace, 2019).

3.4. Study Selection (Screening and Eligibility)

Title/abstract screening was intentionally conservative to reduce premature exclusion
given terminological dispersion across leadership, management, and organizational litera-
tures. Screening followed two sequential decision criteria. Step 1 (core scope-fit) excluded
records that did not reflect a workplace/organizational leadership context and/or did
not substantively address Al or algorithmic systems in relation to leadership or decision-
making. Step 2 (Al-leadership integration signal) excluded records passing Step 1 if
the abstract did not indicate a meaningful link between Al integration and leadership
transformation (e.g., Al-augmented decision-making, hybrid human-AlI systems, account-
ability /oversight mechanisms, leadership competency evolution). Screening was con-
ducted record-by-record (line-by-line) using a structured decision log; each excluded record
was assigned a primary reason code corresponding to the first unmet criterion to enable
PRISMA-compliant accounting. Title/abstract screening and full-text eligibility assess-
ment were conducted independently by two reviewers. Disagreements were resolved
through discussion until a consensus was reached. Title/abstract screening was piloted on
a randomly selected subset of records to calibrate consistent application of the screening
criteria prior to full screening. No changes were made to the predefined eligibility criteria
following the pilot; the pilot served to calibrate consistent application of the screening rules.
Full-text reports retained after title/abstract screening were assessed for eligibility against
the predefined inclusion criteria. Full-text assessment also verified study type; reports
identified as secondary studies (e.g., systematic/scoping/narrative reviews or bibliomet-
ric/science mapping studies) were excluded at this stage to avoid double-counting. Full
texts were sought through open repositories and publicly accessible archives consistent
with the open-access retrieval constraint; records indexed as open access but not practically
retrievable despite reasonable attempts were documented as ‘reports not retrieved’ in
PRISMA reporting. Formal inter-rater reliability statistics (e.g., Cohen’s Kappa) were not
computed because screening and eligibility decisions were finalized through consensus
discussion rather than retained as independent parallel ratings for adjudication, consistent
with standard systematic review practice described in the Cochrane Handbook (Higgins
et al., 2023).

3.5. Data Extraction (Data Items and Process)

Data extraction was designed to support structured qualitative synthesis aligned with
the research question. Because this review is theory-building and non-quantitative, no
outcome domains or effect measures were specified; extraction focused on conceptual
variables, mechanisms, and reported leadership implications rather than effect-size met-
rics. For each included study, extraction captured: (i) Al-augmented decision-making (Al
modality and its role in leadership decision processes); (ii) leadership competencies and
role shifts (skills, roles, and capability changes under Al integration); (iii) ethical challenges
(e.g., accountability, transparency, fairness, responsibility allocation, and human oversight);
(iv) leadership functions affected (strategic, operational, developmental); and (v) the core
theoretical or empirical contribution. Extracted fields were manually reviewed and refined
to ensure conceptual fidelity to full-text meaning rather than metadata-only interpreta-
tions. The extraction template/codebook was piloted on a subset of included studies and
refined prior to full extraction to improve field clarity and consistency. Data extraction
was conducted by one reviewer and verified by a second reviewer. Discrepancies were
resolved through discussion until consensus was reached. No study investigators were
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contacted to obtain or confirm information. Piloting and refinement of extraction templates
is recommended in systematic review methods to reduce ambiguity in field definitions
and improve consistency of extraction across heterogeneous evidence (Popay et al., 2006; J.
Thomas & Harden, 2008).

3.6. Synthesis Approach

Synthesis followed iterative thematic coding and narrative integration consistent with
established qualitative synthesis methods (e.g., Barnett-Page & Thomas, 2009; J. Thomas
& Harden, 2008; Elo & Kyngds, 2008). Full texts were coded inductively, consolidated
into higher-order themes, and integrated into an explanatory narrative. Constant com-
parison across study types and contexts refined theme boundaries and minimized over-
generalization. Given heterogeneity in theoretical frameworks, operationalizations, and
designs, statistical pooling was not methodologically appropriate. Theme development fol-
lowed a hybrid deductive-inductive logic. The extraction framework specified a priori three
analytical domains aligned with the research question (Al-augmented decision-making,
leadership competencies and role shifts, and ethical challenges) to support systematic
cross-study comparability. However, these domains were not treated as pre-specified
conclusions: within and across domains, subthemes and integrative relationships were
derived inductively through iterative coding of full-text evidence, constant comparison,
and refinement of theme boundaries based on cross-study coverage and deviant cases.
Accordingly, the retention of the three overarching themes reflects recurring structure in
the included evidence base, while the internal composition of each theme (subthemes,
mechanisms, and linkages) emerged from the corpus. This hybrid deductive-inductive
logic is consistent with qualitative synthesis guidance that uses an a priori analytic scaffold
for comparability while deriving thematic content and integrative relationships inductively
from the evidence base (Barnett-Page & Thomas, 2009; Popay et al., 2006; J. Thomas &
Harden, 2008).

3.7. Quality Appraisal, Reporting Bias, and Certainty of Evidence

Consistent with narrative (conceptual) synthesis guidance and evidence-informed
systematic review methodology in management and organizational research, formal risk-of-
bias tools are primarily intended to appraise threats to causal inference and effect estimation
in quantitative synthesis. As this review aims to integrate conceptually heterogeneous evi-
dence to generate mechanism-oriented and theory-building insights rather than pooled ef-
fects, no formal risk-of-bias tool, reporting-bias assessment, or certainty-of-evidence system
(e.g., GRADE) was applied. Instead, the review operationalized interpretive adequacy safe-
guards embedded in the eligibility, screening, and extraction logic: (i) peer-reviewed journal
status; (ii) explicit organizational leadership context; (iii) meaningful Al-leadership integra-
tion; and (iv) sufficient conceptual centrality and interpretive richness to support qualitative
narrative (conceptual) synthesis. Potential retrieval and publication biases (database-only
searching, English-language restriction, open-access-only inclusion) are acknowledged as
limitations. In non-quantitative, theory-building reviews, risk-of-bias tools designed for
causal effect estimation are often not methodologically aligned with mechanism-oriented
conceptual integration; accordingly, transparency of selection/extraction procedures and
interpretive adequacy safeguards are recommended as fit-for-purpose quality protections
(Grant & Booth, 2009; Popay et al., 2006; Snyder, 2019).

3.8. Protocol and Registration

The review protocol was not prospectively registered (e.g., PROSPERO/OSF), and
no standalone protocol document was publicly deposited. However, core methodolog-
ical decisions (research question, eligibility criteria, search logic, staged screening rules,
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extraction framework, and synthesis approach) were specified a priori and applied consis-
tently throughout the review process. No amendments were made to the review methods
after initiation. The completed PRISMA 2020 expanded checklist, the PRISMA 2020 flow
diagram (also presented as Figure 1 in the main manuscript), and the full list of reports
excluded at full-text assessment with reasons are provided in the Supplementary Materials
(Page et al., 2021a, 2021b).

—
Records identified by database searching
(Scopus + Web of Science Core
Collection, Feb 2026)
< i
k=] Records removed before screening
=]
[+ (n = 452; Scopus n = 275; WoS n = 177) R (n=155):
a-— . . =
§ Records successfully ingested into the
o review Iibrary: n =452 Dupllcatgs rgrr?oved (n=155) )
T Records marked as ineligible by automation tools
(n=0)
Records removed for other reasons (n=0)
)
—
y
Records screened N Records excluded
(n=297) il (n=189):
Excluded after two-stage title/abstract screening (scope-
fit and Al-leadership integration signal).
oo 8
£ ] Reports not retrieved
S Reports sought for retrieval (n=1)
o (n=108) »
8 Report not retrieved (indexed in Scopus, but the open-
access full text could not be located online despite
reasonable attempts)
Reports excluded
Reports assessed for eligibility (n=23)
(n=107)
Excluded secondary studies
(systematic/scoping/narrative reviews;
bibliometric/science mapping studies)
| S
—
Inclusion criteria:
A4
(a) be peer-reviewed open-access journal articles
c Studies included in synthesis published in English
K=} =84 (b) be situated in organizational or workplace leadership
g (n - ) contexts
S (c) substantively examine Al/algorithmic systems within
£ leadership roles and/or managerial decision-making,
including ethical accountability and oversight
considerations
(d) demonstrate an explicit Al-leadership integration
signal at the title or abstract level.
—

Figure 1. PRISMA 2020 flow diagram of the study selection process.

4. Results and Discussion

In line with PRISMA 2020, the outcomes of study selection (identification, screening,
eligibility, and inclusion) are reported in Section 4, while the procedures that produced
these results are detailed in Section 3 (Methodology). Figure 1 summarizes the flow of
records through identification, deduplication, title/abstract screening, full-text assessment,
and final inclusion. Because this review is open-access-only by design, the evidence base
reflects peer-reviewed studies with openly accessible full texts and should be interpreted
accordingly. For transparency, the synthesis distinguishes between (i) the a priori ana-
lytical domains used to structure extraction and cross-study comparison (Al-augmented
decision-making, leadership competencies and role shifts, and ethical challenges) and
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(ii) the inductively derived thematic content reported in the subsequent subsections. The
three themes are retained because they consistently recur across the included studies; theme
labels and boundaries were finalized only after verifying cross-study coverage and internal
coherence within each theme.

4.1. Identification

Database searching returned 452 records in total (Scopus: n = 275; Web of Science Core
Collection: n = 177). Records were exported in RIS format and consolidated into a unified
review workspace. Following deduplication, 155 duplicates were removed, resulting in
297 unique records retained for title and abstract screening (see Figure 1).

4.2. Screening and Full-Text Eligibility Assessment

The 297 unique records were screened at the title/abstract level. Across screening,
189 records were excluded, and 108 reports were sought for retrieval (n = 108). Of these,
107 reports were retrieved in full text, while one report could not be retrieved despite
reasonable attempts to locate an open-access full text from the Scopus record (reports not
retrieved = 1). The 107 retrieved full texts were assessed for eligibility. During full-text
assessment, 23 reports were excluded because they were identified as secondary studies
(systematic/scoping/narrative reviews or bibliometric/science mapping studies). The full
list of excluded full-text reports, with reasons, is provided in the Supplementary Materials
to support PRISMA-compliant auditability. The final synthesis set, therefore, comprised
84 studies.

