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ABSTRACT

Title of the dissertation: Effects of Product Characteristics and Brand Strength on Brand
Engagement in Instagram

Author: Maria de Azevedo da Cunha Carpinteiro Albino

Brands should focus their attention to SNS, allocating efforts into achieving a relevant and SMM
strategy. After all, only relevant and targeted content will obtain relevant engagement from its
consumers on SNS.

This dissertation aims to study the impact different types of product involvement (high and low
involvement products) and brand strength might have on the levels of consumers engagement with a
brand on SNS, namely Instagram. To this end, this study is divided into descriptive and explanatory
research methods.

Results of the study show that product involvement does not have an impact on consumer engagement
with branded content posts. However, product involvement has a significant impact on the willingness
to follow a brand. The level of consumer engagement with branded content was found to be
influenced by brand appeal and brand identity. Results show that brand strength has an impact on
consumer engagement, since stronger brands typically display lower levels of consumer engagement.
In conclusion, these findings are relevant for managers and marketers in allocating budget on social
media marketing and in optimizing the levels of consumer engagement for their branded content posts

on Instagram.

Keywords: Social Media Marketing; Social Networking Site; Product Involvement; Brand Strength;
Brand Appeal; Brand Identity; Instagram.



SUMARIO

Titlo da Dissertacao: Efeitos das Caracteristicas dos Produtos e a For¢a das Marcas no Envolvimento
dos Consumidores com as Publicagdes Feitas Pelas Marcas no Instagram.

Autor: Maria de Azevedo da Cunha Carpinteiro Albino

As marcas devem concentrar a aten¢do nas redes sociais, alocando esfor¢os para alcancar uma
estratégia de marketing relevante nas redes sociais. Afinal, apenas conteudo relevante e direcionado
obtera o envolvimento relevante dos consumidores nas redes sociais.

Esta dissertacao visa estudar o impacto que diferentes tipos de envolvimento do produto (produtos de
alto e baixo envolvimento) e a for¢a da marca podem ter nos niveis de envolvimento dos
consumidores com uma marca nas redes sociais, nomeadamente o Instagram. Para este fim, este
estudo ¢ dividido em métodos de pesquisa descritiva e explicativa.

Os resultados do estudo mostram que o envolvimento do produto ndo tem impacto no envolvimento
do consumidor com as publicagdes da marca. Contudo, o envolvimento do produto tem um impacto
significativo na vontade de seguir uma marca. O nivel de envolvimento do consumidor com o
contetido publicado pela marca ¢ influenciado pelo apelo da marca e pela identidade da marca. Os
resultados mostram que a for¢a da marca tem um impacto no envolvimento do consumidor, uma vez
que marcas mais fortes geralmente apresentam niveis mais baixos de engajamento do consumidor.
Em conclusao, essas descobertas sdo relevantes para gerentes e gestores de marketing na alocagao do
orcamento no marketing de redes sociais e na otimizagdo dos niveis de participacdo do consumidor

com as publicagdes feitas pelas marcas, no Instagram.

Palavras-Chave: Redes Sociais; Marketing das Redes Sociais; Envolvimento do Produto; Forca da

Marca; Apelo da marca; Identidade da marca; Instagram
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CHAPTER 1: INTRODUCTION

1.1 Background and problem statement

Social Networked Media (SNM) have been revolutionising marketing campaigns and the way
consumers interact with brands. Through them, brands can now communicate in a more personal,
close and diverse way with its consumers and in the process, get to know who they really are
(Tsimonis & Dimitriadis, 2014). Indeed, SNM is recognised to be the most valuable asset a brand
can currently have in terms of building relationships with both current and prospect consumers
(Kane, et al., 2009) and in terms of brand success (Phan et al., 2011).

Over the last decade, traditional, one-way marketing communications have evolved to a two-way,
peer-to-peer dialogue (Hutter et al., 2013), in which brands try to strengthen their relationships
with consumers by engaging with them via SNM platforms like Facebook, Twitter or Instagram.
As a result, consumers are moving from passive to active participants in digital marketing
initiatives.

Nowadays, brands are increasingly allocating efforts into SNM and, therefore, expecting high
levels of notoriety and engagement in the SNS (Wiertz and de Ruyter, 2007). That is why, when
joining a SNS, brands want to maximise their consumer engagement (Phua and Ahn, 2014). The
levels of engagement a brand has can be measured by the amount of likes, comments and shares
its content gets (Sabate et al., 2014). However, the measures of engagement are only key
performance indicators, not translating into sales figures, only measuring how well brands are
performing in SNS (Li, Bernoff and Groot, 2011; Latiff and Safiee, 2015). The engagement a
brand gets from its’ consumers is known as Consumer Brand Engagement (CBE) and besides de
forms of engagements seen previously, there is another one often forgotten by managers; that is
lurking, that occurs when a customer is engaged with a brand but not in an active way (Ferraro,
Interdonato and Tagarelli, 2014; Pongpaew, Speech and Tiangsoongnern, 2017).

The starting point of CBE is the consumer involvement with a product category, which is a primary
variable on the advertising strategy (Rothschild, 1979; Vaughn, 2000).

Brands are highly differentiated from each other, either by representing a high or low involvement
product or having different qualities or characteristics. The value of differentiation between brands
enables consumers to express their uniqueness in terms of the brands they choose to buy or

consume. People buy different brands for different purposes, asides form the main purpose of a



product, one being the pleasure and symbol of success a product or brand may give a consumer.
In fact, luxury products have been found to be bought due to their high symbol of success. (Lovett,
Peres and Shachar, 2013). However, no matter the product that is being bought, consumers brand
choice is sometimes affected by the availability of brands within a specific channel (Michaelidou
and Dibb, 2008).

Little research has been conducted on the effect of products or brand characteristics on consumers’
engagement with brands in SNM. Lovett and co-authors (2013) have studied the impact of brand
characteristics on Word-of-Mouth (WOM) generation, showing that the the higher the esteem,
quality or luxury associated to a brand, the more WOM will be generated; and, that premium
brands get more WOM than value brands. Other authors have focused on the effect that animosity
towards the brand has on purchase intentions for low vs high involvement products (Park and
Yoon, 2017), the impact of product characteristics on WOM generation (Dellarocas, Gao and
Narayan, 2010) and the influence of brand type on E-WOM generation (Godey et al., 2016). On
the other hand, brand strength has been studied by Brannon and Brock (2016) to increase
consumers involvement, and by Warrignton and Shim (2000) to increase the commitment of the
consumers, and therefore, the frequency of their interactions with brand posts. However, to the
best of our knowledge, no study has yet focused on how product or brand characteristics may
moderate consumers’ level of engagement with a brand on SNM.

Considering that product characteristics are the basis of most branded content in SNS, and that
they are the basis for the different product involvement categories, it is crucial to understand

whether high and low involvement products get the same levels of engagement from consumers.

1.2 Aim and Scope

This dissertation aims to study the impact of product and brand characteristics on consumers’
engagement with brands in SNM, namely by investigating how these may impact their responses
to branded content.

In view of this, the following specific questions were proposed as object of research:

RQ1: Does product involvement affect consumers’ level of engagement with a brand in SNM?
RQ2: Does brand strength affect consumers’ level of engagement with a brand in SNM?

To answer these questions, empirical primary and secondary research was conducted.



To study the impact product involvement and brand strength had on consumers level of
engagement with a brand in SNM, three things had to be defined: the products, the brands and the
SNM.

There are two product involvement categories, low and high involvement products. According to
the CIP scale (Kapferer and Laurent, 1985, 1993), and afterwards supported by the results from
the primary research data, bottled water is considered a low involvement product and cars are
considered a high involvement product. A high involvement product can be defined has having a
high personal interest, a strong hedonic pleasure, a high symbolic value, a high purchase risk and
a high probability of error. On the other hand, a low involvement product can be defined as having
a low personal interest, a low hedonic pleasure, a low symbolic value, a low purchase risk ad a
low probability of error.

In view of this, two brands were selected for each level of product involvement considered. When
determining which brands to study, the main idea was to choose a highly popular brand on
Instagram (to represent high brand strength) and a less popular brand (to represent low brand
strength). The most popular brand for each level of product involvement considered were Voss
and BMW. However, for the less popular brands, the decision was harder because the low number
of followers meant that the engagement with the brand posts would not be relevant for this study.
Hence, Evian and Mini, which have way less followers than the other two brands, were chosen as
representatives of the low involvement product

The SNS chosen for this dissertation study was Instagram. Being named the fastest growing SNS
globally, this research focused on Instagram due to its increasing popularity and strong visual
oriented culture (Lee et al., 2015; Sheldon and Bryant, 2016). Since its launch in 2010, Instagram
has been very successful in capturing millennials’ attention in recent years, being a trendy and
convenient SNS for users to adapt to (Latiff and Safiee, 2015). Statistics even point that the
interaction rate on Instagram is higher than on Facebook (Quintly, 2015). Being a simple and
creative platform, the idea behind Instagram is to share photos and videos using a hashtag and a
filter (Lee et al., 2015; Sheldon and Bryant, 2016). When using Instagram, consumers can engage
with a brand by liking, commenting, sharing and saving the posts a consumer or a brand shares.
However, Instagram is not primarly relevant for consumers since it is also relevant for brands that

want to promote and sell its products.
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The secondary data form the four brands’ Instagram pages was taken on the November 5", 2017
and it represented brand posts that were published between June 7" and November 3™ of 2017.
For the primary data, a survey was conducted from November 28" to December 12, 2017, and

having been closed on this last day.

1.3 Research Methods

In the view of the aim of the dissertation stated above, a descriptive and an explanatory research
approach were followed. In the first part of this dissertation, a descriptive approach was pursued
by collecting secondary data from the selected brands Instagram page. This collection of data
entitled 55 posts from each brand, allowing for an analysis of 220 Instagram brand posts, and was
taken on November 5" 0f 2017, recording interactions between June 7™ and November 3™ of 2017.
The collection of this data allowed for the analysis of the number of likes and comments each
brand got for each of the 55 branded content posts, on Instagram. This information was used to
study in which product category consumers were spending more time engaging with brands; that
is, find for each product category, where consumers were engaging the most.

In the second part of this dissertation, a more explanatory approach was undertaken through the
collection of quantitative data. This data was retrieved through the performance of a survey from
the 28" of November to the 12" of December, testing the consumers’ appeal to brands,

involvement with products and engagement with the brand posts.

1.4 Relevance

The results of this dissertation aim at providing a better understating of how different product
characteristics may moderate the impact of a brands’ SNM activities on Instagram.

Social Media, being the most powerful medium for relationships building, provides extended
channels and interaction points between consumers and brands (Zahoor and Qureshi, 2017;
Bartlett, 2010). By effectively using SM, brands can expect increases in their brand loyalty, brand
equity, brand attitude, brand awareness, perceived quality, brand associations and brand loyalty
(Zahoor and Qureshi, 2017; Erdogmus & Cigek, 2012; PrakashYadav and Rai, 2017; Schivinski
and Dabrowski, 2016). For brands, an investment in SM marketing can mean an increase in sales,
in the involvement of consumers in the creation process of a brand, a better targeting of customers,
an increase in WOM and eWOM and an increase in website traffic (Tsimonis and Dimitriadis,

2014; Sabate et al., 2014).
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When joining a SNS, brands want to maximise their consumer engagement (Phua and Ahn, 2014);
however, that can only be possible by acknowledging this is a long-lasting activity that will not
present itself in the form of revenue in the short-term (Barger, Peltier and Schultz, 2016). Hence,
a brand cannot just be present in a SNS, it needs to conduct well thought investments and marketing
strategies. This goes in line, with previous studies that show that the content a brand puts up needs
to be relevant (with value-added information), posted regularly, fun, entertaining and out-of-the-
box, stimulating consumers interaction with a brand and its’ engagement (Sabate, et al., 2014;
Scott, 2007; Sterne, 2010; Erdogmus & Cicek, 2012);

Marketeers and brand managers need to identify the best way to create efficient content that will
attract the attention of the consumers, allowing for their engagement with the brand. For this
reason, brands need to understand that low and high involvement products have a different impact
on consumers’ engagement on Instagram. Regarding this, marketers can better segment
consumers, granting better targeting promotion strategies (Michaelidou and Dibb, 2008). This is
especially true, since involvement has been proven to influence consumers decision making,
information processing and communication behaviours (Laurent and Kapferer, 1985; Michaelidou
and Dibb, 2008). Hence, by studying how different levels of product involvement affect the
consumers’ engagement with a brand on SN, marketers can maximise their use of SM platforms,
increasing their brand awareness, online sales and brand loyalty (Momany and Alshboul, 2016;
Orzan et al. 2016).

