


The quantitative findings identify Trust (β .001), Hedonic Motivation (β

.001), and Social Influence (β

Intention, while Human Touch Preference (β −0.136, p



Os resultados quantitativos identificam a Confiança (β = 0,268, p < 0,001), a Motivação 

Hedónica (β = 0,209, p < 0,001) e a Influência Social (β = 0,166, p < 0,05) como determinantes 

que Humano (β = 

−0,136, p < 0,01) emerge como a principal barreira. A Utilidade Percebida não atingiu 
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Throughout this study, “gastronomy” refers to the full range of food and beverage service 



ot handling a customer’s food activates social interpretation processes 

A more specific gap is geographic and contextual. Germany, Europe’s largest economy and a 





) define them as “system

communicate and deliver service to an organization’s customers.” This definition draws a 





et al. (2019) frame this as a broader process of “disruption,” throu



(Seyitoğlu & Ivanov, 2020). Hotel food and beverage settings tell a similar story. Effective 



something about an operator’s relationship to technology and innovation, with effects that vary 

understate. Milohnić & Kapeš (2019) identify several barriers to broader adoption, including 

frequently report uncertainty about where their responsibilities end and the robot’s begin, and, 



al.’s (2021) meta



Rogers’ (2003) Diffusion of Innovations theory approaches adoption from a fundamentally 

existing alternatives, how compatible it feels with users’ existing habits and expectations, how 

DOI also operates at the population level in a way that TAM does not. Rogers’ bell

A robot’s 





Disruptive innovation, in Christensen’s original formulation



response to environmental change. A firm’s dynamic capabilities are its ab









The review served two purposes. First, it established the study’s theoretical foundations by 



deductive approach, grounded in Mayring’s 





plainly: “After two months the photo taking stopped, now it’s just a trolley that drives around.” 

06’s experience 



07’s 85



strategic framing across the dataset. “It carries the dishes; my team talks to the guests. Everyone 

”

07’s projects, 



– –



– –







igure 8 presents respondents’ perceptions of which tasks service robots are best suited to 



distribution of responses to the item “I would be fine with being serve

next time I go to a restaurant” (n





Cronbach’s alpha (α) was computed for all multi

Three constructs exceeded the conventional .70 threshold comfortably: Behavioral Intention (α 

= .827), Hedonic Motivation (α = .817), and Perceived Usefulness (α = .812). Perceived Ease 

of Use (α = .762), Trust (α = .785), and Compatibility (α = .753) met the threshold without 

qualification. Social Influence (α = .644) and Human Touch Preference (α = .691) fell 

Cronbach’s Alpha Reliability Coefficients

α

α = Cronbach’s alpha. Conventional threshold: α ≥ .70. SI and HTP fell below threshold due to two



Trust was the strongest predictor (β = 0.268, p < .001)



largest contributor (β = 0.209, p < .001), 

corroborating UTAUT2’s inclusion of enjoyment and novelty as core accep

Social Influence was also significant (β = 0.166, p < .05). Respondents who perceived robot 

with UTAUT’s normative pressure mechanism (Venkatesh et al., 2003

acceptance in this sample. Human Touch Preference exerted a significant negative effect (β = 

−0.136, p < .

did not reach the conventional threshold (β 

(β
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−

−

−
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Figure 11 illustrates respondents’ assessments of how well service robots fit into different 



level predictor in the regression (β = 0.268, p < .001),

nked second (β = 0.209, p < .001), confirming the relevance of 



would support, reinforcing Blöcher and Alt’s (2021) characterization of

Trust emerged as the dominant predictor of behavioral intention (β = 0.268, p < .001), 

largest contributor (β = 0.209, p < .001), indicating that enjoyment 

itively (β = 0.166, p < .05), confirming 

negative regression coefficient (β = −0.136, p < .01), HTP reflects a widespread





significance of both PU (β = 0.111, p = .076) and PEOU (β = 0.027, 



Motivation finding. With β = 0.209, Hedonic Motivation ranks second among all predictors, 



Its current significance (β = 0.166) reflects a market that has not yet reached the critical mass 



Preference scale was operationalized with two items, producing a Cronbach’s alpha below the 

conventional .70 threshold; this constrains the precision with which HTP’s independent effect 
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about the expert’s professional role and organizational context before narrowing to specific 



concerns in your customers’ decisions? (privacy and 









relevant to the research question, covering the expert’s assessment of customer acceptance 
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●
Technology Suppliers (n=8) ● Total (n=16) ●



●
Technology Suppliers (n=8) ● Total (n=16) ●

● = primary evidence (explicitly & prominently articulated)  |  (*) = inductive code (emerged from data via Gioia)  |  Bold = majority of group (≥ 5 of 8)
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reflect respondents’ average agreement on the 7

item scales cannot produce Cronbach’s alpha values above .70 by mathematical constraint when 



Cronbach’s alpha only and are not included here.

−.47) was the only construct negatively correlated with Behavioral Intention, consistent with 





VIF < 2 = Low; VIF < 5 = Acceptable; VIF ≥ 5 = Problematic. All values fall below the acceptable threshold. No 

✓

H₀: Homoscedasticity. p > .05 indicates the OLS assumption of homoscedastic errors is satisfied. The null hypothesis is 