4.3. Inclusion and Descriptive Characteristics of the Final Corpus

The final included corpus comprised 84 peer-reviewed open-access journal articles
published in English and situated in organizational or workplace leadership contexts,
with substantive Al/algorithmic relevance to leadership roles and/or managerial decision-
making and an explicit Al-leadership integration signal at the title/abstract level. Sec-
ondary studies were excluded to avoid double-counting and to preserve a primary evidence
base for synthesis. The included corpus (n = 84) reflects methodological and theoretical
heterogeneity, comprising empirical studies (quantitative, qualitative, and mixed-methods)
as well as conceptual/ theoretical contributions (Table 1, below). Empirical investigations
span multiple sectors (e.g., healthcare, education, public administration, and private-sector
organizations), indicating the cross-sectoral relevance of Al-driven leadership research.
Table 1 provides the full list of included studies to ensure transparency and traceability
of the evidence base. The thematic synthesis is reported in the following subsections,
structured around three analytical domains used to organize extraction and cross-study
comparison (Al-augmented decision-making; leadership competencies and role shifts;
ethical challenges), with subthemes derived inductively from the corpus.

Table 1. Included studies (n = 84). Note. Indexation indicates database coverage and is not mutually
exclusive across databases.

N° Title Authors Indexation Study Type
A digital transformation strategy model for

1 leadership in manufacturing: Considering the (Gaffley & Pelser, Scopus + Web Primary
technological innovations to advance industry 5.0~ 2025) of Science Mixed-Methods
in smart manufacturing

5 A neural-fuzzy network approach to employee (Escolar-Jimenez Scopus Primary
performance evaluation etal., 2019) p Quantitative
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N° Title Authors Indexation Study Type
A new approach to crisis communication in Scopus + Web Primar
3  tourism: Artificial intelligence-based CEO (Ulkii & Erol, 2025) P Y
of Science Quantitative
(AI-CEO)
Agac}grm; leac'iershlp attlt'ude.s toward emplgymg (Arrooqi & Miqad Scopus + Web Primary
4  artificial intelligence applications in developing . . o
.. . Alrugi, 2025) of Science Quantitative
administrative processes
Acceptance of artificial intelligence as Scopus + Web Primary
> organizational leadership: A survey (Petrat et al,, 2022) of Science Quantitative
Adoptlpg green Al for SME sustainability: Scopus + Web Primary
6 Mediating role of green investment and (Ul Hagq et al., 2025) . o
. : of Science Quantitative
moderation by green servant leadership
Al capabilities and its impact on organisational
v innovation in Malaysian SMEs: The role of (Ismail & Scopus + Web Primary
transformational leadership and digital Karamanlioglu, 2026)  of Science Quantitative
organisational culture
Al for the underdogs: Navigating risk and growth Primar
8 in high-tech micro-firms through generative (Shahzad et al., 2026)  Scopus ay
e 1. . Qualitative
artificial intelligence
Al-enabled transformational leadership for Primary
9 improving healthcare workforce and performance  (Satish et al., 2025) Scopus Mixed-Methods
improvement
Al-savvy leadership for enhancing AI gtlllzat}on (Quttainah et al., Scopus + Web Primary
10 and employee engagement among digital natives 2025) of Science Quantitative
in the EdTech sector
An Al and NLP framework for extracting
leadership competencies and mapping Conceptual/
1 personalized training paths: A strategic approach (Shannaq etal, 2025) ~ Scopus Theoretical
for human resource development
An analysis on leadership and decision making
12 errors in the new artificial intelligence influenced ~ (Iordache et al., 2025) SCOp}lS + Web Concep’Fual/
- . of Science Theoretical
organizational environment
An efficient approach to innovation healthcare
. e e 1 . . . Conceptual/
13 leadership and artificial intelligence practical (Vinod et al., 2025) Scopus .
- Theoretical
applications
Art1f1C.1a1 %ntelh.gence (AI) strategies for (Hyiamang & Liu, Primary
14 organizational innovation, growth, and 2025) Scopus Qualitative
productivity: A multi-case study approach
15 Artificial intelligence in the workplace: A (Borkovich et al., Scopus Conceptual/
philosophical approach to ethics and integrity 2024) p Theoretical
Art.lflaal 1.ntel!1gence—dr1ven supply Fham Scopus + Web Primary
16 resilience in Vietnamese manufacturing small- and  (Dey et al., 2024) . o
. . . of Science Quantitative
medium-sized enterprises
Artificial 1nte111gence—suppo.rted l.eac%ershlp: A . Scopus + Web Primary
17 catalyst for team excellence in China’s fast-moving (Fengkuo et al., 2025) . o
. of Science Quantitative
consumer goods industry
1y sk inligoeespponed iucton of | (romancal,  Scopus Wb Prmary
proy pany 2023a) of Science Quantitative

performance in today’s VUCA environment
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N° Title Authors Indexation Study Type
19 Case investigation technology based on artificial (Ding, 2021) Scopus + Web Conceptual/
intelligence data processing & of Science Theoretical
20 Changing aspects of the management of distance (Kesim, 2026) Scopus + Web Primary
education institutions during Al era: A case study ! of Science Qualitative
ChatGPT appropriation: A catalyst for creative (A. Thomas et al Scopus + Web Primar
21 performance, innovation orientation, and agile : v p. Y
. 2024) of Science Quantitative
leadership
Chatting with the CEO’s virtual assistant: Impact . .
22 on climate for trust, fairness, employee satisfaction, (Dutta & Mishra, Scopus ana]fy .
2021) Quantitative
and engagement
Combining sociocultural intelligence with artificial Scopus + Web Primar
23 intelligence to increase organizational cyber (Trim & Lee, 2022) of SIZience Qualita};ive
security provision through enhanced resilience
Command redefined: Neural-adaptive leadership o Scopus + Web Primary
24 in the age of autonomous intelligence (Riti et al., 2025) of Science Mixed-Methods
25 Data science in the management of healthcare (Faria et al., 2025) Scopus + Web Primary
organizations 7 of Science Quantitative
% Design of digital and intelligent financial decision (Jia et al., 2022) Scopus + Web Conceptual/
support system based on artificial intelligence v of Science Theoretical
Developing a digital transformation model to
o7 enhance the strategy development process for (Gaffley & Pelser, Scopus + Web Primary
leadership in the South African manufacturing 2021) of Science Quantitative
sector
Digital innovative healthcare during a pandemic
and beyond: A showcase of the large-scale and . Scopus + Web Primary
28 integrated Saudi smart national health command (Alharbi et al., 2025) of Science Qualitative
centre
Digital leadership: Towards a dynamic managerial . .
29 capability perspective of artificial (Hossain et al., Scopgs + Web Prlm'ary'
. . . o 2025a) of Science Qualitative
intelligence-driven leader capabilities
. . . - . . Primary
30 Digital transformation of military organisations (Vasilescu, 2025) Web of Science Qualitative
Driving innovations: Nursing leadership think . Scopus + Web Primary
3 tank explores Al solutions (Aldrich et al,, 2025) of Science Qualitative
Driving SCM and HR transformation with Al (Somanathan et al Primar
32 through the role of leadership and innovation as v Scopus Y
. 2025) Quantitative
mediators
Eavesdropping on UNESCO Al policy, leadership, Scopus + Web Primary
3 and ethics (Bean etal,, 2025) of Science Qualitative
Education, empowerment, and elevating nursing
voices: Nursing informatics leaders’ perspectives . Scopus + Web Primary
34 on the path forward with artificial intelligence in (Turchioe et al., 2025) of Science Qualitative
nursing
Empowering nurse leaders: Readiness for Al Scopus + Web Primar
35 integration and the perceived benefits of predictive  (Kotp et al., 2025) of SEience Quan tii]a tive

analytics
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N° Title Authors Indexation Study Type
Empowering organizational management with Conceptual /

36 artificial intelligence-enhanced data analytics (Rais et al., 2025) Scopus %
solutions Theoretical
Ethical implications of artificial intelligence (Hassanien et al Primar

37 accessibility in the United Arab Emirates: Bridging ssanien et ak, Scopus ary

.. .. 2025) Quantitative
the digital divide
Evaluating and modelling artificial intelligence and Primar

38 emotional intelligence to improve cybersecurity (Abidin et al., 2025)  Scopus Quan tii,a tive
employee ethical competence model
Evolution from human virtual teams to artificial Primar

39 virtual teams supported by artificial intelligence: (Flak & Pyszka, 2022)  Web of Science Qualita}’iive
Results of literature analysis and empirical research
E tive insights in th f Al and global .

40 di;ifll;ii\i)enl'nlillagvi;altrilng ecﬁfre%?e tec?l?lolfc;)goy aand (Gregory et al., 2026) Scopus + Web Primary
strategy ’ ’ ’ ’ of Science Qualitative
Faithful innovation: Negotiating institutional Scopus + Web Primar

41 logics for Al value alignment among Christian (Cheong & Liu, 2025) P! ay

. . of Science Qualitative
churches in America
Generative Al integration in leadership practice: Scopus + Web Conceptual/

42 Foundations, challenges, and opportunities (Tabata etal,, 2025) of Science Theoretical
Healthcare leaders’ experiences of implementing .

43 artificial intelligence for medical history-taking and  (Siira et al., 2024) Scop}ls + Web Prlmgry'

. . : . . . of Science Qualitative
triage in Swedish primary care: An interview study
Healthcare leadership in the modern age of Conceptual /

44 artificial intelligence: Are we organizationally (Iannello, 2026) Scopus P
ready? Theoretical
Healthcare professionals’ perceptions of future sk Scopus + Web Primary

5 leadership in digital healthcare: A qualitative study (Maattd et al., 2026) of Science Qualitative
How does cost leadership strategy suppress the Primar

46 performance benefits of explainability of Al (Talaei et al., 2024) Web of Science Quan tii]a tive
applications in organizations?