The results of this dissertation are, therefore, helping marketers and brand managers create more
accurate content for its’ Instagram page. A better understanding of how products characteristics
impact the consumers’ engagement with a certain brand post, may help brands to better allocate
resources into content that it knows will have a higher engagement; thus, helping brands optimism
their social media network strategies. After all, by having a relevant presence in SNS, marketers
can expect an increase in customer retention, brand awareness, customer lifetime value, share-of-
wallet, sales growth and profitability (Cummins et al. 2014; Barger, Peltier & Schultz, 2016;
Tsimonis and Dimitriadis, 2014; Pongpaew, Speech and Tiangsoongnern, 2017). Marketers and
brands should continue their presence on Social Media, by having a present position and by
continuously producing engaging and relevant branded content, to stimulate consumers into
“liking”, commenting and sharing the branded content (Schivinski, Christodoulides and

Dabrowski, 2016).
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1.5 Dissertation Outline

Chapter 2 will review relevant literature for this dissertation on branding in social networked
media, on branded content and consumer engagement, on the effects of product involvement on
consumer engagement and on the effects of brand strength on consumer engagement; from which
the research questions were drawn from. Chapter 3 presents a research approach and the methods
used, while chapter 4 reports and discusses the results obtained. In the end, chapter 5 will draw the
dissertations’ main conclusions, implications to marketing research and its potential limitations

and suggested directions
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CHAPTER 2: LITERATURE REVIEW AND RESEARCH HYPOTHESES

2.1 Branding in Social Networked Media

SNM has changed marketing communications decisively by enabling brands to the reach larger
audiences in a more cost-effective manner. One the other hand, SNM has empowered consumers
by promoting peer-to-peer communication and thereby paving the way for a true dialogue to exist
between consumers and brands (Campbell, Ferraro and Sands, 2014; Schivinski and Dabrowski,
2016). SNM offers an important way for brands to get closer to consumers and become more
relevant in their lives (Tsimonis and Dimitriadis, 2014; PrakashYadav and Rai, 2017). Among
other activities, it enables brands to create and/or share relevant and engaging content with
customers and prospects, in the hopes of attracting their attention and inspiring them to interact
with them, evaluate it positively and further disseminate it among their peers (Schivinski and
Dabrowski, 2016; Phua and Ahn, 2016; Tsimonis and Dimitriadis, 2014).

Marketing budgets for activities in social media are growing, since brands are interested in
establishing their presence in SNS (Latiff and Safiee, 2015). A well-crafted and strong presence
in SNM should therefore translate into higher levels of customer engagement with the brand, as
well as more positive attitudes, and ultimately higher sales, satisfaction and loyalty (Zahoor and
Qureshi, 2017; PrakashYadav and Rai, 2017; Schivinski and Dabrowski, 2016). In practice, brand
engagement translates into a set of measurable actions that consumers take on SNM in response to
a brands’ presence and activities. These entail “liking”, commenting, sharing branded content, as
well as posting their own content (e.g., product reviews) (Barger, Peltier and Schultz, 2016;
Gummerus et al., 2012).

Brands have been adopting SNS into their SM marketing efforts, in particular, with the use of
Instagram. This SNS seems to fit most brands since it attracts a large crowd for a minimal capital
invested, and allows for a strong visual description of a brands products, which in turn increases

the effectiveness of the communications (Latiff and Safiee, 2015).

2.2 Branded Content and Consumer Engagement
Brands are increasingly using social media platforms as a part of their marketing and

communication strategies, yet few research has been done to understand consumers behaviours
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towards a brand on social media (Araujo et al, 2015; Fulgoni and Lipsman, 2015; Yadav and
Pavlou, 2014).

According to Van Doorn and co-authors (2010), consumer engagement is based on behaviours,
extends beyond purchase and centres its focus on a brand or a firm. Vivek and co-authors (2017)
defined consumer engagement as “the intensity of an individual’s participation in and connection
with an organisation’s offerings and/or organisational activities, which either the customer or the
organisation initiate”. As it has been stated previously, consumer engagement is defined as a
common objective for brands when using social media (Ashley and Tuten, 2014). The definitions
of consumer engagement behaviours vary between brands and must be defined by them; hence
managers need to understand how their consumers behave and interact with brands on social media
before effectively employing marketing strategies on social media. However, it is recognised that
engaged consumers choose how involved they become with a brand, and their behaviours can be
active ones where they participate and share brand content; or their participation can be a passive
one, known as lurkers, meaning they are involved simply by consuming the content a brand posts
(Pongpaew, Speech and Tiangsoongnern, 2017; Ashley and Tuten, 2014). Generally, for a SNS,
consumer engagement can be defined as a set of measurable actions that consumers take in
response to a brands’ content post, such as “liking”, commenting, sharing and posting UGC
(product reviews) (Barger, Peltier and Schultz, 2016; Gummerus et al., 2012). For a SNS like
Instagram, consumer engagement is defined by the amount of likes and comments a brand posts
gets.

Content creation is a key part of a brands’ SNM strategy. Content that is relevant and posted
regularly is essential to capture attention, stimulate interaction and increase engagement (Sabate
et al, 2014). Hutter and co-authors (2013) concluded that by posting high quality branded content
on SNS, brands can increase awareness, positive WOM and buying intentions. Additionally,
content with high information and entertainment motivations will likely increase engagement
(Campbell et al., 2014). Brands should always try to only publish content that its’ consumers will
want to see, by providing value-added information, by being fun, entertain and out-of-the-box
(Scott, 2017; Sterne, 2010). Nonetheless, brands should be careful not to annoy or disengage

consumers with too much content (Hutter et al, 2013; Lipsman et al., 2012).
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2.3 Effects of Product Involvement on Consumer Engagement

The Consumer Involvement Profile (CIP) has been proposed as a valid, unidimensional,
psychometric measure of consumers’ level of involvement with specific products or categories
(Laurent and Kapferer, 1985). It comprises five antecedents of this construct: 1) the personal
interest a consumer has in the product; 2) the hedonic value or the pleasure a consumer gets from
the product; 3) the sign, symbolic or self-expressive value of the product; 4) the perceived
magnitude of the purchase risk; and 5) the perceived probability of the purchase risk. According
to Mittal (1995), an object is considered involving either because it has a positive sign value and/or
pleasure value, and/or it has risk importance. From this CIP model, two different product types
can be obtained: high and low involvement products. A high involvement product can be defined,
from this scale, has having a high personal interest, a strong hedonic pleasure, a high symbolic
value, a high purchase risk and a high probability of error. On the other hand, a low involvement
product can be defined as having a low personal interest, a low hedonic pleasure, a low symbolic
value, a low purchase risk ad a low probability of error.

Other scales can also be used to classify product involvement. One study conducted by Vaughn
(2000) showed that products could be classified into two dimensions: the “think” dimension that
is related to function or performance, and the “feel” dimension that is related to pleasure or self-
expression. However, Kapferer and Laurent (1985) pointed out that the two dimensions of “think”
and “feel” correspond to their CIP scale dimensions of perceived symbolic value and perceived
pleasure value. Products can also be classified into having hedonic or symbolic value. From the
same scale of Kapferer and Laurent (1985), hedonic products have an emphasis in pleasure or self-
expression and utilitarian products have an emphasis in function or performance. From this product
involvement classification, a high utilitarian product is used to solve specific problems and a high
hedonic product is bought to give the consumer a feeling or pleasure (Babin, Darden, & Griffin,
1994). Furthermore, Product Category Involvement (PI) is generally understood as the perceived
relevance of a product category to an individual costumer based on this or her inherent values,
needs and interests

Product involvement is a marketing construct that reflects the level of personal relevance of a
product or a category to consumers. (Michaelidou and Dibb, 2008).

The degree of a consumers’ involvement with a product category has been considered, for a long

time, a major variable relevant to the advertising strategy (Rothschild, 1979). Research conducted
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by Thongthip and Jaroenwanit (2016) has concluded that the five dimensions of the CIP profile
have a positive influence on consumer brand engagement. The authors stated that this relationship
should not be surprising since product involvement is one of the factors that helps to build customer
brand engagement, by focusing on the importance, interest, arousal and motivation that an
individual feels towards a brand. Involved consumers will, therefore, be more loyal to a brand
within the same product category (Traylor 1981; Iwasaki & Havitz 1998). These studies are
supported by further research conducted by Cheung and co-authors (Cheung, Lee and Jin, 2011)
which studied that involvement in online structured communities has a positive impact on
consumer brand engagement in online communities.

Among other important effects, product involvement dictates the level of attention and effort
consumers are willing to devote into making product-related decisions, including responses to
advertising and other forms of marketing communication (Laurent and Kapferer, 1985). Park and
Moon (2003) studied that product type is one of the variables that influences the correlation
between product involvement and product knowledge.

Product involvement is therefore an important segmentation and targeting criteria, that helps
brands make efficient promotional strategies (Michaelidou and Dibb, 2008).

Some research has been done to evaluate product involvement; however, none has focused on how

product characteristics and brand content affect product involvement.

2.4 Effects of Brand Strength on Consumer Engagement

Brand strength can be related to brand associations and brand attitudes. That is, how strong a brand
is, can be related to the strength of associations a brand has in the consumer’s mind and the attitude
they have towards the brand (Aaker, 1996; Page and Herr, 2002).

Another way of discussing brand strength is brand equity. Brand equity is a consumers’ subjective
and intangible perception of a brand (Kim et al., 2008; Lemon et al., 2001). Hence, when talking
about brand equity the power lies in within the consumers and not the brand (Dillon et al., 2001).
Brand equity compromises brand loyalty, brand knowledge, perceived quality, brand associations,
market fundamentals and marketing assets that help brands differentiate from other brands and
influence consumer’s perceptions about brands. When these elements are agreeable in a
consumer’s mind, the brands’ equity is also considered positive. On the other hand, if these

elements are negative, the brand equity will also be negative (Tiwari, 2010).
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Brand strength has been studied, and condensed by Park and Moon (2003), to affect consumers
responses to adverting (Dahlen and Lange, 2005), consumers judgement of product quality (Page
and Herr, 2002), retailing context (Woodside and Walser, 2007), brand extension pricing strategy
(DelVecchio and Smith, 2005). Others, have studied that weak brands are perceived as more
prototypical to the product category because they do not have any other type of information to
base their opinions on (Brannon and Brock, 2006). Hence, weak brands, that have predominantly
more uninvolved and uncommitted customers, will experience a phenomenon of having their
customers switch brands more easily, since the brand will be perceived as being unimportant in
their decision making-process. On the other hand, customers that are more committed to a brand
(more common in stronger brands) will experience less brand switching, since their attitudinal
beliefs are stronger (Warrington and Shim 2000).

For this dissertation, brand strength will be calculated by the number of followers a brand has.
That is, a stronger brand will be perceived as a brand with a strong following on Instagram, e.g. 1
Million followers, and a weak brand will be perceived as a brand with a weaker following on

Instagram, e.g. 50.000 followers.

2.5 Effects of Brand Identity on Consumer Engagement

Brands have been shown to play a crucial role on the construction and preservation of consumers
identities (Keller, 1993). Consumer-Brand Identification (CBI) has been described has the
consumers state of oneness with a brand, or in other words it is the degree to which a brand
expresses and enhances a consumers’ identity (Stokburger-Sauer, Ratneshwar & Sen, 2012; Kim
et al., 2008). Bagozzi and Dholakia (2006) have defined brand identification as ‘‘the extent to
which the consumer sees his or her own self-image as overlapping with the brand’s image’’.
Overall, a consumer may feel an identification with a brand if that brand has a similar personality
to him, if it is unique or distinctive and prestigious.

Importantly, the extent to which a consumer identifies with a brand, will determine his engagement
with branded content posts on SNS and increase brand commitment (Muntinga, Moorman & Smit,
2011; Bhattacharya and Sen, 2003). Tuten and Solomon (2014) have studied that by using SMM,
in advertising or events, brands are enhancing their brand image and brand identification, resulting

in a more positive and increased purchase behaviour.
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Stokburger-Sauer and co-authors (2012) studied that there are six antecedents for consumer-brand
identity. This means that, consumers will identify more with brands if (1) the brand is similar to
the consumers’ personality, (2) the brand is perceived to be distinctive, (3) the brand is perceived
to be prestigious, (4) the more social benefits a brand provides consumers with, (5) brands are
perceived to possess a warm personality and (6) the brand provides memorable experiences. The
brand self-similarity antecedent is the extent to which a consumer might feel a similarity between
his personality and that of a brand. The brand distinctiveness aspect of CBI is that an individual
always strives to distinguish himself from others in social occasions, and through the consumption
of certain brands, consumers seek to affirm their identity (Tajfel and Turner, 1986; Thompson et
al., 2006). The brand prestige antecedent is associated with the prestige, status or esteem that is
associated with a brand. The brand social benefits aspects refer to the fact that by identifying with
certain brands, consumers connect with certain groups or communities. The brand warmth
antecedent refers to the fact that brands may be perceived as cold or warm, due to its attributes,
positioning or marketing communications. The memorable brand experiences antecedent is the
extent to which consumers have had positive memories with the consumption of a brand. The study
of Stokburger-Sauer (2012) also pointed out that the higher a consumer’s involvement with a

product category, the stronger role these antecedents will play in the construction of a CBIL.