How task-Al fit influences hotel employees’ job Scopus + Web Primar
47 crafting and self-esteem threat: The moderating (Lu & Currie, 2026) P! Y
. of Science Quantitative
effect of leader Al crafting
Identification of important factors in an inpatient

48 fall risk prediction model to improve the quality of (Lindberg et al., Scopus + Web Primary
care using EHR and electronic administrative data: 2020) of Science Quantitative
A machine-learning approach
Implementation of artificial intelligence and the Primar

49 roles of educational leadership: Investigating the ~ (Ali, 2025) Web of Science Quali ta};ive
expectations of kindergartens’ principals
Influence of artificial intelligence on engineering S + Web Primar

50 management decision-making with mediating role (Abositta et al., 2024) copus ¢ ay

. . of Science Quantitative
of transformational leadership
Information and communication technology
S . . . Conceptual/
51 medicine: Integrative specialty for the future of (Jongen, 2023) Web of Science Theoretical

medicine
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Table 1. Cont.
N° Title Authors Indexation Study Type
50 .Innox'fatlon and design in the age of artificial (Verganti et al., 2020) Scop}ls + Web Concep’.rual /
intelligence of Science Theoretical
Institutionalizing predictive Al in public Primar
53 administration: Algorithmic governance and the (E. Kim, 2026) Scopus Jmaty
s . Mixed-Methods
case of a wildfire forecasting system
Integrating artificial intelligence into a talent .
54 management model to increase the work (RoZzman et al., 2022) SCOp}lS + Web analjy .
. of Science Quantitative
engagement and performance of enterprises
Integration of transformative leadership, artificial Primar
55 intelligence, and the TPACK framework for (Alshamsi, 2025) Scopus Qualita};ive
efficient pedagogy: A documentary analysis
Leadership in Al terminology governance: From (Haskell & Clark, Scopus + Web Primary
56 . . o
anomia to agency 2025) of Science Qualitative
57 Leadership in radiology in the era of technological ~(Wichtmann et al., Scopus + Web Conceptual/
advancements and artificial intelligence 2026) of Science Theoretical
Lesso'n.s on Al implementation frorp senior chm.cal (Stogiannos et al., Scopus + Web Primary
58 practitioners: An exploratory qualitative study in 2025) of Science Qualitative
medical imaging and radiotherapy in the UK
59 Making Al work for government: Critical success  (Brillianto et al., Scopus Primary
factors analysis using R-SWARA 2024) p Quantitative
Maximizing employee engagement through
60 artificial intelligent organizational culture in the (RoZman et al., Scopus + Web Primary
context of leadership and training of employees: 2023b) of Science Quantitative
Testing linear and non-linear relationships
Military prudence and technological Conceptual /
61 disruption—the ethics of change management in the (Hovd, 2025) Scopus P
>t Theoretical
military
Moving beyond ‘proof points’: Factors .
Y . Scopus + Web Primary
62 underpmmr}g Al-enabled business model (Black et al., 2024) of Science Mixed-Methods
transformation
Non-hierarchic leadership collaboration: Exploring
the adoption of Al-driven social networking for . Scopus + Web Primary
63 addressing social challenges in an (Basilio et al., 2025) of Science Mixed-Methods
extra-organizational environment
Not all that can be automated should be Conceptual /
64 automated: Strategic minimalism as a disciplined  (Frimpong, 2025) Scopus Theoreptical
and ethically grounded approach to Al adoption
Perceptions and knowledge of machine learning
for paediatric related decision support in Scopus + Web Primary
65 emergency care: A UK and Ireland network survey (Leonard etal,, 2026) of Science Quantitative
study of clinician leaders
Perspectives and experiences of nurse managers on
66 the impact of artificial intelligence on nursing work  (Goktepe & Sarikose, Scopus + Web Primary
environments and managerial processes: A 2025) of Science Qualitative
qualitative study
67 Platform government in the era of smart (S. Kim et al., 2022) SCOp}lS + Web Concep?ual /
technology of Science Theoretical
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N° Title Authors Indexation Study Type
Predictive analysis of the psychological state of .
68 charismatic leaders on employees” work attitudes (Y. Liu & Song, 2022) SCOP}JS + Web analjy .
pe 1 ) . . of Science Quantitative
based on artificial intelligence affective computing
Principles of responsible digital implementation:
69 Developing operational business resilience to (Cheng et al., 2024) Scopgs + Web Concep.tual/
; C . of Science Theoretical
reduce resistance to digital innovations
Psychplogy of lea.dershlp : Undersfcapdmg AI. (Abdelfattah et al., Scopus + Web Primary
70 adoption, self-efficacy, green creativity, and risk . o
. , . 2025) of Science Quantitative
perception among Oman’s business bosses
Redeflm‘ng the (?hgltal'fr.ontler: Digital le?dershlp, ' Scopus + Web Primary
71 Al and innovation driving next-generation (Seraj et al., 2025) . o
. 1 of Science Quantitative
tourism and hospitality
7 Relational leadershlp in th.e age of Al: Rethinking (Kaan et al., 2025) Scop-us + Web Concep’Fual /
pedagogy for medical affairs of Science Theoretical
Robotic digitalization and business success: The
73 central role of trust and leadership in operational ~ (Gonzélez-Mohino Scopus + Web Primary
efficiency—A hybrid approach using PLS-SEM and et al., 2024) of Science Mixed-Methods
fsQCA
74 Strategic leadership at high altitude: Investigating  (Bevilacqua et al., Scopus + Web Primary
how Al affects the required skills of top managers  2026) of Science Qualitative
Success factors to deliver organizational digital Conceptual /
75 transformation: A framework for transformation (Philippart, 2022) Web of Science P
. Theoretical
leadership
76 The crucial role of explainable artificial intelligence  (Johannssen & Scopus + Web Conceptual/
(XAI) in improving health care management Chukhrova, 2025) of Science Theoretical
The education leadership challenges for . Conceptual/
77 universities in a postdigital age (Ellis, 2025) Scopus Theoretical
s Dhepiurceof il nllgone diven | ouincrl, Stopuse Wb Conepul
P P b 2025b) of Science Theoretical
research agenda
79 The positive effects of employee Al dependence on (J. Liu et al., 2025) Scopus + Web Primary
voice behavior: Based on power dependence theory v of Science Mixed-Methods
The rise of Al-assisted instructional leadership: Scopus + Web Primar
80 Empirical survey of generative Al integration in (Berkovich, 2025) P! Y
; of Science Quantitative
school leadership and management work
81 The role of Al in digital leadership: New (Ingaldi & Ulewicz,  Scopus + Web Conceptual/
competencies of leaders 2025) of Science Theoretical
Th(? rc?le 9f leadership .a‘nd communication 1'n,AI (Alshahrani et al., Scopus + Web Primary
82 assimilation: Case studies from Saudi Arabia’s . T
. . 2025) of Science Qualitative
public sector organizations
The roles of Al and educational leaders in Scopus + Web Conceptual /
83 Al-assisted administrative decision-making: A (Dai et al., 2025) P P
o . of Science Theoretical
proposed framework for symbiotic collaboration
84 V1sual. sto.rytelhng and explamajble }ntelllgence in (Kashyap et al., 2025) Scopus Concep’.rual /
organizational change communication Theoretical

Based on comparative analysis and cross-study synthesis of the 84 included studies,

three overarching themes were identified to structure the qualitative narrative integra-
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tion and to clarify the main ways in which Al is reshaping leadership in organizations.
These themes provide a coherent organizing framework for the synthesis by capturing
recurrent patterns across heterogeneous empirical and conceptual contributions, while pre-
serving sensitivity to contextual variation across sectors and study designs. Importantly, the
three-theme structure reflects stable higher-order regularities observed across the corpus;
however, theme labels and boundaries were finalized only after iterative full-text coding,
constant comparison, and verification of cross-study coverage and internal coherence. Ac-
cordingly, the sections that follow present the synthesis organized around: (i) Al-augmented
decision-making, (ii) leadership competencies and role shifts, and (iii) ethical challenges
(including accountability and oversight considerations), with the specific subthemes and
linkages within and across these themes derived inductively from the extracted evidence
rather than assumed in advance. Across the final corpus (n = 84), the included evidence
spans quantitative, qualitative, mixed-methods, and conceptual/theoretical contributions.
This distribution suggests that Al-leadership scholarship is developing through multiple
methodological logics rather than converging on a single empirical template, which rein-
forces the suitability of mechanism-oriented integration across diverse study designs. This
methodological mix also has direct implications for interpretation within each analytical
dimension. Quantitative studies most often contribute empirical signals about associations
between leadership-related factors and Al-related outcomes (e.g., readiness, engagement,
performance, or adoption-related variables), whereas qualitative studies typically illumi-
nate implementation processes, sensemaking dynamics, and contextual constraints that
condition leadership work under Al integration. Conceptual/theoretical contributions
primarily advance organizing frameworks and normative or design-oriented arguments
that clarify role reconfiguration, accountability allocation, and interpretive requirements,
while mixed-methods studies frequently bridge these perspectives by combining empirical
patterns with contextual explanation. Accordingly, convergent patterns observed across
designs are treated as more robust regularities, while design-specific insights are used
to articulate mechanisms and boundary conditions in a way that remains faithful to the
heterogeneity of the evidence base. Table 2 provides a compact synthesis of inductively
derived subthemes within each analytical dimension and identifies representative studies
to support transparent traceability across the final corpus.

Table 2. Compact thematic synthesis table: analytical dimensions, subthemes, integrative insights,
and representative studies (final corpus: n = 84). Representative studies are illustrative rather
than exhaustive.

Analytical
Dimension

Representative Studies

Subtheme Integrative Synthesis (Compact) (APA In-Text)

Al-augmented
decision-making

Decision support &  predictive analytics that structure
predictive analytics  routine judgments and enable faster,

Al most commonly augments leaders

via decision-support systems and (Alharbi etal., 2025; Dey

et al., 2024; Dutta & Mishra,
2021; Lindberg et al., 2020;
Satish et al., 2025; Siira

data-grounded choices across et al.,, 2024)

operational and strategic levels.

Al-augmented
decision-making

Al-enabled augmentation is linked to

Strategic .. . . (Black et al., 2024; Gaffley &
. digital transformation, innovation, and .
transformation & . . L Pelser, 2021, 2025; Hossain
. . business-model adaptation, positioning .
nnovation leaders to reconfigure strategy and etal, 2025a; Hyiamang &
enablement & 8y Liu, 2025; Philippart, 2022)

operating models.

https:/ /doi.org/10.3390/admsci16040173


https://doi.org/10.3390/admsci16040173

Adm. Sci. 2026, 16, 173

18 of 38

Table 2. Cont.

Analytical
Dimension

Subtheme

Integrative Synthesis (Compact)

Representative Studies
(APA In-Text)

Al-augmented
decision-making

Generative Al and
partial delegation of
authority

Generative and autonomous systems
extend augmentation into
communication, ideation, and partially
delegated decision authority,
intensifying the need for calibrated
autonomy and human oversight.

(Cheong & Liu, 2025; Flak
& Pyszka, 2022; Riti et al.,
2025; Shahzad et al., 2026;
Ulkii & Erol, 2025; Verganti
etal., 2020)

Leadership
competencies & role
shifts

Al/data literacy as
baseline competence

Leaders increasingly require Al and data
literacy to interpret algorithmic outputs,
recognize limits, and translate insights

into decisions and workflow integration.

(Alshamsi, 2025; Gaffley &
Pelser, 2021, 2025; Kesim,
2026; Quttainah et al., 2025)

Leadership
competencies & role
shifts

Decision architect,
coordinator,
boundary spanner

Role reconfiguration shifts leaders
toward decision architecture (human—AlI
task allocation), cross-unit coordination,
and boundary spanning across technical
and operational stakeholders.

(Alharbi et al., 2025;
Bevilacqua et al., 2026;
Jongen, 2023; Riti et al.,
2025; Verganti et al., 2020)

As Al absorbs routine analytics, leaders’

relational work—communication (Borkovich et al,, 2024;
Leadership . - / Cheng et al., 2024; Dutta &
. Human-centric trust-building, empowerment, and . .
competencies & role . Mishra, 2021; Goktepe &
. change leadership engagement—becomes central to - . .
shifts T . Sarikose, 2025; Turchioe
effective implementation and workforce
et al., 2025)
acceptance.
Embedding Al in decisions raises
Accountability & responsibility-allocation and (Hovd, 2025; E. Kim, 2026;
Ethical challenges contestability under  contestability challenges, especially Riti et al., 2025; Vasilescu,
delegation where authority is partially delegated 2025)
and decisions operate at speed.
Opacity (“black box”) undermines U oha.nnssen & Chukhrovz.a,
Opacity, legitimacy and trust; explainability and 2025; Kashyap et al., 2025;
. N . o i S. Kim et al., 2022; Talaei
Ethical challenges explainability, and interpretability are positioned as L
legiti o pe . et al., 2024; Ulkii & Erol,
egitimacy safeguards that support justification, s
. . . 2025; Wichtmann et al.,
oversight, and calibrated reliance.
2026)
Bias. fairness Bias and distributive fairness risks, (Arrooqi & Miqad Alrugqi,
riV’a v and ! alongside privacy and compliance 2025; Hassanien et al., 2025;
Ethical challenges Irje ula?clé)r constraints, condition acceptable Leonard et al., 2026; Petrat
Coi S trainils adoption in HR, public-sector, and et al.,, 2022; Satish et al.,

high-stakes healthcare contexts.

2025)

4.3.1. AI-Augmented Decision-Making
Analytical Enhancement and Predictive Decision Support

Across the corpus, Al-augmented decision-making is the clearest mechanism for
translating “Al integration” into observable changes in leadership and managerial work.
Where modalities are specified, AI most often functions as decision support (e.g., assis-
tants, dashboards, structured recommendation systems) and/or predictive analytics (e.g.,
forecasting, risk profiling, early warning), deployed at operational, strategic, or combined
decision levels (e.g., healthcare command systems that shape both frontline allocation
and system-wide planning). Operational augmentation is particularly visible where Al
structures routine judgments and reduces subjective variability. For instance, algorithmic
evaluation systems (e.g., neuro-fuzzy profiling) are presented as increasing objectivity and
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transparency in performance appraisal and as guiding development and advancement
decisions (Escolar-Jimenez et al., 2019). Decision-support assistants in leadership contexts
also foreground operational gains via more frequent, real-time interaction and feedback
loops, with reported improvements extending beyond speed to perceived fairness and
trust in HR-relevant processes (Dutta & Mishra, 2021). In education administration, Al
is framed as a decision-support layer to streamline administrative work and improve
resource distribution; simultaneously, ethical considerations and trust are positioned as
core readiness conditions for leaders adopting such tools (Alshamsi, 2025; Arrooqi & Miqad
Alrugqi, 2025; Dai et al., 2025). In other operational domains, Al-enabled decision support
and predictive techniques are positioned as compressing analysis cycles and improving
accuracy (e.g., public-sector investigative decision support via data mining; administrative
risk processing in government settings) (Brillianto et al., 2024; Ding, 2021). At strategic
and cross-level interfaces, predictive analytics is repeatedly tied to forecasting, risk profil-
ing, and resource orchestration—framing Al as an enabler of faster, more data-grounded
strategic choices under uncertainty. Supply-chain work explicitly describes Al-powered
decision support and predictive techniques as reducing response time and augmenting
managerial decision-making through data-driven recommendations and automated rea-
soning/forecasting for uncertain choices (Dey et al., 2024). In healthcare system leadership,
Al-enabled infrastructures are described as enabling rapid resource assessment and coordi-
nated decision-making across units, supporting triage and placement, as well as proactive
capacity management (Alharbi et al., 2025). Related healthcare settings similarly position
Al as decision support for triage/history-taking and predictive risk assessment, while
noting operational limitations (e.g., challenges in prioritizing complex cases) that constrain
the reliability of Al outputs without careful calibration (Lindberg et al., 2020; Siira et al.,
2024). Strategic augmentation is also foregrounded in digital transformation and leadership
capability perspectives, where Al (often via analytics and predictive models) is framed as
increasing the volume and quality of decision-making and enabling strategic innovation
and business model adaptation (Black et al., 2024; Gaffley & Pelser, 2021, 2025; Hossain
et al., 2025a; Hyiamang & Liu, 2025; Philippart, 2022).

Automation, Generative Al, and Partial Delegation of Authority

Generative Al and algorithmic decision-making mark the boundaries of the aug-
mentation spectrum. Generative Al is treated as augmenting decision work enacted
through communication, ideation, and rapid synthesis: in crisis communication, it gener-
ates executive-style messaging and solution proposals to enable real-time communication
and preparedness via predictive risk analysis (Ulkii & Erol, 2025). In micro-firms, generative
Al s linked to operational resilience and strategic agility, but its effectiveness is constrained
by data quality and cost, underscoring that “augmentation” requires a minimum capability
and infrastructure foundation (Shahzad et al., 2026). In value-laden organizational environ-
ments, leaders emphasize preserving human agency and authority while using generative
tools to improve efficiency (Cheong & Liu, 2025). In contrast, algorithmic decision-making
contributions explicitly discuss partial delegation of decision authority to Al systems (e.g.,
“algorithmic leadership” constructs and automation of leadership functions) (Flak & Pyszka,
2022; Riti et al., 2025; Verganti et al., 2020). Finally, explainability-oriented contributions
position XAl-enabled decision support as strengthening transparency and trust calibration—
particularly relevant when decision legitimacy depends on understanding the model’s
rationale (Johannssen & Chukhrova, 2025; Kashyap et al., 2025).
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Human-AlI Decision Cycles: Sensing, Sensemaking, and Seizing

Mechanistically, the corpus supports interpreting Al-augmented decision-making as
reshaping leadership decision cycles through sensing, sensemaking, and seizing. Sensing
is strengthened when Al expands monitoring and forecasting capacity through real-time
data aggregation, predictive modeling, and early warning systems, enabling earlier detec-
tion of risks/opportunities and reducing response times (Alharbi et al., 2025; Dey et al,,
2024; Kesim, 2026; S. Kim et al., 2022; Trim & Lee, 2022). Sensemaking is reconfigured
when Al translates complex and high-volume information into interpretable patterns and
ranked alternatives—such as analytics insights used for managerial problem-solving and
opportunity identification (Hossain et al., 2025a), decision-support reports used in clinical
triage/history-taking (Siira et al., 2024), or Al systems that generate structured recom-
mendations in administrative decision processes (Dai et al., 2025; Jia et al., 2022). Seizing
occurs when leaders and organizations convert these model-mediated interpretations into
allocation decisions, workflow redesign, or communication actions—especially salient
in crisis contexts and in system coordination settings (Alharbi et al., 2025; Satish et al,,
2025; S. Kim et al., 2022). Across these mechanisms, the most frequent reported impacts
are speed/timeliness gains and accuracy/objectivity improvements, with more selective
but important effects on coordination (e.g., cross-unit alignment), authority /power (e.g.,
delegation and changing reliance structures), and oversight (e.g., governance requirements)
(Dey et al., 2024; S. Kim et al., 2022; J. Liu et al., 2025; RoZman et al., 2023a).

Ethical Moderation and Boundary Conditions Shaping Augmentation Outcomes

Boundary conditions consistently moderate whether these mechanisms yield per-
formance benefits or generate new vulnerabilities. First, data quality and infrastructure
constrain augmentation: generative Al benefits are explicitly limited by data quality and
implementation cost in micro-firms (Shahzad et al., 2026), and clinician-leader evidence
highlights bias, accuracy, and insufficient IT infrastructure as barriers to safe adoption of
ML decision support in emergency workflows (Leonard et al., 2026). Second, governance
and accountability design shape whether Al-driven speed/accuracy becomes institution-
ally legitimate. Public administration research highlights tensions between Al-driven
efficiency and accountability norms, with institutionalization remaining uneven where
accountability is unclear or integration mechanisms are weak (E. Kim, 2026). Military and
public-sector transformation work similarly foregrounds ethical oversight challenges asso-
ciated with delegation to non-human agents, emphasizing that decision architectures must
be “ethical by design” if they are to be used responsibly at speed (Hovd, 2025; Vasilescu,
2025). Complementarily, work on XAI and governance frames explains how explainability,
validation, and continuous evaluation serve as safeguards enabling the responsible use of
Al recommendations in management and high-stakes decision settings (Hassanien et al.,
2025; Johannssen & Chukhrova, 2025; Jongen, 2023; Kashyap et al., 2025; Wichtmann et al.,
2026). Third, leadership readiness and capability alignment determine whether Al aug-
mentation improves decisions or amplifies error risk. Leadership readiness is associated
with perceived benefits and trust (Arrooqi & Miqad Alrugqi, 2025; lannello, 2026; Kotp
et al., 2025), while Al-savvy or transformational leadership is repeatedly positioned as
enabling this translation of Al potential into actual decision improvements (Abositta et al.,
2024; Quttainah et al., 2025; Rozman et al., 2022; Somanathan et al., 2025). For leadership
practice and theory, the cumulative implication is a shift from leaders as primary analysts
to leaders as decision architects: those who design the human-Al division of labor, calibrate
autonomy thresholds, and institutionalize oversight and explainability to sustain trust
and accountability (Frimpong, 2025; Kashyap et al., 2025; Riti et al., 2025). This includes
disciplined choices about what to automate and what to retain for human judgment, how
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to validate and monitor model outputs, and how to align Al-augmented decisions with
organizational goals and stakeholder expectations. In parallel, several studies suggest the
potential for shifts in authority and power relations as Al becomes an alternative source
of informational and cognitive resources (e.g., reducing informational asymmetry and
changing leader—follower reliance) (J. Liu et al., 2025; Petrat et al., 2022).