2.6 Conclusion and Derived Hypothesis

SNM engagement is crucial for brands since it allows for an increase in loyalty, customer retention,
brand trust, brand commitment, brand satisfaction, brand awareness, WOM, among others (Van
Doorn et al, 2010; Gambetti and Grattigna, 2010; Brodie et al, 2011; Dessart, 2017; Brodie et al.,
2013). To reach this, brands need to post relevant and interesting content in their platforms.
Content that the audience will enjoy and feel empowered to engage with, by sharing, “liking” or
commenting (Schivinski and Dabrowski, 2016; Tsimonis and Dimitriadis, 2014; Lipsman et al.,
2012). Consumers engagement with branded content is considered a key metric to evaluate the
success of a brands’ social media marketing efforts (Nelson-Field et al., 2012). However, little is
still known about how consumers respond to branded content on Instagram, particularly about how
this response may vary with different product characteristics.

The first research hypothesis that this dissertation will study is the following:
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RHI1: Consumers’ engagement with branded content in SNS is higher for high than for low
involvement products.

According to Lovett and co-authors (2013), premium and luxury products, that are perceived as
high involvement products, get higher WOM. Electronic and offline WOM is one way for
consumers to engage with brands; thus, it can be said that for high involvement products,
consumers will provide higher levels of engagement with a brand. Further, consumers that are
strongly involved with a brand will be more loyal to a brand within the same product category
(Traylor 1981; Iwasaki & Havitz 1998). Hence, high involvement products have more loyal and
therefore, more engaged consumers. Furthermore, Thongthip and Jaroenwanit (2016) concluded
that the five CIP dimensions have a positive influence on consumer brand engagement. According
to the CIP scale by Kapferer and Laurent (1985), high levels for the CIP dimension represent high
involvement products. Thence, high involvement products will generate higher levels of consumer
brand engagement.

The second and third research question this dissertation will study are the following:

RH2: Consumers’s engagement with branded content in SNS is higher for stronger than for weaker
brands.

RH3: Consumers’ engagement with branded content in SNS is higher for high involvement
products of stronger brands than for low involvement products of weaker brands.

A stronger brand in this thesis is described as a brand with a stronger number of followers,
compared to a weaker brand that has few number of followers. Research has concluded that brand
strength is associated with brand attitudes and brand associations (Aaker, 1996; Page and Herr,
2002). Hence, if consumers display higher levels of brand attitudes, it can be derived that they will
interact more actively with branded content on social media. Brand strength has also been studied
to affect the level of consumers attention and response to advertising (Park and Moon, 2003). Thus,
consumer when faced with advertising from a stronger brand, will be more attentive to said
advertising, or in the case of this thesis - brand content. Brannon and Brock (2016) have concluded
that weaker brands have more uninvolved and uncommitted consumers. Hence, it is not surprising
that for weaker brands consumers’ will not spend much time interacting with branded content. In
accordance, Warrington and Shim (2000), concluded that for stronger brands, with more
committed consumers, brand post interactions will be more common since consumers’ attitudinal

beliefs are higher.
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CHAPTER 3: METHODOLOGY

3.1. Research Approach

According to Aaker and co-authors (2010) there are three types of research approaches:
exploratory, descriptive and explanatory. The exploratory research is used when identifying and
explaining a new and complex phenomenon about which little is yet known. A descriptive
approach is used to provide a detailed picture about a known phenomenon, that has a lot of research
done about it, that allows for the formulation of generalisations. Finally, the explanatory research
is used to test casual relationships underlying a phenomenon, about which there is a lot of
theoretical background that allows researchers to test cause-effect relationship (Saunders, Lewis,
& Thornhill, 2009).

The dataset extracted from Instagram entailed the number of users that “liked”” and “commented”
a brand post on Instagram, allowing for the calculation of the “engagement rate”. The “likes” and
“comments” were the only information available to calculate the engagement rate since the other
functionalities on Instagram are not easy to access or have not, yet, been developed (unlike the
case of Facebook). For instance, at the time of this dissertation, a brand cannot access the number
of users that “saved” or “shared” a post; and, since Instagram does not allow for brand posts to
have a direct link, it is almost impossible to calculate the referral traffic to the brands website. This

can now be done only on Instagram Stories, but that is not the focus of this research.

3.2 Research Methods

This dissertation undertook a descriptive and explanatory approach to determine whether product
involvement and brand strength affects the consumers’ level of engagement with a brand in SNM,
namely Instagram. Firstly, undertaking a descriptive approach, secondary data from past brand
posts, from the selected brands Instagram pages were collected and statistically analysed to assess
the impact that product involvement and brand strength had on the consumers engagement with a
brand. Additionally, undertaking an explanatory approach, primary data was conducted, through a
survey, to assess how consumers perceived brand engagement, brand appeal and brand identity of
the selected brands and how they assessed the involvement of the chosen products. Both data were

essential to test the proposed hypotheses.
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3.3 Secondary Data

3.3.1 Study Design

The secondary data was collected from the four brands chosen Instagram pages, and compiled into
an SPSS dataset. As it was explained previously, these brands were selected to effectively
represent each of the two products chosen to represent low and high involvement products. The
products selected were bottled water and cars; moreover, the brands selected for each one was
Evian and Voss, and Mini and BMW, respectively.

The collection of the secondary data aimed at analysing the impact of product involvement and
brand strength on the consumers’ engagement with each brand. When collecting this data, 55 posts
from each brand were assessed, to get a sample size of 220 posts. The 55 posts were selected in
ascending order, meaning that the first 55 posts were selected, without any discrimination. From
each post the variables likes and comments were extracted. The variable for the number of
followers was extracted on November 5, 2017, the same date for the extraction of the brand posts

variables.

3.3.2 Population and Sample

The population of the secondary data are the 220 brand posts collected from Instagram. The data
was collected from 55 Instagram brand posts from each of the four brands (Evian, Voss, BMW
and Mini), on the 5% of November, 2017, recording interactions between June 7™ and November
3" 0f 2017. As explained before, there was no exclusion method when selecting each 55 posts;

simply, they were selected based on the newest 55 branded content posts published by the brand.

3.3.3 Data Collection and Analysis

The secondary data dataset was created on the 5% of November 2017, recording brand post
interactions between June 7" and November 3%, 2017. There is no program available to extract
this data from Instagram, so the extraction of the data was made by hand and introduced in an
Excel file. After extracting the data onto an Excel file, the data preparation and analysis was done
with IBM SPSS statistical software.

The objective of the recollection of the data was first to see the engagement each brand had on

each branded content post. The way total engagement was calculated on Instagram was by
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counting the number of likes and comments a branded content post had. The engagement rate was
later calculated by dividing the total engagement by the number of followers the brand’s Instagram
page had. The dataset with the consumer engagement on Instagram contained 220 posts (55 posts
for each brand) that were uploaded by the four different brands during the second semester of
2017. Since the results of these study will be a 2x4 metric, then the relevant amount of posts that
must be studied are at least 210 posts. A total of 13,978,576 users interacted with these brand posts:
13,943,363 by “liking” it and a total of 35,213 by commenting this brand posts. Table 1 presents

the information taken from each Instagram page or brand post.

Table 1 —Metrics of consumer engagement with each brand post.

Brands n #Likes #Comments #Followers
Evian 55 120 709 958 62 600
Voss 55 112 732 4 645 119 000
BMW 55 13 132 909 28 104 13 800 000
MINI 55 577013 1 506 536 000
Total 220 13943 363 35213 -

Table 2 provides the mean, standard deviation, minimum and maximum values of the dependent
variables of the brands Instagram posts. From the results, it is possible to conclude that the values
for the number of likes were higher than comments. It is important to state that commenting on a
post is considered to be more engaging than liking the same posts, since it is a more time-
consuming activity (Ferraro, Interdonato and Tagarelli, 2014). Also, due to different brand
strengths (calculated by the number of followers of each brand on its’ Instagram page) it is normal

to have big discrepancies on the number of likes and comments between brands.
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Table 2 - Descriptive statistics of the consumer engagement metrics for each brand post (n=220).

Dependent Variables Mean Standard Deviation Minimum  Maximum
Likes Evian 2194.71 4 408.68 314 22 840
Likes Voss 2049.67 636.70 726 4286
Likes BMW 238 780.16 79 017.67 24772 405 698
Likes Mini 10491.15  4725.78 3111 21397
Comments Evian 17.42 29.24 1 187
Comments Voss 84.45 247.04 4 1797
Comments BMW 510.98 247.96 69 1321
Comments Mini 27.38 22.57 1 140
Engagement Rate Evian = 3.53 7.08 0.51 36.78
Engagement Rate Voss  1.79 0.61 0.62 4.04
Engagement Rate BMW  1.73 0.57 0.18 2.95
Engagement Rate Mini  0.08 0.04 0.02 0.16

Results show that BMW branded content posts, having the highest brand strength, showed the
highest amount of likes in total. Surprisingly, even though Evian had the least brand strength, it
was Voss that showcased the least number of likes in total. This can be due to branded content of
Evian being more engaging than the branded content of Voss, or that Voss has a higher number
of “ghost” followers. Evian, out of the four brands, also showed a higher value of skewness which
means that their posts have a high discrepancy of likes per post, meaning that some posts get far
more likes than others. It comes as no surprise that the high involvement products have a higher
sum of likes.

When analysing the descriptive statistics for the “comments” brands received from the brand posts
that were analysed, BMW shows the highest value and Evian the lowest value, without surprise
due to each brands’ strength. Interestingly, Voss, having lower followers than Mini, registered a
higher number of comments, with a very significant difference of more than 3.000 comments. For
low involvement products the number of comments was lower than compared to high involvement
products.

As for the engagement rate descriptive analysis, the highest value of engagement rate was achieved

by Evian, which is a low involvement brand and, out of the four, has the lower number of followers.
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This can be due to either low involvement products having higher engagement rates or because of
lower number of followers will get higher engagement rates. However, this last is not consistent
since form the high involvement products Mini has the lowest number of followers (compared to
the other high engagement product brand - BMW) and the lowest engagement rate. Furthermore,

low engagement products got a higher engagement rate compared to high engagement products.

3.3.4 Test of Normality

Figure 1 presents the histograms of the dependent variables considered (likes, comments and
engagement rate). When analysing the frequencies of the aforementioned metrics, it was possible
to observe that they were not following a normal distribution. To solve this, the dependent
variables likes and comments were linearised through transformations (natural logarithm).
Meanwhile, the independent variable (brand) was changed into n-1 dummy variables. Dummy
variables were used to classify the variable brands into four different brands: Evian (1), Voss (2),
BMW (3) and Mini (4). Furthermore, as it is shown in Figure 1, the variable Engagement Rate was
not found to follow a normal distribution. To solve this, the variable was linearised through
transformations (natural logarithm). However, when testing for its’ distribution it was also found
not to follow a linear distribution. Hence, appropriate non-parametric tests were employed for this

variable.
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Figure 1 — Histograms of the distributions of Likes, Comments and EngagementRate.

3.4 Primary Data

3.4.1 Study Design

The secondary data was validated and complemented through the collection of primary data,
through the performance of an online consumer survey. The survey was administered through
Qualtrics and distributed essentially among Facebook contacts between the 28" of November 2017

until the 12" of December 2017. The survey was available in both English and Portuguese versions

(Annex 1).
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Survey respondents were essentially asked to evaluate the appeal of the branded content posts, of
the four brands studied, to report their level of involvement with the corresponding product
categories and their level of engagement with the brands’ posts. To this end, respondents were
exposed to a set of six branded content posts from each of the four brands, and were asked to rate
each post on a scale from 1 (not appealing at all) to 7 (extremely appealing), to asses each
consumers’ engagement with a brand post. Participants were also asked to respond to a CIP scale
(Kapferer and Laurent, 1985, 1993) from 1 (strongly disagree) to 7 (totally agree) to evaluate its’
involvement with water and cars. Furthermore, respondents were asked to evaluate their appeal or
identification with a brand, through a series of sentences that had to be evaluated from 1 (totally

disagree) to 7 (totally agree).