4.3.2. Evolution of Leadership Competencies
Emergent Competency Clusters Under Al Integration

A dominant pattern is the growing salience of Al literacy and data literacy as base-
line leadership capabilities. Multiple studies depict leaders as increasingly required to
interpret and act on algorithmic insights, whether through predictive models, analytics
dashboards, or Al-mediated administrative tools (Alshamsi, 2025; Gaffley & Pelser, 2021,
2025; Kesim, 2026). In education settings, Al is positioned as streamlining administrative
processes via data analysis and machine learning, with leader readiness shaped by per-
ceived benefits, trust, and ethical concerns—implying that competent adoption requires a
working understanding of Al’s informational value, limits, and institutional consequences
(Ali, 2025; Arrooqi & Miqad Alrugqi, 2025; Dai et al., 2025). In healthcare and clinical
domains, leadership competence is repeatedly framed as spanning both technological
and organizational fluency: leaders’ capacity to implement Al depends on integrating
tools into workflows and supporting professional autonomy while addressing operational
constraints (lannello, 2026; Maittad et al., 2026; Siira et al., 2024; Stogiannos et al., 2025).
Moreover, it is relevant to also consider strategic sensemaking and systems thinking, where
Al shifts decision work from isolated judgments to ongoing interpretation of dynamic
data streams and scenario outputs. In manufacturing transformation frameworks, leaders
are portrayed as needing to understand how Al-enabled technologies (e.g., industrial Al,
digital twins, infrastructure layers) reshape operational systems and workforce alignment,
pushing leadership toward holistic digital transformation capability rather than episodic
“tool adoption” (Gaffley & Pelser, 2021; Gaffley & Pelser, 2025). In tourism and hospi-
tality, Al is explicitly framed as a conduit that operationalizes leadership intent through
data-driven sensing and predictive/automation technologies, implying that leaders must
translate strategic aims into reconfigured workflows and resource allocation (Seraj et al.,
2025). These demands are echoed in work emphasizing proactive leadership and strategic
discipline as conditions for Al-enabled transformation, rather than passive “support” alone
(Black et al., 2024; Hyiamang & Liu, 2025; Philippart, 2022). A further competency domain
to consider is ethical judgment and governance capability, which is repeatedly cited as the
critical complement to technical proficiency. Several studies foreground ethical stewardship
and accountability design as necessary to sustain legitimacy when Al mediates or partly
automates decisions (Borkovich et al., 2024; Frimpong, 2025; Hovd, 2025; Riti et al., 2025).
In government and public systems, Al integration is shown to create tensions between
efficiency and accountability norms, requiring leaders to establish integration mechanisms
and responsibility allocation that institutionalize rather than rely on ad hoc use (S. Kim
etal., 2022; E. Kim, 2026; Brillianto et al., 2024). Explaining and auditing Al becomes impor-
tant where decision consequences are high-stakes: XAl-oriented contributions emphasize
interpretability, bias detection, and governance safeguards as enabling oversight, coordina-
tion, and shared understanding of recommendations (Hassanien et al., 2025; Johannssen &
Chukhrova, 2025; Jongen, 2023; Kashyap et al., 2025; Wichtmann et al., 2026). Related work
stresses leaders’ responsibility for “terminology governance” and sensemaking—naming
and communicating Al tools in coordinated ways to maintain agency and ethical clarity
during adoption (Haskell & Clark, 2025). Additionally, concerns related with human-
centric leadership capabilities—communication, trust-building, emotional intelligence,
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and relational /mentorship work—become more salient as Al absorbs routine analytical
tasks. Studies depict leaders as needing to cultivate trust climates and reduce resistance
through training, communication, and attention to workforce concerns (Borkovich et al.,
2024; Cheng et al., 2024). Al-savvy leadership is framed as bridging technical tools with
workforce needs and engagement, aligning Al initiatives with core goals and fostering
data-driven innovation cultures (Fengkuo et al., 2025; Gonzalez-Mohino et al., 2024; Qut-
tainah et al., 2025). In healthcare leadership contexts, nursing informatics and nurse leader
perspectives highlight education, empowerment, and organizational culture as enabling
conditions for Al integration, with perceived benefits and readiness linked to training
and professional experience (Goktepe & Sarikose, 2025; Kotp et al., 2025; Turchioe et al.,
2025). Cybersecurity-focused work similarly frames competence as integrative: combining
Al-driven analytical capability with emotional and ethical awareness to make value-aligned
decisions in high-pressure contexts (Abidin et al., 2025).

Role Shifts and Practice Impacts

Collectively, the corpus supports three recurring role reconfigurations. First and fore-
most, leaders shift from analysts to decision architects, where the core contribution is design-
ing the human-—AlI division of labor, configuring autonomy thresholds, and institutionaliz-
ing oversight. This is explicit in algorithmic leadership models that emphasize adjustable
autonomy and built-in feedback loops (Riti et al., 2025), and in innovation/design work
where automation pushes human authority upstream to problem framing and direction-
setting (Verganti et al., 2020). Responsible adoption frameworks similarly emphasize
disciplined automation choices and “judgment retention” to preserve moral reasoning
when Al'’s precision tempts maximal automation (Frimpong, 2025). In parallel, XAI and
governance contributions depict leaders as stewards of legitimacy: ensuring algorithm
evaluation, deployment, maintenance, and interpretability so that Al-driven decisions
remain understandable and accountable (Johannssen & Chukhrova, 2025; Kashyap et al.,
2025; Wichtmann et al., 2026). Subsequently, leaders shift from controllers to coordinators,
as Al integration increases interdependence across functions and amplifies the need for
collaborative implementation. Evidence from system-level healthcare transformation un-
derscores that Al-enabled command structures facilitate multi-actor coordination among
clinicians, leaders, and units, suggesting leadership centered on orchestration and align-
ment rather than solely hierarchical control (Alharbi et al., 2025). Similar coordination
demands appear in clinical Al implementation (Stogiannos et al., 2025) and in public-sector
Al assimilation, where leadership attention allocation and communication mechanisms
shape implementation success (Alshahrani et al., 2025; Brillianto et al., 2024). In networked
leadership environments, Al tools are not automatically transformative; rather, outcomes
depend on socio-digital engagement and leaders’ ability to mobilize peer and collective net-
works, highlighting coordination as a core leadership function in Al-enabled collaboration
(Basilio et al., 2025). Ultimately, leaders shift from individual experts to boundary spanners
who connect technical specialists, operational users, and governance stakeholders. This
dynamic is explicit: operational leaders depend on technical staff for situational awareness
and ethically sound decisions, especially in high-speed Al-enabled systems (Hovd, 2025).
It also appears in health contexts where specialized roles (e.g., ICT doctors) are positioned
to validate, verify, and audit Al models, requiring leaders to integrate expertise across
disciplines rather than rely on single-domain authority (Jongen, 2023). The skill profile
“multi-level connector” and “ethics risk management” identified in strategic leadership
research further reinforces boundary spanning as central to Al transformation leadership
(Bevilacqua et al., 2026). These competency and role shifts are reported to have practice im-
pacts across the corpus: improved decision quality and timeliness where leaders effectively
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integrate Al into workflows (Alharbi et al., 2025; Satish et al., 2025); enhanced employee
climate and engagement where Al-enabled leadership supports fairness, trust, and par-
ticipation (Dutta & Mishra, 2021; Quttainah et al., 2025; RoZman et al., 2022; J. Liu et al,,
2025); and altered authority dynamics as Al reduces informational asymmetry and creates
alternative sources of guidance beyond human supervisors (J. Liu et al., 2025; Petrat et al.,
2022). At the same time, several studies caution that these benefits are contingent: resource
constraints, data quality, infrastructure, and regulatory demands can limit adoption or
amplify risks, particularly in SMEs and high-stakes public/clinical domains (Hassanien
et al., 2025; E. Kim, 2026; Leonard et al., 2026; Shahzad et al., 2026).

4.3.3. Ethical and Strategic Challenges
Accountability, Responsibility Allocation, and Contestability Under Delegation

Across the corpus, ethical challenges are primarily articulated as problems of account-
ability and contestability that emerge when Al systems augment—or partially supplant—
human judgment, especially where decision speed and scale increase faster than interpretive
and governance capacity (Hovd, 2025; E. Kim, 2026; Riti et al., 2025; Vasilescu, 2025). Multi-
ple studies highlight that as Al becomes embedded in operational and strategic routines,
who is responsible for decisions can become ambiguous, particularly when leaders rely on
algorithmic outputs that are difficult to interrogate or when decision authority is partially
delegated to automated systems (E. Kim, 2026; Riti et al., 2025; Vasilescu, 2025). This
“responsibility allocation” concern is reinforced in organizational settings where leaders
face mounting pressure to integrate Al into decision-making structures while also man-
aging the risks of misjudgment and error amid Al-era complexity (lordache et al., 2025;
Hovd, 2025; E. Kim, 2026). In high-stakes environments (defense, public administration,
and healthcare), the ethical risk is framed not only as abstract accountability but also as
operational harm from decisions taken at speed without sufficient situational awareness,
validation, or human oversight (Hovd, 2025; Johannssen & Chukhrova, 2025; Vasilescu,
2025; Wichtmann et al., 2026).

Opacity, Transparency, Explainability, and Legitimacy

Equally important is the ethical domain which concerns opacity, transparency, and
explainability, frequently framed as “black box” risks that reduce decision contestability,
weaken accountability, and erode stakeholder trust when Al recommendations cannot be
understood or justified (Johannssen & Chukhrova, 2025; Kashyap et al., 2025; S. Kim et al,,
2022; Ulkii & Erol, 2025). In crisis communication contexts, the literature explicitly warns
that opaque Al may decrease accountability and make it harder to question decisions,
particularly when generative outputs appear authoritative but remain difficult to trace to a
defensible rationale (Ulkii & Erol, 2025). In public-sector digital transformation and algo-
rithmic bureaucracy settings, transparency is linked to legitimacy and integrity norms, with
leadership framed as responsible for establishing data-sharing cultures and explainability
practices that sustain public trust (S. Kim et al., 2022; Brillianto et al., 2024; Alshahrani
et al., 2025). In organizational change communication, explainable intelligence is positioned
as enhancing accountability by exposing the logic behind Al suggestions and aligning
machine-generated recommendations with organizational objectives, while explicitly rec-
ognizing cultural resistance and integration frictions as governance barriers (Kashyap
et al., 2025). In healthcare management and radiology leadership, XAl and governance
structures are positioned as safeguards to ensure that decisions are not merely accurate
but also interpretable, fair, and continuously monitored as systems evolve (Johannssen &
Chukhrova, 2025; Wichtmann et al., 2026).
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Bias, Fairness, Privacy, Surveillance, and Human Agency

Furthermore, bias, discrimination, and distributive fairness, often presented as a risk
arising from biased training data, unequal model performance across groups, or organi-
zational incentives that prioritize efficiency over equity (Arrooqi & Miqad Alruqi, 2025;
Johannssen & Chukhrova, 2025; S. Kim et al., 2022; Petrat et al., 2022; Ulkii & Erol, 2025).
Studies in organizational leadership acceptance emphasize that discriminatory outcomes
can occur when Al is trained on deficient data sets, producing biased recommendations
(e.g., skewed hiring signals), and the evidence frames such risks as requiring explicit ethical
evaluation rather than being treated as technical “noise” (Petrat et al., 2022; Hassanien
et al., 2025). In education administration, bias and transparency concerns are positioned as
central to leadership readiness to adopt Al, implying that leaders” willingness to scale Al is
highly contingent on perceived fairness and the credibility of ethical safeguards (Arrooqi &
Migad Alruqi, 2025; Alshamsi, 2025). In cybersecurity and public-sector applications, bias,
discrimination, and concerns about public power are similarly emphasized, reflecting how
algorithmic decisions can reproduce inequities at scale when governance is not designed for
fairness (S. Kim et al., 2022; Abidin et al., 2025). Complementary contributions argue that
explainability can enhance fairness by helping detect bias in model logic and supporting
the evaluation of whether recommendations align with evidence-based and equity-oriented
guidelines (Johannssen & Chukhrova, 2025; Kashyap et al., 2025). Additionally, concerns
regarding privacy, data protection, and surveillance-related risks are foregrounded, partic-
ularly where Al relies on large-scale personal data and sensitive operational information
(Gaffley & Pelser, 2025; Johannssen & Chukhrova, 2025; Leonard et al., 2026; Satish et al.,
2025). Within the domain of digitally transforming manufacturing systems, privacy risks
are discussed alongside security concerns in human—cyber-physical systems, with privacy
protections (e.g., personal-data protection mechanisms) presented as governance-relevant
design requirements rather than downstream compliance tasks (Gaffley & Pelser, 2025).
In healthcare leadership and predictive analytics contexts, data privacy and regulatory
compliance are repeatedly framed as non-negotiable constraints that condition whether
Al-enabled decision systems can be implemented ethically and sustainably (Johannssen
& Chukhrova, 2025; Kotp et al., 2025; Satish et al., 2025). Regarding clinical ML decision-
support adoption, leaders highlight infrastructure and governance as prerequisites for safe
implementation, including addressing concerns about bias, accuracy, and the robustness
of information systems (Leonard et al., 2026). Moreover, across public-sector and multi-
sector Al adoption contexts, the discourse likewise links privacy to accountable governance
mechanisms (e.g., monitoring tools and transparency measures) that enable responsible
decision-making while meeting regulatory expectations (Hassanien et al., 2025; S. Kim
et al., 2022). Finally, the corpus surfaces ethical tensions around human agency, dignity, and
role integrity, emphasizing that Al integration can unintentionally devalue human judg-
ment or reshape authority relations in ways that undermine ethical legitimacy (Borkovich
et al., 2024; Cheong & Liu, 2025; Frimpong, 2025; Haskell & Clark, 2025). In education
contexts, leaders stress the continuing need for human interaction and monitoring even
when Al “makes decisions,” implying that legitimate leadership requires maintaining
human accountability and moral discernment (Ali, 2025; Kaan et al., 2025). In institutional
value-alignment settings, leaders explicitly frame Al use as acceptable only insofar as it
remains aligned with humane ends and does not compromise human-centered mission
logic, thereby positioning value alignment as an ethical constraint on adoption (Cheong &
Liu, 2025). In workplace ethics and integrity discussions, Al decisions are framed as capable
of producing cultural shock, job displacement anxieties, and trust erosion unless leaders
proactively support transparency and training as ethical practices (Borkovich et al., 2024;
Cheng et al., 2024). Complementary governance-oriented perspectives argue for disciplined

https:/ /doi.org/10.3390/admsci16040173


https://doi.org/10.3390/admsci16040173

Adm. Sci. 2026, 16, 173

25 of 38

restraint regarding what should be automated, including explicit decision protocols or
“judgment retention” approaches to preserve moral reasoning and interpretive discretion
in high-stakes decisions (Frimpong, 2025).

4.3.4. Integrated Synthesis of the Three Analytical Dimensions

Taken together, the three analytical dimensions—Al-augmented decision-making, lead-
ership competencies and role shifts, and ethical challenges—cohere into a single integrative
explanation of Al-driven leadership transformation as a hybrid decision phenomenon: Al
expands and accelerates decision processes, leaders reconfigure competencies and roles to
translate Al outputs into coordinated organizational action, and ethical pressures condition
legitimacy, acceptance, and authority dynamics across the human-AI decision interface
(Abositta et al., 2024; Alharbi et al., 2025; Borkovich et al., 2024; Dey et al., 2024; Dutta
& Mishra, 2021; Frimpong, 2025; E. Kim, 2026; Petrat et al., 2022; Quttainah et al., 2025;
Riti et al., 2025; Ulkii & Erol, 2025). This integrative synthesis emphasizes leadership—as
distinct from “governance” as a standalone focus—by foregrounding how leaders architect
decision architectures, orchestrate task allocation, and safeguard ethical accountability as
Al becomes embedded in organizational routines (Frimpong, 2025; Hovd, 2025; Riti et al.,
2025; Vasilescu, 2025). Crucially, the synthesis indicates a dynamic, mutually reinforcing
interaction among the three dimensions rather than three parallel “topics”. Al-augmented
decision-making accelerates and expands decision cycles, which increases the need for
leaders to reconfigure roles and competencies (e.g., decision architecture, coordination,
boundary spanning) to translate model outputs into coordinated organizational action.
These shifts, in turn, raise the salience of ethical challenges—accountability, contestabil-
ity, transparency, fairness, and human agency—because speed and partial delegation can
outpace validation and justification capacity. Ethical conditions then feedback into adop-
tion and use: perceived legitimacy, trust, and fairness shape whether Al is relied upon,
resisted, or constrained, thereby moderating realized performance benefits and authority
dynamics across the human-Al interface. The resulting theoretical insight is that leadership
outcomes under Al integration depend on the co-evolution of decision acceleration, role
reconfiguration, and ethically grounded legitimacy—not on Al capability in isolation.

A Unified Pathway: From Al-Enabled Decision Acceleration to Role Reconfiguration

Across contexts, Al-augmented decision-making functions as the proximal mechanism
translating Al integration into observable leadership change by compressing decision cycles
and increasing the feasibility of real-time or near-real-time analysis and response (Alharbi
etal., 2025; Dey et al., 2024; Ding, 2021; Kesim, 2026; Rozman et al., 2023a; Trim & Lee, 2022).
These decision-process shifts alter leadership work in two linked ways: first, they reallocate
attention from routine analytical processing toward higher-level judgment, coordination,
and human-centric leadership labor; second, they reconfigure authority and dependency as
algorithmic systems become alternative sources of informational and evaluative guidance
for employees and managers (Dutta & Mishra, 2021; ]. Liu et al., 2025; Petrat et al., 2022;
Rozman et al., 2022; Rozman et al., 2023b). Illustratively, decision-support assistants and
algorithmic evaluation systems are described as producing more frequent, data-grounded
feedback loops and more objective evaluation logics, reducing subjective variability and
enabling leaders to redirect decision time to more strategic and relational priorities (Dutta
& Mishra, 2021; Escolar-Jimenez et al., 2019; Petrat et al., 2022). In system-wide crisis
and healthcare coordination, Al-enabled infrastructures expand leaders’ ability to assess
resources rapidly and coordinate across units, intensifying the leadership demand for
orchestration rather than isolated problem-solving (Alharbi et al., 2025; Satish et al., 2025;
Stogiannos et al., 2025). The second dimension—leadership competencies and role shifts—
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explains why decision augmentation does not automatically yield superior leadership
outcomes. The corpus consistently suggests that Al augmentation raises the premium on Al
and data literacy (interpreting predictive outputs, understanding tool limitations), strategic
sensemaking (deciding which signals matter and which questions to ask), and change
leadership (integrating tools into workflows while maintaining engagement) (Alshamsi,
2025; Bevilacqua et al., 2026; Gaffley & Pelser, 2021, 2025; Hossain et al., 2025a; Quttainah
et al., 2025). These competencies underpin recurring role shifts: leaders move from analysts
to decision architects (designing human-AlI task allocation and autonomy thresholds), from
controllers to coordinators (aligning multi-actor workflows and collective action), and from
individual experts to boundary spanners (bridging technical specialists, operational users,
and ethical responsibilities) (Bevilacqua et al., 2026; Jongen, 2023; Riti et al., 2025; Verganti
et al., 2020). In education and healthcare settings, leaders are portrayed as responsible for
ensuring tool-workflow fit and for facilitating professional autonomy within Al-supported
processes, reinforcing that leadership effectiveness is contingent on interpretive competence
and implementation capability rather than tool presence alone (Ali, 2025; Maitta et al.,
2026; Siira et al., 2024).