3.4.2 Population and Sample

The survey was administrated through Qualtrics. A total of 311 responses were recorded, of which
17 did not complete at least 75% of the survey (n=294). From the remaining 294 respondents, only
134 passed the first two screening questions, having ages comprised between 50 and 16 years old,
and being an Instagram user. From the remaining 134 respondents, over 50% were aged between
18 and 23, ca. 67,8% were female, ca. 76% Portuguese, ca. 63,6% student and ca. over 80% with
an undergraduate or graduate university diploma. Table 3 presents the information about the socio-

demographic characteristics of the survey respondents.

Table 3 - Socio Demographic Characteristics of the Survey Respondents (n=134)

Gender Female 67.8%
Male 32.2%
Nationality Portuguese 76%
Other 24%
Main Student 63.6%
Occupation Full-Time Job 31.4%
Unemployed 5%
Highest Less than high school diploma 0.8%
Academic High school diploma 17.4%

Qualification ~ Undergraduate university diploma  41.3%
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Graduate university diploma 40.5%

Age 18-25 67.7%
25-35 13.2%
35-45 9.9%
45-52 9.1%

3.4.3 Data Collection and Analysis

The primary data dataset was created, with a total of 311 respondents, on the 12th of December
2017, the same date that the survey was closed. The data preparation and analysis were conducted
with the help of IBM SPSS statistical software.

The primary data had three main groups of dependent variables: brand appeal with the branded
content posts, brand engagement and willingness to follow the brand after seeing the branded
content posts. The independent variables considered in the analysis of the primary data were the
frequency of Instagram usage, the number of brands followed on Instagram, the identification with
the presented brands, the product involvement and the demographic variables: age, gender,
nationality, academic degree and main occupation. The variable Willingness to Follow was
considered a relevant variable in this study since it evaluates if respondents would be willing to
follow the brands after seeing and evaluating the brands’ branded content posts. This would be
relevant to study whether respondents that did not follow the brands would be usual followers, but
were not since they did not know the brand or did not know that the type of content would be
appealing to them. Further in this study, this variable was relevant due to the variable that measured
the engagement with a brand, already followed by respondents, did not have a significant sample
size as most of the respondents did not follow these brands on Instagram.

The first step taken was to compute four new variables, to get the mean of the brand appeal for
each brand. This was relevant to study the mean of each of the brands appeal on the six branded
content posts presented to consumers, instead of having six brand appeal variables for each of the

brands.

3.4.3.1 Bivariate Correlation
Pearson correlations were computed to study if there were no significant associations between the

dependent variables, and the socio demographics (age and academic degree) and Instagram use.
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Results show (Annex 3) that there is no significant statistical correlation between the age of the
respondents and the three dependent variables at p < 0.05. Results also show (Annex 4) that there
is no significant statistical association between academic degree and the three dependent variables.
When analysing the Bivariate Correlation for Instagram usage and the number of brands followed
on the same platform (Annex 2), this was found to be negatively correlated (p < 0.01), meaning
that the higher a respondent’s Instagram usage, the higher the number of brands he or she follows.
There is also a negative correlation between Instagram Usage and Willingness to Follow (WTF)
Voss (p <0.01) and the other three brands (p < 0.05); meaning that the higher the time a consumer
spends on Instagram, the lower the willingness to follow the four brands, with special emphasis
on low involvement products. As for the number of brands followed, there is a positive correlation
between the WTF Evian (p < 0.05) and the other three brands (p < 0.01); meaning that the more
brands respondents follow, the higher the chances they will follow the four brands. There is also a
correlation between the brand appeal of Voss and the respondents Instagram Usage (p < 0.01) and

the number of brands followed (p < 0.01).

3.4.3.2 Independence T-Tests

When testing for the differences in means of the three dependent variables and gender (Annex 5),
results show that most variables present equality of variances, since sig > 0.05, except for the
willingness to follow Evian and BMW. When testing for the homogeneity of the variables, most
variables were found to be dependent of the gender of the respondents (since sig > 0.05) except
for the willingness to follow Evian, the brand appeal of BMW and Mini. Hence, most variables
are dependent of the gender of the respondents. From the results, it was possible to conclude that
the willingness to follow Evian is higher for female respondents (Mean = -0.86; SD = 0.25), the
brand appeal of BMW is higher for male respondents (Mean = 0.94; SD = 0.22) and that the brand
appeal of Mini is higher for male respondents (Mean = 0.47; SD = 0.20).

The next t-test was conducted to study the means of the demographic variable nationality and the
three dependent variables (detailed in Annex 6). Results show that most variables do not present
equality of variances (since sig > 0.05), except for the willingness to follow Evian, Voss and Mini,
the brand appeal of Evian and the brand engagement of Evian and BMW. When testing for the
homogeneity of the means of the variables, most of the variables were found to be dependent of

the nationality of the respondents (since sig > 0.05) except for the willingness to follow BMW and

29



Mini, and the brand engagement of BMW. Hence, from the results, it was possible to conclude
that the willingness to follow Mini (Mean=1.19; SD=0.40) and BMW (Mean=1.04; SD=0.28) was
higher for Portuguese respondents and the brand engagement of BMW was higher for Portuguese
respondents (Mean=1.50; SD= 0.67).

The last independence t-test was conducted to study the means of the demographic variable main
occupation and the three dependent variables (detailed in Annex 7). Results suggest that the
assumption of homogeneity of variances is accepted for all the variables, being sig > 0.05, expect
for the variables willingness to follow BMW and brand engagement of Voss. When testing for the
homogeneity of means all the variables were found to have equal means. Hence, the dependent

variables were found to be dependent of the respondents’ occupation.

3.4.3.3 Factor Analysis

A factor analysis was performed to calculate the product involvement, based on the Kapferer and
Laurent CIP scale (1983, 1995). The analysis for bottled water (Annex 10) yielded 3 main
components; still, the reliability index (Cronbach’s alpha) for of the whole scale was 90,1%
(Annex 11). Similarly, the analysis for cars yielded a 4-component matrix (Annex 8), Again, the
reliability index for the whole scale was 84,7%, which was deemed satisfactory (Annex 9).
Therefore, mean scale scores were computed for cars and water, for each respondent, using all
scale items. Mean of mean scale scores for bottled water were 2.48 (with a standard deviation of
1.10) and for cars was 4.65 (with a standard deviation of 1.01). Later, paired samples t-test results
(Annex 12) showed that these means were significantly different (p <.000). Hence, it is possible
to conclude that respondents’ involvement with cars was, as expected, much higher than that of
bottled water.

Another factor analysis was conducted with answers to the brand identity scale. The factor analysis
yields a unidimensional matrix, with just one component (Annex 13), and with a reliability index
of 97,1% for Evian, 94% for Voss, 92,5% for BMW and 94,4% for Mini (Annex 14). Therefore,

mean scale scores were computed for all brands for each respondent, using all scale items.
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CHAPTER 4: RESULTS & DISCUSSION

4.1 Secondary Data

To test the impact that the number of followers had on the number of likes and on the number of
comments, two linear regressions were performed.

When testing for the impact the number of followers had on the number of likes (Annex 15), it
was deduced that the number of followers explains 80,6% of the number of likes (R? = 0.806).
Since B has a positive and high value, it can be concluded that the higher the number of followers,
the higher the number of likes a brand will achieve.

When testing the impact of the number of followers had on the number of comments (Annex 16),
it was deduced that the number of followers explains 66,1% of the number of comments (R? =
0.661). Since B has a positive and high value, it can be concluded that the higher the number of
followers, the higher the number of comments a brand will achieve.

Since the variable for the engagement rate is not linear, just like it’s linearization, it was not

possible to perform a liner regression to study the impact of the number of followers.

4.1.1 Engagement Rate

A non-parametric Kruskall-Wallis test was conducted to investigate if the means of the
engagement rate for each brand were significantly different from each other. Subsequently, post-
hoc tests accommodating non-homogeneity of variance (Tamhane test) were computed, to check
which brands differed significantly in engagement rate (Annex 19). The null hypothesis that the
distribution of the engagement rate was the same across the different categories of brand was
rejected (p <.0001).

Mean engagement rate was higher for Evian and lowest for Mini (Annex 18). Overall, brands of
the low involvement product (Evian and Voss) produce higher engagement rates than high
involvement product (cars).

The differences were statistically different, as can be seen in Annex 18, and the main ones were
the ones between Evian and Mini (Mean = 3,46; sig = 0,004), Voss and Mini (Mean = 1,72; sig =
0,000) and BMW and Mini (Mean = 0,08; sig = 0,000). Looking only at the descriptive statistics,
it may seem that Evian is the brand that shows the most differences, mainly due to their standard

deviation (SD = 7,08); it is Mini that shows the most differences between brands, in terms of
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Engagement Rate. The differences in the standard deviation of Evian may be explained due to the

many outliers Evian has.

4.2 Primary Data

4.2.1 Paired Samples T-Test

A paired samples t-test was conducted to compare the means of the appeal between brands. From
the results, shown it Annex 19, it was concluded that the highest brand appeal was found in Voss
(Mean = 4.70; SD = 1.16) and the lowest brand appeal was found in Evian (Mean = 3.02; SD =
0.09). From a second analysis of the paired samples t-test, shown in Annex 20, comparing the
means of appeal of the types of products, it was concluded that the mean of appeal for high
involvement brands was higher than for low involvement brands (Mean = -0.23; SD = 0.96). In
conclusion, the mean appeal is statistically different between brands (p < 0,05) and between
products (p <0,05). Moreover, the main differences were found between the brand appeal of Evian
and Voss (Mean=-1.68; SD = 1.12) and Evian and BMW (Mean = -1.18; SD = 1.19); on the other
hand, the smallest difference was found between BMW and Mini (Mean = 0.29; SD= 0.93). The
big differences found between Evian and Voss and BMW can be due to the large numbers of
outliers on Evian. Nevertheless, the small difference found between BMW and Mini can be
because these are two car brands, with almost the same type of appeals.

A paired samples t-test was conducted to compare the means of the brand identity between brands.
From Annex 21, it can be concluded that the brand identity between brands is statistically different
(p < 0.05) just like the brand identity between products is different (p < 0.05). From the results, it
can be concluded that, the brand identity for Mini is the highest (Mean = 2.6459) and the brand
identity for Evian is the lowest (Mean = 1.6984). From Annex 21, it is concluded that there are no
statistically differences between the brands BMW and Mini (T(121) = -.064; p=.949) and the
brands Evian and Voss show some difference (T(121) = -2.149; p=.034). Furthermore, shown in
Annex 22, the brand identity for high involvement products is higher than for low involvement
products. Moreover, the mains differences between brands were shown for Evian and Mini (T(121)
=-6.761; p=.000), and Evian and BMW (T(121) = -6.523; p=.000). In conclusion, respondents

tend to identify more with high involvement products, since there is a correlation between the two.

32



4.2.2 Bivariate Correlation

A correlation analysis was conducted to study if there was a statistically significant correlation
between brand identity and product involvement (CIP). From the results, shown in Annex 23, it
was concluded that the brand identity with low involvement products was correlated with the CIP
of bottled water; and, additionally, the brand identity with high involvement products was
correlated with the CIP of cars. An outlier on these correlation, was the brand identity with Evian
that was shown to be correlated with the CIP of cars. In conclusion, the CIP of bottled water is
strongly correlated with the brand identity of water, and vice-versa. Meaning, that the product is
very important for a consumer, hence why they identify with a brand. And, a consumer identifies
with a brand if they consider the product to be very important. Additionally, the CIP of cars is
correlated with Evian, BMW and Mini. These results can be explained since all these three brands
are considered to be luxury brands. Voss is also considered to be a luxury brand, however, (Table
4) only 37,3% of the responds had bought Voss compared to 61,9% that had bought Evian before.

Hence, in our sample Voss is not so well known.

Table 4 - Frequency Descriptives of Which Brands Respondents Had Bought Previously

Brand Percentagem
Evian 61.9%
Voss 37.3%
BMW 15,7%
Mini 11,2%

Never bought neither  23,9%

A second correlation analysis was conducted to study if there was a statistically significant
correlation between product involvement, brand engagement, brand appeal and willingness to
follow a brand. From this, presented in Annex 26, it was concluded that the product involvement
of cars affects the brand appeal BMW and Mini (p < 0.01); and the willingness to follow BMW (p
<0.01) and Mini (p <0.05). The product involvement of bottled water, affects the brand appeal of
Evian (p <0.01) and the willingness to follow Evian (p <0.05) and Voss (p <0.01). Hence, product

involvement affects the brand appeal and the willingness to follow; however, it does not influence
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the brand engagement. These may be due to the fact that the variable for brand engagement is not
significant, due to its low number of respondents.