Ethical Challenges as Conditioning Forces—Not an Add-On

The third dimension—ethical challenges—integrates with the first two by functioning
as a conditioning layer that shapes whether Al-augmented decision systems are accepted,
trusted, and sustainable in practice. Ethical issues arise most sharply when speed, scale,
or automation outpace leaders’ capacity to preserve accountability, transparency, fairness,
privacy, and human agency (Borkovich et al., 2024; Frimpong, 2025; Hovd, 2025; E. Kim,
2026; Vasilescu, 2025). In high-stakes contexts, the problem is framed as more than abstract
ethics: leaders risk operational harm and legitimacy loss if Al-enabled decisions cannot be
interrogated, if accountability is unclear, or if the system incentivizes efficiency at the ex-
pense of moral responsibility (Hovd, 2025; E. Kim, 2026; Vasilescu, 2025). In organizational
settings such as recruitment, supervision, and performance evaluation, acceptance of Al in
leadership roles is explicitly linked to concerns about monitoring and discrimination risks,
suggesting that ethical trust is a practical precondition for delegating decision-making
authority to algorithms (Petrat et al., 2022). Similarly, the climate effects of employee-facing
virtual assistants highlight how perceived fairness and trust can improve when Al reduces
interpersonal bias and enables employee voice, suggesting that ethical qualities (fairness,
responsiveness, procedural trust) can be experienced as direct leadership outcomes rather
than compliance constraints (Dutta & Mishra, 2021). Importantly, the corpus suggests
ethical challenges are amplified by the very role shifts Al demands: when leaders shift
toward decision architecture and orchestration, they also inherit responsibility for ensuring
that human judgment remains engaged where needed and that algorithmic outputs are
used in ethical ways consistent with organizational and stakeholder values (Cheong & Liu,
2025; Frimpong, 2025; Haskell & Clark, 2025; Riti et al., 2025). This is visible in contexts
where leaders explicitly defend human dignity and agency while leveraging generative
Al for efficiency, or where the ethical restraint stance emphasizes that not all automatable
decisions should be automated and that leaders must retain judgment in high-stakes situa-
tions (Cheong & Liu, 2025; Frimpong, 2025). Even where studies center on explainability
and transparency as mechanisms to strengthen trust in Al-informed actions, the leadership
implication is consistent: leaders must cultivate interpretability and contestability as part of
maintaining decision legitimacy and ensuring responsible leadership practice (Johannssen
& Chukhrova, 2025; Kashyap et al., 2025; Talaei et al., 2024; Wichtmann et al., 2026).
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Al-Augmented
Decision-Making

* Sensing & Predictive Analytics

Boundary Conditions That Integrate All Three Dimensions

Across the corpus, the integrated pathway is conditioned by boundary factors that
simultaneously affect decision augmentation, competency demands, and ethical risk expo-
sure. Data quality and infrastructure constrain Al benefits and increase ethical vulnerability
where model accuracy, bias, or reliability is uncertain, as evidenced in micro-firm adoption
constraints and clinician-leader concerns about bias, accuracy, and IT readiness for ML
decision support (Leonard et al., 2026; Shahzad et al., 2026). Sectoral stakes and regula-
tory intensity shape the salience of ethical responsibility and the urgency of competence
development: military and public administration contexts emphasize ethical adequacy
under speed and delegation, while healthcare emphasizes patient safety and workflow
integration, and education emphasizes human interaction and monitoring even when Al
supports decisions (Ali, 2025; Hovd, 2025; E. Kim, 2026; Siira et al., 2024; Vasilescu, 2025).
Organizational culture and leadership readiness condition adoption and outcomes; empiri-
cal work repeatedly indicates that trust, perceived benefits, and leadership engagement
mediate whether Al is integrated into daily practice and whether it produces productivity,
engagement, or innovation improvements (Arrooqi & Miqad Alruqi, 2025; Ismail & Kara-
manlioglu, 2026; Kotp et al., 2025; Quttainah et al., 2025; RoZman et al., 2022; Somanathan
etal., 2025). Figure 2 visualizes this integrated pathway by summarizing how the three ana-
lytical dimensions jointly explain Al-driven leadership transformation under the boundary
conditions identified across the corpus.

Leadership Competencies Ethical Challenges
& Role Shifts

® Decision Architect o Accowntability & Contestability

 Sensemaking & Interpretation ® Cross-Unit Coordinator ® Transparency & Bias
® Seizing & Action Acceleration ® Boundary Spanner e Privacy & Data Protection
L | |
v

Boundary Conditions

® Data Quality & Infrastructure ® Sectoral Stakes & Regulation ® Culture & Leadership Readiness

Figure 2. Integrated conceptual framework of Al-driven leadership as a hybrid decision phenomenon
(derived from the narrative integrative synthesis).

Research Propositions for Future Empirical Testing

The integrated synthesis supports treating Al-driven leadership as a hybrid decision
phenomenon in which algorithmic capability expands sensing, sensemaking, and seizing,
while leadership shifts toward the design and stewardship of the human-AI decision
architecture. Across the corpus, the most robust regularities emerge where decision ac-
celeration and analytic augmentation are paired with explicit role reconfiguration (e.g.,
decision architecture, coordination, boundary spanning) and with governance practices
that preserve legitimacy. The conceptual model (Figure 2) therefore implies that leadership
outcomes under Al integration depend not only on what Al can do, but on how leaders
configure the division of labor, autonomy thresholds, and oversight structures that translate
Al outputs into organizational action. In addition, a second recurring implication concerns
ethical conditioning. As Al moves from descriptive and supportive functions toward
more prescriptive recommendation logics, the practical question of “who is responsible”
becomes more salient, and contestability and explainability become central to trust calibra-
tion. The synthesis suggests that the speed and scale gains associated with Al can outpace
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interpretive and governance capacity, making ethical risks more likely when validation,
transparency, and accountability mechanisms are underdeveloped. This motivates propo-
sitions that link Al-enabled acceleration and delegation to heightened requirements for
explainability, monitoring, and responsibility allocation. Finally, the evidence indicates
that outcomes are shaped by boundary conditions and adoption dynamics. Data quality,
infrastructure readiness, and governance arrangements repeatedly appear as prerequisites
for reliable augmentation, particularly in high-stakes contexts where error costs are se-
vere. In parallel, leaders” Al/data literacy and change-oriented, human-centric capabilities
condition whether Al outputs are used appropriately and whether employees perceive
Al-mediated leadership as fair and trustworthy. Accordingly, the following propositions
formalize testable relationships connecting Al modality and maturity, leadership role shifts,
ethical governance requirements, and the contextual conditions under which Al-driven
leadership generates performance gains versus new vulnerabilities.

Proposition 1. As Al shifts from decision-support to prescriptive recommendations, the need for
formal accountability and contestability mechanisms increases.

Proposition 2. Al-driven acceleration of decision cycles improves efficiency, but ethical risks rise
when explainability and validation capacity does not keep pace with speed and scale.

Proposition 3. Leaders with higher Al and data literacy more effectively translate algorithmic
outputs into decisions aligned with organizational goals and stakeholder expectations, reducing
miscalibration-related error.

Proposition 4. As Al becomes integrated into strategic leadership functions, leadership work
increasingly shifts toward “decision architect” roles, including human—AlI task allocation, autonomy
thresholds, and governance design.

Proposition 5. In high-stakes contexts, the performance and safety benefits of Al depend more on
infrastructure, data quality, and governance arrangements than on algorithmic sophistication alone.

Proposition 6. Organizational acceptance of Al in leadership is mediated by perceived trust,
fairness, and transparency, shaping power dynamics and dependence relationships in the leader—
follower interface.

5. Implications, Limitations, and Future Research
5.1. Theoretical and Practical Implications

Based on the integrative synthesis reported above, these implications translate the
review’s insights into actionable guidance for leadership development and Al governance
design. This systematic review offers relevant contributions at both theoretical and practical
levels to understanding the emerging role of Al in organizational leadership. References
cited in this section serve to contextualize and extend the discussion and do not form part
of the systematic review corpus defined in Table 1. These external sources are used solely
to contextualize implications; the review’s themes, propositions, Table 2, and Figure 2
are derived exclusively from the final review corpus (n = 84). Consistent with the inte-
grated pathway (Section 4.3.4), the corpus indicates that leadership outcomes under Al
integration depend on the joint configuration of decision augmentation, role/competency
reconfiguration, and ethically grounded legitimacy. Practically, the synthesis suggests an
implementation pathway that is transferable across sectors: (1) diagnose decision criticality
and Al maturity (supportive vs. more prescriptive uses) to define where Al can augment
versus where human judgment must remain primary; (2) formalize decision rights through
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human-AI task allocation and autonomy thresholds (i.e., when Al informs, recommends, or
triggers action); (3) institutionalize oversight mechanisms—validation, monitoring, explain-
ability /contestability, and responsibility allocation—supported by leader Al/data literacy
and change leadership to sustain trust and adoption. In high-stakes settings (e.g., healthcare
and public administration), validation capacity and accountability clarity become primary
prerequisites for safe deployment; in people-management settings (e.g., evaluation, hir-
ing), fairness, privacy, and transparency are central to acceptance and legitimacy; and
(4) leadership development should prioritize Al/data literacy and human-centric change
capability to translate Al outputs into coordinated action while maintaining trust, fairness,
and accountability. Leaders who treat Al as merely a technical add-on risk creating faster
but less legitimate decision cycles, whereas leaders who cultivate Al-savvy, interpretive,
and human-centric competencies can translate augmented decisions into coordinated action
while stabilizing trust and acceptance (Borkovich et al., 2024; Dutta & Mishra, 2021; Qut-
tainah et al., 2025; Riti et al., 2025). The evidence also implies that Al can redistribute power
and authority by reducing informational asymmetry and providing alternative leadership
resources to employees, making leadership effectiveness depend more on orchestration,
communication, and ethical credibility than on exclusive control of information (J. Liu
et al., 2025; Petrat et al., 2022). Sectorally, the corpus suggests that as the stakes and speed
of decision-making rise, leadership must increasingly integrate Al-augmented sensing
and prediction with capability development and ethically grounded judgment to avoid
brittle, over-automated decision regimes (Alharbi et al., 2025; Hovd, 2025; Satish et al.,
2025; Vasilescu, 2025). By integrating perspectives from leadership theory, technology
adoption, and organizational behavior, the study contributes to consolidating a conceptual
synthesis that addresses gaps identified in the existing literature on leadership in Al-driven
contexts. In particular, the analysis shows that leadership in Al-mediated environments is
increasingly taking the form of a human-machine symbiosis, in which human judgment is
not replaced but reconfigured and renegotiated in light of intelligent systems” analytical
capabilities (Jarrahi, 2018). In this context, leadership styles are evolving towards more hy-
brid and adaptive approaches, requiring leaders to integrate algorithmic recommendations
into their decision-making processes without relinquishing critical oversight and strategic
responsibility (Sahoo & Sahoo, 2025). At the same time, Al-supported decision-making
implies a clear redefinition of accountability and reporting mechanisms, as the legitimacy
and ultimate responsibility for decisions remain anchored in human judgment (Scoggins,
2025). From a theoretical perspective, this article challenges traditional leadership models
by arguing that integrating Al is not only a decision-support tool but also a structural
element that transforms the very nature of leadership. The literature reviewed suggests a
transition from paradigms centered exclusively on the human leader to hybrid approaches,
in which decision-making emerges from the interaction between human capabilities and
intelligent systems, reinforcing the notion of leadership as a distributed process mediated
by cognitive technologies (Joshi, 2025a; Pandey, 2025). This perspective contributes to the
evolution of leadership theories by introducing the concept of Al-augmented leadership, in
which authority, responsibility, and cognition are dynamically shared between humans and
technologies, promoting emerging forms of collective intelligence and hybrid collaboration
(Suri, 2025a). Additionally, the study advances in clarifying the so-called responsibility gap,
highlighting the need for theoretical frameworks that explicitly address ethical accountabil-
ity in algorithm-mediated decisions. By integrating ethical and strategic dimensions into
the analysis of Al-driven leadership, the article contributes to the development of more
comprehensive theories capable of explaining emerging phenomena such as algorithmic
opacity, automated bias, and the redefinition of human judgment in complex organiza-
tional contexts, where leadership legitimacy is no longer associated solely with individual

https:/ /doi.org/10.3390/admsci16040173


https://doi.org/10.3390/admsci16040173

Adm. Sci. 2026, 16, 173

30 of 38

authority (Staniszewska & Galindo, 2024). Another relevant theoretical contribution lies
in identifying the evolution of leadership competencies as a central construct. The review
demonstrates that classic competencies, such as strategic vision or emotional intelligence,
remain relevant but are insufficient without complementary competencies, such as data
literacy, algorithmic understanding, and ethical sensitivity applied to technology. This
conceptual repositioning is in line with recent approaches that emphasize the need for
leaders capable of interpreting, questioning, and critically framing Al systems in organi-
zational processes, particularly in contexts characterized by high complexity and moral
hazard, paving the way for future empirical research on new types of competencies and
leadership styles in digitally transformed environments (Joshi, 2025b; Pandey, 2025). On
a practical level, the study’s findings offer clear guidance for organizations, leaders, and
policymakers facing the challenges of digital transformation. First, the evidence suggests
that the effective adoption of Al in leadership processes requires more than technological
investment; it requires the deliberate development of human capabilities that enable the
interpretation, questioning, and oversight of algorithmic recommendations, preventing
situations in which Al systems exceed their supporting role and unduly replace human
judgment (Suri, 2025b; Joshi, 2025a). Thus, leadership development programs should
integrate training in Al literacy, digital ethics, and collaborative human-machine decision-
making, strengthening leaders’ ability to manage highly complex technological contexts.
Second, the study highlights the importance of implementing robust Al ethical gover-
nance systems. Organizations that use Al in strategic processes should establish clear
mechanisms for transparency, auditing, and accountability to ensure that decisions remain
aligned with organizational values and broader social norms. Leadership plays a key role
here in promoting an organizational culture based on trust, fairness, and accountability,
supported by governance frameworks that articulate ethical principles, organizational
practices, and ongoing oversight of Al systems (Knight et al., 2025). Finally, the practical
implications extend to the design of organizational and public policies. Recent empirical
evidence shows that successful integration of Al into leadership depends on adaptive
regulatory and organizational approaches that can keep pace with rapid technological
evolution without compromising fundamental ethical principles, particularly in highly
digitized sectors such as finance (Awasthi, 2025). In this context, leaders are called upon
to act as mediators between innovation and social responsibility, promoting positive and
inclusive work cultures that reconcile algorithmic efficiency, human judgment, and de-
cision legitimacy (Suri, 2025c). In objective and scientific terms, this article contributes
to a deeper understanding of Al-driven leadership by offering a structured qualitative,
narrative (conceptual) synthesis of the evidence included in the review, that supports both
theoretical advancement and practical action. By recognizing the dual nature of AI, which
is simultaneously empowering and challenging, the study provides a solid foundation
for future research and for the development of more adaptive, ethical, and sustainable
leadership practices in increasingly digital organizational contexts.

5.2. Limitations and Future Research

This study focused on peer-reviewed publications with source traceability verified
through two curated academic databases (Scopus and Web of Science Core Collection).
Although these databases provide broad interdisciplinary coverage and reduce indexing
bias through cross-validation, limiting retrieval to two sources may still omit relevant
studies indexed elsewhere. Future research could include more databases in the search,
such as PubMed, IEEE Xplore, and the Directory of Open Access Journals (DOA]J) to further
broaden retrieval and reduce residual database selection bias. A second limitation concerns
the open-access full-text eligibility constraint, which was applied to ensure that all included
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evidence could be examined in full and that extraction and interpretation remain verifiable.
While this strengthens transparency and auditability, it may introduce availability bias by
under-representing paywalled scholarship. Future reviews could compare open-access and
non-open-access corpora to assess whether substantive thematic differences emerge and
to evaluate the sensitivity of the synthesis to access constraints. Future empirical research
could strengthen cumulative knowledge by developing more consistent operationaliza-
tions of Al integration in leadership work, clarifying outcome constructs, and testing the
propositions derived from the integrated synthesis across contexts and sectors. Finally,
the synthesis may be bounded by contextual concentration and reporting patterns in the
available literature. Sectoral differences (e.g., public administration, healthcare, educa-
tion, private-sector organizations) shape both the perceived value of Al augmentation and
the salience of ethical risks, which may condition the transferability of specific mecha-
nisms across settings. Future studies should therefore test boundary conditions explicitly,
including data quality and infrastructure readiness, sectoral stakes and regulation, and
organizational culture and leadership readiness, to clarify when Al-driven leadership pro-
duces performance gains versus new vulnerabilities. As time passes—and not a lot of time
is necessary, given how technology events are advancing so rapidly—additional ethical
concerns may well materialize. As one may register and has appeared in the media—AI
is indeed transforming how we operate. Will Al be fully embraced or will it be [heavily]
regulated? Future research may hence also focus on the pros and cons of Al namely (a)
benefits of its use; (b) benefits of its regulation. We are amid a tidal wave and between
excessive use of Al and its denial, society will have to decide what it accepts—and not
necessarily universally.

6. Conclusions

Al has already changed how we lead and make decisions. We are currently moving
further away from solely human-centered decision-making. Al is increasingly supporting
business and management decisions in a new hybrid decision-making environment. Albeit
the pathway forward needs to be a structured one as roles and skills evolve and ethical
questions are posed. Indeed, these themes spark a new debate on leadership and ethics.
As more people are using Al—and indeed becoming more dependent on Al as each day
passes—we are in a paradigm shift. Just as the Internet slowly became a part of our
lives and then a central part of our existence, so will Al’s continuous presence change
how we live. These radical innovations have gone beyond improving current market
offerings—they have changed how we operate, consume, travel, decide, and think, among
other things. Al, for example, offers unprecedented support and answers to questions by
leaders which erstwhile were perhaps only available via a superior coaching or mentoring
relationship, which could cost a lot of money and require a great investment in time.
Nowadays, this has changed. Individuals possessing advanced expertise in Al prompting,
combined with the financial resources required to access high-tier artificial intelligence
platforms—extending beyond freely available tools or standard subscription services and
potentially involving substantial monthly investments (at the level of a regular human
resource salary per month)—may acquire capabilities that significantly augment their
cognitive and productive performance, approaching what could be described as capability-
augmented actors. By capability-augmented actors we mean having the ability to decide
quickly and decisively without consulting another human being. Collaboration has hence
gained a new meaning. No longer is collaboration a term used only for human beings.
A leader’s mentor, coach, or even “best friend” may now be a machine or Al platform.
This presents new challenges as machines and Al platforms are subject to bias—it is just
a different type of bias which is now presented to us. Several years ago, a researcher
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named Geert Hofstede (1928-2020) presented us with a novel perspective on human beings
and how we function. By studying people in their work settings worldwide, Hofstede
concluded that people work differently along different cultural dimensions, despite other
work norms that should make work environments around the world quite uniform. This
is not the case. Similarly, Al platforms may give dissimilar advice and provide dissimilar
data in response to similar prompts—which may be misleading, to say the very least.
We are now facing a different type of bias that needs to be studied and researched as
thoroughly as we did human beings and culture. The notions of organizational culture
and national culture became central aspects of management and business, for example,
and as Al permeates society, we must know what cultural norms dominate certain types
of platforms—we need to address the origins and evolution of Al platforms. Al will
be making suggestions and giving advice based on their origin—which will be mainly
Chinese or North American (Harari, 2026). Furthermore, Al has reportedly learned how to
manipulate and lie—a prerequisite for survival for any organism (Harari, 2026). In whose
interest will Al make future decisions? It is naive to accept that AI will always act in the
best interest of who is seeking support—as Al is able to think for itself like the agent it is.
This is a new era we are witnessing. Not without its challenges and setbacks. Only time
will tell where we are going and where Al (with proven creative capabilities) will take
us in an ever-more technology-dependent world. Thus, the following issue may warrant
further research: what training in Al and critical thinking should be provided to leaders
in powerful positions making decisions that may impact significant numbers of people?
Dividing Al platforms into groups, segments, or Al cultures may be a future development.
We hope with our discussion to have provided a basis on which to build future societies
led by ethical and humane leaders—even considering that we run the risk of AI making
us less aware of where our decisions are coming from—in what is revealing itself as a
powerful “black hole”—or, at least a foggy, future horizon where much is still to be defined.
Governance and capability development are new concerns that organizations need to have
in view of increasing Al adoption. Responsible leadership training, and socially aligned
Al decisions will only occur with new transparent mechanisms and ethical frameworks
in place.
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