A new bivariate correlation was conducted to test the correlations between brand engagement and
brand appeal. From the results, presented in Annex 27, it can be concluded that there is not a
correlation between the two variables, except for the brand appeal of Mini and the brand

engagement of Mini (p < 0.01) and the brand engagement of BMW (p < 0.05)

4.2.3 Linear Regression

A linear regression analysis was conducted to study whether the brand engagement is a function
of brand identity and product involvement. However, the variable engagement was not enough to
have significant results, due to its low sample size. Hence, the variable for the willingness to follow
a brand was considered the main engagement variable and the only that will be used.

The first linear regression was conducted for Evian, as shown in Annex 24 and Table 5. The results
show that product involvement with bottled water had no influence on willingness to follow Evian
(p > 0,05), unlike the brand Identity with Evian (sig < 0,05). Meaning that the willingness to follow
a brand is influenced by the identity with a brand and not by the involvement with a product. The
same can be concluded for the other three brands, as Annex 24 and Table 5 shows. Furthermore,
R? for low involvement products is lower than for high involvement products meaning that the
brand identity for these products is not the sole significant variable that affects engagement; other
irrelevant variables affect the willingness to follow a brand. In conclusion, when testing the
willingness to follow a brand, the brand identity is always a strong determinant, unlike product

involvement.
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Table 5 — Coefficients of Regression Models for Product Involvement and Brand Identity

Unstandardised Standardised
Coefficients Coefficients
Dependent | B Std. Beta

Model Variable Error t Sig.
1 (Constant) 999 360 2.773 | .007
Mean CIP_BottledWater | WTF_Evian | .195 135 154 1.446 | .152
ID _Evian 387 154 268 2.514 | .014
1 (Constant) 1.742 404 4.310 |.000
Mean_CIP BottledWater | WTF Voss | .210 172 126 1.220 | .225
ID Voss 463 ,162 295 2.862 | .005
1 (Constant) 1.070 671 1.594 | .114
Mean_CIP_ Cars WTF BMW | .141 158 .086 .896 372
ID BMW 490 113 419 4.352 | .000
1 (Constant) 1.574 720 2.188 |.031
Mean_ CIP_Cars WTF Mini |.017 164 .009 102 919
ID_Mini .681 112 535 6.075 | .000

To support this finding, four new linear regressions were conducted to study whether willingness
to follow is a function of brand identity, brand appeal and product involvement. The first linear
regression was conducted for Voss. As Annex 25 and Table 6 shows, the R? of this model equals
0,405, meaning that 40,5% of the willingness to follow Voss is explained by the three independent
variables and it is statistically significant (sig < 0,05). From our views, it would be logic that people
would follow a brand on Instagram if they liked the brand, they liked the content of the brand posts
and if they identified with the product. However, for Voss, people will have a higher willingness
to follow if they identify with the brand (p < 0.05) and with the content of the brand posts (p <
0.05). Once more, the involvement with the product is not relevant for the willingness to follow a
brand (p > 0.05). In the same way, for the other three brands the same was concluded. The content
of a branded content post and the identification with a brand is a function of the willingness to
follow, unlike the involvement with a product. Furthermore, the brand appeal is considered the

strongest variable that influences the WTF of all three brands.
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Table 6 — Coefficients of Regression Models for Product Involvement, Brand Identity and Brand Appeal

Unstandardised | Standardised
Coefficients Coefficients
Dependent | B Std. Beta
Model Variable Error t Sig.
1 (Constant) -470 460 -1.156 | .251
Mean CIP_BottledWater | WTF_Evian | .039 120 031 330 742
ID Evian 324 133 225 2437 | .017
Mean_Appeal Evian .654 A17 503 5.605 |.000
1 (Constant) -1.612 | .588 -2.742 | .007
Mean CIP_BottledWater | WTF Voss |.167 144 .100 1.159 | .249
ID Voss .349 136 223 2.560 |.012
Mean_Appeal Voss 197 114 521 6.974 | .000
1 (Constant) 106 .669 158 875
Mean_ CIP_Cars WTF BMW | -.122 .160 -.074 =759 449
ID BMW 454 .105 388 4312 |.000
Mean_Appeal BMW 566 138 376 4.095 |.000
1 (Constant) 0.264 152 351 726
Mean_CIP_Cars WTF Mini | -.154 .160 -.083 -.965 337
ID_ Mini .580 .108 456 5.357 | .000
Mean_Appeal Mini .610 154 334 3.951 |.000

4.3 Discussion of the Results
In general, the results of the impact of brand strength and product characteristics on brand

engagement were rather surprising. The results from the secondary data analysis concluded that
high involvement products presented more likes and comments, than low involvement products.
Yet, it was also studied that the higher the number of followers a brand had on Instagram, the
higher the number of likes and comments. Thus, high involvement products having more followers
than low involvement products made it necessary to consider the variable for the engagement rate.

From this, it was concluded that the engagement rate was higher for low involvement products.
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Nonetheless, it was found that product involvement did not have an impact on consumer
engagement, but it did have an impact on willingness to follow. Rather, brand appeal and brand
identity were the variables that had an impact on consumer engagement. Additionally, brand
engagement was found to be higher for low involvement products and willingness to follow was
higher for high involvement products. What this study concluded is that what fluctuates the
engagement on Instagram is the brand strength, the appeal of the branded content posts and the
identification with a brand. Anyhow this thesis rejects RHI, since product involvement even
though it affects the willingness to follow a brand, it does not affect the brand engagement.

These outcomes differ from the extended research that has studied that luxury and premium
products (high involvement products) have higher word-of-mouth (which is a form of consumer
engagement) (Lovett, et al., 2013) and that high product involvement has a positive influence on
consumer engagement (Thongthip and Jaroenwanit, 2016).

As it was described before, the strength of a brand is represented by the number of followers it has
on a SNS, in this case Instagram. It was analysed that the higher the number of followers a brand
has on SNS, the higher the number of likes and comments it gets for each branded content post.
One might assume that brand strength helps brands increase their engagement. However, there
were some discrepancies when analysing the primary and secondary data. Evian is the brand with
the lowest brand strength (number of followers), but it was Voss that had the lowest number of
likes. On the other hand, Evian had the lowest amount of comments, that are considered the most
engaging form of engagement with a brand (Ferraro, Interdonato and Tagarelli, 2014). Likewise,
Voss having fewer brand strength than Mini, had more comments. The same happens when
looking at the branded content engagement rates. Evian, having the lower amount of brand
strength, had the most engagement rate, even though in the analysis of the primary data it was the
brand with the lowest levels of brand appeal and brand identity; and BMW having the higher brand
strength, had the second lowest engagement rate, this can be seen in Annex 18. Hence, brand
strength does not provide brands with higher levels of brand engagement, but it does provide
brands with higher amounts of total engagement. Nonetheless, there were some discrepancies
found specially between Mini and Voss. Mini has higher brand strength than Voss, but had way
less engagement rate. This effect can be explained by Voss having great brand appeal than Mini,
even though it had lower brand identify. Thus, brand strength, like it was explained previously, is

not the only metric brands have to look at; brands also need to focus on their branded posts appeal.
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In conclusion, and to answer the RH2, brand strength does affect consumers level of engagement
with a brand in SNS, but it is not the only metric brands have to look at. Brands need to post
appealing and relevant content for its consumers, to encourage them to engage with the brand.
These outcomes, however, differ from previous studies that concluded that high brand strength
would lead to higher brand attitudes, and therefore engagement (Aaker, 1996; Page and Herr,
2002) and that the brand strength affected the level of consumers attention and response to
advertising (Park and Moon, 2003). Further studies have differed from this dissertation results,
such as the one from Brannon and Brock (2016) that studied that for weaker brands, consumers
would be more uninvolved; and the one from Warrington and Shim (2000) that concluded that
stronger brands would get more commited consumers that would in turn interact with brand posts
more commonly.

The results of these studies are not wrong; however, they might not hold up on a Social Media
context, has this dissertation concludes.

To answer RH3, a comparison of the strongest brand of high involvement products and the weaker
brand for low involvement products was completed. From this, BMW has the highest number of
likes and comments, however Evian does have the higher engagement rate. The brand appeal for
branded content posts was higher for BMW, just like the brand engagement, brand identity and
willingness to follow. Thus, from the results, it can be derived that RH3 is true when not taking

the number of followers into account but untrue when taking them into account.
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CHAPTER 5: CONCLUSIONS AND LIMITATIONS
This final chapter presents the main conclusions of this dissertation based on the research questions
proposed on chapter 1. It ends with the main limitations faced and recommendations for future

research.

5.1. Conclusions
With the use of Social Network Media brands have been strengthening their relationships with
consumers, by engaging and creating content for them. That is why, SNM have become the most
valuable asset a brand can have in terms of building relationships with its consumers and building
a successful brand (Kane et al., 2009; Phan et al., 2011). Brands are increasingly investing in SNM,
since it enhances its brand image and brand identity, resulting in a more positive and increased
purchase behaviour, as well as a strong relationship with its consumer base and high consumer
engagement (Tuten and Solomon, 2014; Phua and Ahn, 2014). However, brands need to identify
the best way to create efficient content that will attract consumers attention, allowing for their
engagement with branded content posts. The content a brand posts on SNS needs to be relevant,
posted regularly, fun, entertaining, out-of-the-box, stimulating consumers engagement with a
brand (Sabate, et al., 2014; Scott, 2007; Sterne, 2010; Erdogmus & Cicek, 2012). Despite the
growth of SNM and SNS, there is scarce research on how product characteristics and brand
strength might impact the level of a consumer’s engagement with brands. Past research findings
are particular scarce in relation to what drives consumers engagement with branded content posts
on SNS.
After performing data analysis for both the secondary and the primary data collected, results have
showed that product involvement does not have an impact on consumers’ level of engagement
with a brand in SNM. Moreover, it was concluded that brand strength impacts the level of
consumer engagement with a brand. In general, all research hypothesis was confirmed:

x  RHI1: Consumers engagement with branded content in SNS is higher for high than for low

involvement products
v" RH2: Consumers engagement with branded content in SNS is higher for stronger than for
weaker brands
v" RH3: Consumers engagement with branded content in SNS is higher for high involvement

products of stronger brands than for low involvement products of weaker brands
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In this regard, low involvement products having higher levels of consumer engagement (being
weaker brands) should make efforts to increase their brand strength while maintaining the same
levels of engagement. Brands should increase its strength in the SNS while continuing to post
engaging branded content. In the other hand, high involvement products having lower levels of
consumer engagement (being stronger brands) should make efforts to keep its content relevant and
engaging with its followers and to further increase its’ brand strength. This way, encouraging
consumers to engage with its content more consistently.

However, other findings of this study, have to do with brands of high involvement products having
higher levels of brand appeal and brand identity. Hence, low involvement brands need to increase
its levels of brand appeal of their branded content posts and its levels of consumer identification
with brands. Moreover, marketer and managers need to identify which factors of branded content
might increase the levels of brand appeal of its content and the levels of brand identity. The levels
of brand appeal may be changed through increasing the quality of the branded content, posting
regularly, having an influencer or public figure on the post, being fun (but consistent with its brand
image), being innovative; after all, before creating branded content, brands need to identify who
their target audience on the SNS is, to get engagement from them. Also, the levels of brand identity
determine the levels of consumer engagement with branded content in SNS and increase brand
commitment (Muntinga, Moorman & Smit, 2011; Bhattacharya and Sen, 2003). Stokburger-Sauer
and co-authors (2012) concluded that the best ways to increase brand identity is by having a similar
personality to that of its consumers, by being distinctive, by being prestigious, by providing social
benefits to the consumers, by transmitting a warm personality and by providing memorable

experiences.

5.2. Limitations and Further Research

While this study provides a better understanding of how engagement on Instagram can be impacted
by product involvement and brand strength, it also has its limitations. Hence, the conclusions of
this dissertation should be analysed taking into consideration its limitations. In this study, the SNS
used was Instagram. However, Instagram does not provide an analysis of the engagement of each
post, simply providing the number likes, comments and the reach of each post. Facebook, on the

other hand, provides brands with much more analysis of performance.
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Furthermore, the conclusions presented from the secondary data analysis were taken from only
four brands and there was no randomization of the branded content posted selected. In fact, the
results presented are dependent of the brands and products and of the posts chosen.

A study sample with more brands and with a randomization of the selected posts, from a wider
time range, would provide more relevant, and maybe contrasting results. Future research should
compare more brands of more types of products (of low and high involvement), with a wider
random selection of brand posts.

In addition, the variable for the brand engagement did not present a relevant sample size. In this
study, when collecting the primary data, though a survey, only a handful of respondent followed
each brand; hence, the results from this variable were not relevant when comparing to the whole
sample size of 134 respondents. From the analysis of the variable for brand engagement it was
concluded that the product involvement did not have an impact on the variable. However, when
testing for the variable that measured the willingness to follow, considered a form of consumer
engagement with a brand, it was deduced that this variable was influenced by product involvement.
Future research should be done to test the correlation between product involvement and brand

engagement with a wider sample size and diversity.
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ANNEXES

ANNEX 1 | Primary Data Collection (survey) in English

Introduction

Dear participant,

I am a Master student from Catolica Lisbon School of Business and Economics. This survey is part of my Master
Thesis on Social Network Marketing. This survey will take about 10 minutes and all responses will be anonymous
and confidential, but very valuable.

Also, in the upper left corner there is an option of having this survey in Portuguese.

Thank you very much for your time,

Maria Albino

Screening

In which year were you born? If (1) or (3) are selected, go to end of survey
o Before 1967
o Between 1967 and 2001
o After 2001

Are you currently an active user on Instagram? If No is selected, go to end of survey

o Yes o No

Instagram Usage (Randomised)

How often do you visit Instagram?

o  More than two times a day o 2-3 times a day
o Twice a day o Once a week
o Once a day o Less than once a week

How many brands do you currently follow on Instagram?
o None at all o Alot (6 to9 brands)
o A few (1 or 2 brands) o A great deal (more than 10 brands)
o Some (3 to 5 brands)

Brand Posts (Randomisation of brand posts)
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You will now be shown a selection of Evian brand posts on Instagram. Evian is a brand of mineral water coming

from Lake Geneva. Please rate how appealing you find this EVIAN post on Instagram, from 1 (not appealing at all)

it
—
)

You will be shown a selection of Voss brand posts on Instagram. Voss is a Norwegian-based brand of bottled water.

to 7 (extremely appealing).

i

d

VAN

Please rate how appealing you find this EVIAN post on Instagram, from 1 (not appealing at all) to 7 (extremely
appealing).

3

You will be shown a selection of BMW brand posts on Instagram. BMW is a Germany-based company which
produces automobiles. Please rate how appealing you find this EVIAN post on Instagram, from 1 (not appealing at

all) to 7 (extremely appealing).

You will be shown a selection of MINI brand posts on Instagram. MINI is an English automotive which produces
automobiles. Please rate how appealing you find this EVIAN post on Instagram, from 1 (not appealing at all) to 7

(extremely appealing).

s
L

Brand Behaviour

Did you ever buy any product from these brands? Please indicate which.
Evian BMW I never bought a product from
L any of these brands
Voss Mini
Please indicate which of these brands you currently follow on Instagram:

Evian BMW I don't follow any of these

o brands
Voss Mini
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If Evian is selected — How often do you engage with Evian on Instagram, by liking or commenting its posts?
Rate both from 1 (never) to 7 (always).

If Voss is selected — How often do you engage with Voss on Instagram, by liking or commenting its posts?
Rate both from 1 (never) to 7 (always).

If BMW is selected — How often do you engage with BMW on Instagram, by liking or commenting its posts?
Rate both from 1 (never) to 7 (always).

If Mini is selected — How often do you engage with Mini on Instagram, by liking or commenting its posts?

Rate both from 1 (never) to 7 (always).

If Evian is not selected — How likely are you to start following Evian on Instagram soon? Rate from 1
(Never) to 7 (Always).

If Voss is not selected — How likely are you to start following Voss on Instagram soon? Rate from 1 (Never)
to 7 (Always).

If BMW is not selected — How likely are you to start following BMW on Instagram soon? Rate from 1
(Never) to 7 (Always).

If Mini is not selected — How likely are you to start following Mini on Instagram soon? Rate from 1 (Never)

to 7 (Always).

Product Involvement (Randomised)

Please

indicate the extent to which you agree with the following statements. Rate all from 1 (Strongly Disagree) to 7

(Totally Agree).

What bottled water I buy is extremely important to me

I'm really very interested in bottled water

I couldn't care less about bottled water

I really enjoy buying bottled water

Whenever I buy bottled water, it's like giving myself a present

To me, bottled water is quite a pleasure

You can tell a lot about a person from the bottled water he/she buys

The bottled water a person buys, says something about who they are

The bottled water I buy reflects the sort of person I am

It does not matter too much if one makes a mistake buying bottled water

It's very irritating to buy a bottled water which is not right

I should be annoyed with myself, if it turned out I'd made the wrong choice when buying bottled water
When I'm in front of the bottled water section, I always feel rather unsure about what to pick

When you buy bottled water, you can never be quite sure if it was the right choice or not
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Choosing a bottled water is rather difficult

When you buy bottled water, you can never be quite certain about your choice

Please indicate the extent to which you agree with the following statements. Rate all from 1 (Strongly Disagree) to 7

(Totally Agree).

What car I buy is extremely important to me

I'm really very interested in cars

I couldn't care less about cars

I really enjoy buying cars

Whenever I buy cars, it's like giving myself a present

To me, cars are quite a pleasure

You can tell a lot about a person from the car he/she buys

The car a person buys, says something about who they are

The car I buy reflects the sort of person I am

It does not matter too much if one makes a mistake buying a car

It's very irritating to buy a car which is not right

I should be annoyed with myself, if it turned out I'd made the wrong choice when buying a car
When I'm in front of the car section, I always feel rather unsure about what to pick
When you buy a car, you can never be quite sure if it was the right choice or not
Choosing a car is rather difficult

When you buy a car, you can never be quite certain about your choice

Product Identification (Randomised)

Please rate the extent to which you agree with the following statements. Rate, from 1 (Strongly Disagree) to 7

(Totally Agree).

I identify strongly with Evian

I feel a strong sense of belonging to Evian
Evian embodies what I believe in

Evian is like a part of me

Evian has a great deal of personal meaning to me

I identify strongly with Voss
I feel a strong sense of belonging to Voss

Voss embodies what I believe in
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e Voss is like a part of me

e  Voss has a great deal of personal meaning to me

e T identify strongly with BMW

o [ feel a strong sense of belonging to BMW
e BMW embodies what I believe in

e BMW is like a part of me

e BMW has a great deal of personal meaning to me

e [l identify strongly with Mini

o [ feel a strong sense of belonging to Mini
e  Mini embodies what I believe in

e  Mini is like a part of me

e  Mini has a great deal of personal meaning to me

Demographics

Please indicate your year of birth
V¥ 1910 (2) ... 2009 (152)

Gender
o Male

Nationality
o Portuguese

Main occupation

o Student
o Full-time job

Highest academic qualification obtained
o Less than high school diploma
o High school diploma

Female

Other

Part-time job

Unemployed

Undergraduate university diploma

Graduate university diploma

Thank you for contributing for this survey and help me finished my thesis!

If you have any question or would like to know more about this dissertation, please send me an email to

mariaaccalbino@gmail.com

THANK YOU!
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ANNEX 2 | Bivariate Correlation of Dependent Variables, Instagram Usage and Brands Followed

Correlations
Instagr | Brands F | WTF_Ev | WTF_Vo | WTF_B | WTF_Mi | Mean_A | Mean A | Mean_A | Mean_A | Mean_E Mean_E Mean_E Mean_E
am_Us ollowed ian ss MW ni ppeal_Ev | ppeal Vo | ppeal B | ppeal Mi
age ian ss MW ni nt_Evian nt_Voss nt_BMW | nt_Mini

Instagra | Pearson 1 -361%* -.202% -.282%% -.195* -.189* -.099 -.278%* 017 -.004 -0,146 -.264 .052 -219
m_Usage | Correlation

Sig (2-tailed) .000 .045 .002 .035 .039 254 .001 .846 961 0,651 433 .843 A73

N 134 134 99 123 117 120 134 134 134 134 12 11 17 13
Brands_ | Pearson - 1 213%* 267** 253 %% 251%* 150 233%* 015 .008 344 334 -.159 .053
Followed | Correlation 361%*

Sig (2-tailed) .000 .034 0,003 .006 .006 .084 .007 .860 924 274 315 542 863

N 134 134 99 123 117 120 134 134 134 134 12 11 17 13
WTF_Ev | Pearson -.202% | .213* 1 483 0.378** | .374%* .549%* 289 212% 268%* .c .c .c .c
ian Correlation

Sig (2-tailed) .045 .034 .000 .000 .000 .000 .004 .035 .007

N 99 99 99 99 99 99 99 99 99 99 0 0 0 0
WTF_Vo | Pearson - 267** 483 1 .370%* A401%* .394%%* 576%* 161 166 307 .c 235 -.021
ss Correlation 28

Sig (2-tailed) .002 .003 .000 .000 .000 .000 .000 .075 .067 554 399 947

N 123 123 99 123 108 110 123 123 123 123 6 0 15 13
WTF_B Pearson -.195% | 253%* 378%* 370%* 1 L653%* .195% 244 4343 359 241 -.020 .c .500
MW Correlation

Sig (2-tailed) .035 .006 .000 .000 .000 .035 .008 .000 .000 450 960 667

N 117 117 99 108 117 113 117 117 117 117 12 9 0 3
WTF_Mi | Pearson -.189% | 251** 374%* A401%* L653%* 1 .229%* 186* 183* 463%* 169 -.263 812%* .c
ni Correlation

Sig (2-tailed) .039 .006 .000 .000 .000 .012 .042 .045 .000 599 462 .027

N 120 120 99 110 113 120 120 120 120 120 12 10 7 0
Mean_A | Pearson -.099 150 .549%* 394+ .195% .229%* 1 485%* 407%* 440%* 135 .003 459 448
ppeal_Ev | Correlation
ian

Sig (2-tailed) 254 .084 .000 .000 .035 .012 .000 .000 .000 .676 994 .064 125

N 134 134 99 123 117 120 134 134 134 134 12 11 17 13
Mean_A | Pearson - 233%%* 289%* 576%* 244%%* 186* A485%* 1 A441%* 330%* -419 .566 169 420
ppeal_Vo | Correlation D78%*
s

Sig (2-tailed) .001 .007 .004 .000 .008 .042 .000 .000 .000 175 .069 517 153

N 134 134 99 123 117 120 134 134 134 134 12 11 17 13
Mean_A | Pearson .017 .015 212% 161 A434%* .183* A07** A41H* 1 L647** -458 .386 428 408
ppeal_B Correlation
MW

Sig (2-tailed) .846 .860 .035 075 .000 .045 .000 .000 .000 134 241 .087 166
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N 134 134 99 123 117 120 134 134 134 134 12 11 17 13
Mean_A | Pearson -.004 .008 268%* .166 359%* A463%* A40%* 330%* L64T7H* 1 -482 .035 .592% .684%**
ppeal_Mi | Correlation
ni

Sig (2-tailed) 961 924 .007 067 .000 .000 .000 .000 0,000 112 919 012 .010

N 134 134 99 123 117 120 134 134 134 134 12 11 17 13
Mean_E | Pearson -.146 334 .c 307 241 .169 135 -419 -.458 -.482 1 .c .c .c
ngageme | Correlation
nt_Evian

Sig (2-tailed) 651 274 554 450 .599 .676 175 134 112 .000

N 12 12 0 6 12 12 12 12 12 12 12 6 0 0
Mean_E | Pearson -.264 334 .c .c -.020 -.263 .003 566 386 .035 .c 1 1.000** | .c
ngageme | Correlation
nt_Voss

Sig (2-tailed) 433 315 960 462 994 .069 241 919 .000

N 11 11 0 0 9 10 11 11 11 11 6 11 2 0
Mean_E Pearson .052 -.159 .c 235 .c 812% 459 169 428 S591%* .c 1.000** | 1 994 %%
ngageme | Correlation
nt_ BMW

Sig (2-tailed) .843 542 399 .027 .064 517 .087 012 .000

N 17 17 0 15 0 7 17 17 17 17 0 2 17 10
Mean_E Pearson -219 -.053 .c -.021 .500 .c 448 420 408 .684%* .c .c 994 %% 1
ngageme | Correlation
nt_Mini

Sig (2-tailed) 473 .863 947 .667 125 153 .166 .010 .000

N 13 13 0 13 3 0 13 13 13 13 0 0 10 13

** Correlation is significant at the 0.01 level (2-tailed)

* Correlation is significant at the 0.05 level (2-tailed)

.c Cannot be computed because at least one level of the variables is constant
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ANNEX 3 | Bivariate Correlation of Dependent Variables and Age

Correlations
Age WTF_E | WTF_V | WTF_B | WTF_M | Mean_A | Mean_A | Mean_A | Mean_A | Mean_E | Mean_E | Mean_E | Mean_E
vian 0ss MW ini ppeal E | ppeal_V | ppeal_B | ppeal_ M | ngageme | ngageme | ngageme | ngageme
vian 0ss MW ini nt_Evian | nt_Voss | nt BM nt_Mini
w
Age Pearson 1 -.006 .084 -.096 .066 -.028 .047 -.160 -.068 -.140 - 768%* -.052 342

Correlation

Sig (2- 952 375 329 .496 758 .608 .079 461 .700 .026 854 277

tailed)

N 121 90 113 106 108 121 121 121 121 10 8 15 12
WTF_E | Pearson -.006 1 A483%* 378%* 374%%* .549%%* 289%* 212% 268%* .c .c .c .c
vian Correlation

Sig (2- 952 .000 .000 .000 .000 .004 .035 .007

tailed)

N 90 99 99 99 929 99 99 99 99 0 0 0 0
WTF_V | Pearson .084 483 1 .370%* 401%* 394 576%* .161 166 307 .c 235 -.021
0ss Correlation

Sig (2- 375 .000 .000 .000 .000 .000 .075 .067 .554 399 .947

tailed)

N 113 99 123 108 110 123 123 123 123 6 0 15 13
WTF_B | Pearson -.096 378%* 370%* 1 .653%%* 195% .244%%* 4345 359%* 241 -.020 .c .500
MW Correlation

Sig (2- 329 .000 .000 .000 .035 .008 .000 .000 450 .960 667

tailed)

N 106 99 108 117 113 117 117 117 117 12 9 0 3
WTF_M | Pearson .066 374%* A401%* L653%* 1 .229%* 186* 183* 463%* 169 -.263 812% .c
ini Correlation

Sig (2- 496 .000 .000 .000 .012 .042 .045 .000 .599 462 .027

tailed)

N 108 99 110 113 120 120 120 120 120 12 10 7 0
Mean_A | Pearson -.028 .549%%* .394%%* 195% .229%* 1 A485%* A407%* 440%* 135 .003 459 448
ppeal_E | Correlation
vian

Sig (2- 758 .000 .000 .035 .012 .000 .000 .000 .676 994 .064 125

tailed)

N 121 99 123 117 120 134 134 134 134 12 11 17 13
Mean_A | Pearson .047 289%* 576%* 244%% 186* 485%%* 1 A41%* .330%* -419 .566 169 420
ppeal_V | Correlation
0ss

Sig (2- .608 .004 .000 .008 .042 .000 .000 .000 175 .069 517 153

tailed)

N 121 99 123 117 120 134 134 134 134 12 11 17 13

57




Mean_A | Pearson -.160 212% .161 A34%* .183* 407%* A41%* 1 L647%* -458 .386 428 408
ppeal_B | Correlation
MW

Sig (2- .079 .035 .075 .000 .045 .000 .000 .000 134 241 .087 .166

tailed)

N 121 99 123 117 120 134 134 134 134 12 11 17 13
Mean_A | Pearson -.068 268%* .166 359%* 463%* 440%* .330%* 647** 1 -482 .035 .592% .684%*
ppeal_M | Correlation
ini

Sig (2- 461 .007 .067 .000 .000 .000 .000 .000 112 919 .012 .010

tailed)

N 121 99 123 117 120 134 134 134 134 12 11 17 13
Mean_E | Pearson -.140 .c .307 241 169 135 -419 -458 -.482 1 .c .c .c
ngageme | Correlation
nt_Evian

Sig (2- .700 554 450 .599 676 175 134 112 .000

tailed)

N 10 0 6 12 12 12 12 12 12 12 6 0 0
Mean_E | Pearson -.768% .c .c -.020 -.263 .003 .566 .386 .035 .c 1 1.000** .c
ngageme | Correlation
nt_Voss

Sig (2- .026 .960 462 994 .069 241 919 .000

tailed)

N 8 0 0 9 10 11 11 11 11 6 11 2 0
Mean_E | Pearson -.052 .c 235 .c .812% 459 .169 428 .592% .c 1.000** 1 994%**
ngageme | Correlation
nt_BM
W Sig (2- .854 399 .027 .064 517 .087 012 .000

tailed)

N 15 0 15 0 7 17 17 17 17 0 2 17 10
Mean_E | Pearson 342 .c -.021 .500 .c 448 420 408 .684%* .c .c 994 %% 1
ngageme | Correlation
nt_Mini

Sig (2- 277 .947 .667 125 153 .166 .010 .000

tailed)

N 12 0 13 3 0 13 13 13 13 0 0 10 13

** Correlation is significant at the 0.01 level (2-tailed)

* Correlation is significant at the 0.05 level (2-tailed)

.c Cannot be computed because at least one level of the variables is constant
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ANNEX 4 | Bivariate Correlation of Dependent Variables and Academic Degree

Correlations
Academi | WTF_E | WTF_V | WTF_B | WTF_M | Mean_A | Mean_A | Mean_A | Mean_A | Mean_E | Mean_E | Mean_E | Mean_E
¢ Degree | vian 0ss MW ini ppeal_E | ppeal_V | ppeal_ B | ppeal_ M | ngageme | ngageme | ngageme | ngageme
vian 0ss MW ini nt_Evian | nt_Voss | nt_BM nt_Mini
w
Academi | Pearson 1 -.067 -.099 -.096 -.098 -.118 -.151 -219* -.206 .306 .240 .064 .266
¢ Degree | Correlation
Sig (2- 531 298 329 311 199 .098 .016 -024 390 567 .820 .403
tailed)
N 134 90 113 106 108 121 121 121 121 10 8 15 12
WTF_E | Pearson -.067 1 483 378%* 374%%* .549%%* 289 212% 269%* .c .c .c .c
vian Correlation
Sig (2- 531 .000 .000 .000 .000 .004 .035 .007
tailed)
N 90 99 929 929 99 99 99 99 99 0 0 0 0
WTF_V | Pearson -.099 A83%* 1 .370%* A401%* .394%%* 576%* 161 .166 .307 .c 235 -.021
0ss Correlation
Sig (2- 298 .000 .000 .000 .000 .000 .075 .067 554 .399 947
tailed)
N 113 99 123 108 110 123 123 123 123 6 0 15 13
WTF_B | Pearson -.096 378%* .370%* 1 .653%%* .195% .244%* 434%% 359%* 241 -.020 .c .500
MW Correlation
Sig (2- 329 .000 .000 .000 35 .008 .000 .000 450 960 667
tailed)
N 106 99 108 117 113 117 117 117 117 12 9 0 3
WTF_M | Pearson -.098 374%* A401%* .653%* 1 229% 186* 183* A463%* .169 -.263 812% .c
ini Correlation
Sig (2- 311 .000 .000 .000 012 .042 .045 .000 .599 462 .027
tailed)
N 108 99 110 113 120 120 12 120 120 12 10 7 0
Mean_A | Pearson -.118 .549%* .394%%* 195% .229% 1 485%* A407%* 440%* 135 .003 459 448
ppeal_E | Correlation
vian
Sig (2- 199 .000 .000 35 .012 .000 .000 .000 .676 994 .064 125
tailed)
N 121 99 123 117 120 134 134 134 134 12 11 17 13
Mean_A | Pearson -.151 .289%* 576%* .244%%* .186* A85H* 1 A41%* 330%* -419 .566 169 420
ppeal_V | Correlation
0ss
Sig (2- .098 .004 .000 .008 .042 .000 .000 .000 175 .069 517 153
tailed)
N 121 99 123 117 12 134 134 134 134 12 11 17 13
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Mean_A | Pearson -219* 212% 161 A434%* .183* A07** A41%* 1 647%* -.458 386 428 408
ppeal_B | Correlation
MW

Sig (2- .016 .035 .075 .000 .045 .000 .000 .000 134 241 .087 .166

tailed)

N 121 99 123 117 120 134 134 134 134 12 11 17 13
Mean_A | Pearson -.206 269%* 166 359%* A463%* A440%* .330%* 647** 1 -.482 .035 .592% .684%*
ppeal_ M | Correlation
ini

Sig (2- -024 .007 .067 .000 .000 .000 .000 .000 112 919 012 .010

tailed)

N 121 99 123 117 120 134 134 134 134 12 11 17 13
Mean_E | Pearson .306 .c 307 241 .169 135 -419 -458 -482 1 .c .c .c
ngageme | Correlation
nt_Evian

Sig (2- .390 .554 450 .599 676 175 134 112 .000

tailed)

N 10 0 6 12 12 12 12 12 12 12 0 0 0
Mean_E | Pearson .240 .c .c -.020 -.263 .003 .566 .386 .035 .c 1 1.000%* .c
ngageme | Correlation
nt_Voss

Sig (2- 567 .960 462 .994 .069 241 919 .000

tailed)

N 8 0 0 9 10 11 11 11 11 0 11 2 0
Mean_E | Pearson .064 .c 235 .c .812% 459 169 428 .592% .c 1.000%* 1 994%**
ngageme | Correlation
nt_BM
w Sig (2- .820 .399 .027 .064 517 .087 .012 .000

tailed)

N 15 0 15 0 7 17 17 17 17 0 2 17 10
Mean_E | Pearson .266 .c -.021 500 .c 448 420 408 .684%* .c .c 994 %% 1
ngageme | Correlation
nt_Mini

Sig (2- 403 947 667 125 153 .166 .010 .000

tailed)

N 12 0 13 3 0 13 13 13 13 0 0 10 13

** Correlation is significant at the 0.01 level (2-tailed)

* Correlation is significant at the 0.05 level (2-tailed)

.c Cannot be computed because at least one level of the variables is constant
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ANNEX 5 | Results of the Independent-samples t-test comparing gender for the dependent variables

Levene’s t-test of equality of variances (n=220)

Variables
WTF_Evian
WTF_Voss
WTF_BMW
WTF_Mini
Mean_Appeal_Evian
Mean_Appeal_Voss
Mean_Appeal BMW
Mean_Appeal_Mini
Mean_Engagement_Evian
Mean_Engagement_Voss
Mean_Engagement BMW

Mean_Engagement_Mini

F
5.452
1.956
5.157
0.502
0.892
1.749
0.557
0.000
1.244
1.762
2.024
1.864

Sig.
0.022
0.165
0.025
0.480
0.347
0.189
0.457
0.983
0.297
0.233
0.178
0.202

t
-3.368
-1.380

1.234
-1.144
-0.768
-0.587
4.539
2.360
-0.478
-0.652
0.533
1.098

df
60.704
111
35.783
106
119
119
119
119

13
10

sig. (2-tailed)
0.001
0.170
0.225
0.255
0.444
0.558
0.000
0.020
0.645
0.539
0.603
0.298

ANNEX 6 | Results of the Independent-samples t-test comparing nationality for the dependent

variables

Levene’s t-test of equality of variances (n=220)

Variables
WTF_Evian
WTF_Voss
WTF_BMW
WTF_Mini
Mean_Appeal_Evian
Mean_Appeal_Voss
Mean_Appeal BMW
Mean_Appeal_Mini
Mean_Engagement Evian
Mean_Engagement_Voss
Mean_Engagement BMW

Mean_Engagement_Mini

F
2.753
0.460
15.365
2.390
2.160
5.370
3.912
6.885

180.075
1.935
5.700

Sig.
0.101
0.499
0.000
0.125
0.144
0.022
0.050
0.010

0.000
0.188
0.038

t
0.550
1.034
3.692
2.970
0.684
1.382
0.474
1.612
0.316

-0.943
2.236
1.871

df

88

111
61.543

106

119
36.818
63.758
75.451

1.006
13
9.918

sig. (2-tailed)
0.584
0.303
0.000
0.004
0.495
0.175
0.637
0.111
0.760

0.518
0.044
0.091
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ANNEX 7 | Results of the Independent-samples t-test comparing main occupation for the

dependent variables

Levene’s t-test of equality of variances (n=220)

Variables
WTF_Evian
WTF_Voss
WTF_BMW
WTF_Mini
Mean_Appeal_Evian
Mean_Appeal_Voss
Mean_Appeal BMW
Mean_Appeal_Mini
Mean_Engagement_Evian
Mean_Engagement_Voss
Mean_Engagement BMW

Mean_Engagement_Mini

F
0.267
0.895
6.360
0.481
0.406
0.059
0.906
0.238

180.075
0.005
0.078

ANNEX 8 | Factor Analysis CIP Cars

Component Matrix

1

CIP Car 1 0.819
CIP _Car 2 0,764
CIP_Car_3 0.748
CIP Car 4 0.745
CIP Car 5 0.739
CIP_Car_6 0.728
CIP Car 7 0.701
CIP_Car_8 0.652
CIP_Car 9 0.532

CIP_Car 10

CIP Car 11

CIP_Car 12 0.372

CIP Car 13 0.453

CIP Car 14

CIP _Car 15

Component Matrix

2

-0.361

-0.463

0.795

0.733

0.627

0.562

-0.402

Sig. t df
0.607 0.000 83
0.346 0.535 105
0.013 -0.154 50.938
0.490 1.672 101
0.525 0.887 113
0.809 0.389 113
0.343 -0.058 113
0.627 1.204 113

0.316 8
0.000 -0.943 1.006
0.943 -0.190 13
0.787 1.109 9
3
0.476
0.415
0.498
0.532

0.512 0.5000

sig. (2-tailed)
1.000
0.594
0.878
0.098
0.377
0.698
0.954
0.231
0.760

0.518
0.852
0.296
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CIP Car 16

0.467

Total Variance Explained

0.561

Initial Eigenvalues

Extraction Sums of Squared

Rotation Sums of Squared

Loadings Loadings
Total % of Cumulative | Total % of Cumulative | Total % of Cumulative
Component Variance % Variance % Variance %

1 5.445 | 34.031 34.031 5.44 | 34.031 34.031 3.801 | 23.757 23.757
5

2 2.627 16.421 50.452 2.62 16.421 50.452 2.804 | 17.526 41.283
7

3 1.422 8.885 59.337 1.42 8.885 59.337 2.524 | 15.773 57.056
2

4 1.255 7.845 67.182 1.25 7.845 67.182 1.620 | 10.126 67.182
5

5 975 6.096 73.278

6 812 5.075 78.353

7 .645 4.029 82.382

8 515 3.221 85.603

9 453 2.829 88.432

10 409 2.556 90.988

11 .300 1.874 92.862

12 289 1.807 94.669

13 264 1.651 96.320

14 237 1.482 97.801

15 .184 1.151 98.953

16 .168 1.047 100.000

ANNEX 9 | Reliability Statistics CIP Cars

Cronbach’s Alpha

847

N of items

16
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ANNEX 10 | Factor Analysis CIP Bottled Water (Component Matrix)

CIP_BottledWater 1
CIP_BottledWater 2
CIP_BottledWater 3
CIP_BottledWater 4
CIP_BottledWater 5
CIP_BottledWater 6
CIP_BottledWater 7
CIP_BottledWater 8
CIP_BottledWater 9
CIP_BottledWater 10
CIP_BottledWater 11
CIP_BottledWater 12
CIP_BottledWater 13

CIP_BottledWater 14
CIP_BottledWater 15

CIP_BottledWater 16

Component Matrix

1
0.811

0.806

0.787

0.772

0.771

0.755

0.744

0.736

0.730

0.714

0.703

0.680

0.670

0.543

Total Variance Explained

2

0.385
0.715

0.555

-0.392

0.676

Initial Eigenvalues

Extraction Sums of Squared

Rotation Sums of Squared

Loadings Loadings
Total % of Cumulative | Total % of Cumulative | Total % of Cumulative
Component Variance % Variance % Variance %
1 7.594 47.462 47.462 7.594 | 47.462 47.462 4.889 30.559 30.559
2 1.490 9.351 56.777 1.490 9.315 56.777 4.008 25.047 55.606
3 1.206 7.540 64.317 1.206 7.540 64.317 1.394 8.711 64.317
4 991 6.196 70.514
5 709 4.432 74.946
6 .642 4.011 78.957
7 575 3.591 82.548
8 523 3.272 85.819
9 479 2.993 88.813
10 405 2.530 91.343
11 349 2.184 93.527
12 284 1.775 95.302
13 226 1.414 96.716
14 .194 1.210 97.926
15 174 1.090 99.016
16 157 984 100.000
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ANNEX 11 | Reliability Statistics CIP Bottled Water

Cronbach’s Alpha N of items
0.901 16

ANNEX 13 | Paired Samples T-test for Product Involvement

Paired Samples Statistics

Mean N Std. Deviation Std. Error
Mean
Pair 1 Mean CIP_BottledWater 2.4909 123 1.09534 .09876
Mean CIP_Cars 4.6834 123 1.00762 .09085

Paired Samples Test

Paired Differences t df Sig. (2-
Mean Std. Std. Error tailed)
Deviation Mean
Pair 1 Mean -2.19258 1.53512 0.13842 -15.840 122 0.000

CIP_BottledWater -
Mean CIP_Cars

ANNEX 13 | Factor Analysis for Brand Identity

Component Matrix for Evian Component Matrix for Voss
Component Matrix Component Matrix
1 1
ID_Evian_1 0,969 ID Voss_1 0,929
ID_Evian 2 0,960 ID Voss_2 0,926
ID Evian 3 0,955 ID Voss 3 0,921
ID_Evian_4 0,929 ID Voss 4 0,893
ID_Evian 5 0,919 ID Voss_5 0,841
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Component Matrix for BMW Component Matrix for Mini

Component Matrix Component Matrix
1 1
ID BMW 1 0,906 ID Mini 1 0,927
ID BMW 2 0,891 ID Mini 2 0,916
ID BMW 3 0,887 ID Mini 3 0,910
ID BMW 4 0,862 ID Mini 4 0,891
ID BMW 5 0,847 ID Mini 5 0,888

ANNEX 14 | Reliability Statistics for Brand Identity

Reliability Statistics for Evian Reliability Statistics for BMW
Cronbach’s Alpha = N of items Cronbach’s Alpha = N of items
0.971 5 0.925 5
Reliability Statistics for Voss Reliability Statistics for Mini
Cronbach’s Alpha = N of items Cronbach’s Alpha N of items
0.940 5 0.944 5

ANNEX 15 | Linear Regression model for Ln_Likes and #Followers

ANOVA a
Model Sum of Squares = df Mean Square F Sig.
1 Regression 823.940 1 823.940 908.562 .000b
Residual 197.696 218 907
Total 1021.636 219

a. Dependent Variable: Ln_Likes

b. Predictors: (Constant); Followers

Model Summary for the Linear Regression of Ln_Likes and #Followers
Model R R Square Adjusted R Square Std. Error of the Estimate
1 .898a .806 .806 95229

a. Predictors: (Constant); Followers
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Coefficients a for the Linear Regression of Ln_Likes and #Followers

Model Unstandardised Standardised t Sig.
Coefficients Coefficients
B Std. Error Beta
1 (Constant) 7.806 .075 103.435  .000
Followers = 3.294E-7 .000 .898 30.142 .000

a. Dependent Variable: Ln_Likes
ANNEX 16 | Linear Regression model for Ln_Comments and #Followers
ANOVA a

Model Sum of df  Mean Square F Sig.

Squares
1 Regression 412.540 1 412.540 425.090 .000b
Residual 211.564 218 970
Total 624.104 219
a. Dependent Variable: Ln_Comments
b. Predictors: (Constant); Followers
Model Summary for the Linear Regression of Ln_Comments and #Followers
Model R R Square Adjusted R Square Std. Error of the Estimate
1 .813a .661 .659 98513

a. Predictors: (Constant); Followers
Coefficients a for the Linear Regression of Ln_Comments and #Followers

Model Unstandardised Standardised t Sig.

Coefficients Coefficients
B Std. Error Beta
1 (Constant) 2.909 078 37.262 .000
Followers = 2.331E-7 .000 813 20.618 .000

a. Dependent Variable: Ln_Comments
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ANNEX 17 | Non Parametric Tests and Post Hoc Analysis for EngagementRate

Non Parametric Test for EngagementRate

Null Hypothesis Test Sig. Decision
1 The distribution of EngagementRate is the same Independent Samples .000 Reject the null
across categories of Brand (1-4) Kruskal-Wallis Test hypothesis

The significance level is .05

Test of Homogeneity of Variances

Engagement Rate
Levene Statistic df1l df2 Sig.
17.624 3 216 .000

Multiple Comparisons / Post Hoc Test for Non Parametric Variables

Dependent Variable
(D Brand (1-4)

Engagement Rate

(J) Brand (1-4) Mean Difference (I-J)  Std. Error Sig.

Tamhane | Evian Voss 1.74037% 0.95864% 373
BMW 1.79976% 0.95828% 335

Mini 3.45793% 0.95516% .004

Voss Evian -1.74037% 0.95864% 373
BMW 0.05939% 0.11248% 996

Mini 1.71757% 0.08179% .000

BMW Evian -1.79976% 0.95828% 335
Voss -0.05939% 0.11248% .996

Mini 1.65818% 0.07751% .000

Mini Evian -3.45793% 0.95516% .004
Voss -1.71757% 0.08179% .000

BMW -1.65818% 0.07751% .000

ANNEX 18 | Descriptive Statistics of the Engagement Rate Metrics for each brand post (n=220)

Mean Std. Deviation =~ Minimum Maximum
Evian 3.5337% 7.08359% 0.51% 36.78%
Voss 1.7934% .60557% 0.62% 4.04%
BMW 1.7340% .57374% 0.18% 2.95%
Mini 0.0758% .03526% 0.02% 0.16%
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ANNEX 19 | Paired Samples T-Test for Brand Appeal for Types of Brand

Pair 1

Pair 2

Pair 3

Pair 4

Pair 5

Pair 6

Pair 1

Pair 2

Pair 3

Pair 4

Pair 5

Pair 6

Paired Samples Statistics

Mean
Mean_Appeal_Evian 3.0211
Mean_Appeal_Voss 4.6965
Mean_Appeal BMW 4.2002
Mean_Appeal Mini 3.9813
Mean_Appeal_Evian 3.0211
Mean_Appeal Mini 3.9813
Mean_Appeal BMW 4.2002
Mean_Appeal_Voss 4.6965
Mean_Appeal_Evian 3.0211
Mean_Appeal BMW 4.2002
Mean_Appeal_Voss 4.6965
Mean_Appeal_Mini 3.9813

N

134
134

134
134

134
134

134
134

134
134

134
134

Std. Deviation

1.02708
1.16422

1.14704
1.05303

1.02708
1.05303

1.14704
1.16422

1.02708
1.14704

1.16422
1.05303

Paired Samples Test

Mean
Mean_Appeal_Evian - -1.67537
Mean_Appeal_Voss
Mean_Appeal BMW - 21891
Mean_Appeal Mini
Mean_Appeal_Evian - -.96020
Mean_Appeal Mini
Mean_Appeal BMW - -.49627
Mean_Appeal_Voss
Mean_Appeal Evian - -1.17910
Mean_Appeal BMW
Mean_Appeal_Voss - 71517

Mean_Appeal Mini

Std.

Deviation

1.11837

92794

1.10103

1.22243

1.18763

1.28659

Paired Differences

Std. Error

Mean

.09661

.08016

.09511

.10560

.10260

11114

.08873
.10057

.09909
.09097

.08873
.09097

.09909
.10057

.08873
.09909

.10057
.09097

-17.341

2.731

-10.095

-4.699

-11.493

6.435

Std. Error Mean

df

133

133

133

133

133

133

Sig. (2-
tailed)

.000

.007

.000

.000

.000

.000
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ANNEX 20 | Paired Samples T-Test for Brand Appeal for Types of Product

Pair 1

Pair 1

Mean_Appeal_Low
Mean_Appeal_High

Mean_Appeal_Low -
Mean_Appeal_High

Paired Samples Statistics

Mean N Std. Deviation
3.8588 134 .94470
4.0908 134 99851

Paired Samples Test

Paired Differences

Mean Std. Std. Error
Deviation Mean
-23197 95663 08264

Std. Error Mean

.08161
.08626
t df Sig. (2-
tailed)
-2.807 133 .006

ANNEX 21 | Paired Samples T-Test for Brand Identity for Types of Brand

Pair 1

Pair 2

Pair 3

Pair 4

Pair 5

Pair 6

Mean
ID_Evian 1.6984
ID Voss 1.8738
ID_BMW 2.6377
ID_Mini 2.6459
ID_Evian 1.6984
ID_Mini 2.6459
ID_ BMW 1.8738
ID Voss 2.6377
ID_Evian 1.6984
ID_ BMW 2.6377
ID_Voss 1.8797
ID_Mini 2.6537

Paired Samples Statistics

N Std. Deviation Std. Error
Mean
122 1.10274 .09984
122 1.17331 .10623
122 1.59386 .14430
122 1.64458 .14889
122 1.10274 .09984
122 1.64458 .14889
122 1.17331 .10623
122 1.59386 .14430
122 1.10274 .09984
122 1.59386 .14430
123 1.17033 .10552
123 1.64009 .147883
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Pair 1

Pair 2

Pair 3

Pair 4

Pair 5

Pair 6

Mean
ID_Evian - -.17541
ID_Voss
ID_ BMW - -.00820
ID_Mini
ID_Evian - -.94754
ID_Mini
ID_BMW - -.76393
ID_Voss
ID_Evian - -.93934
ID BMW
ID _Voss - -.77398
ID_Mini

Paired Samples Test

Paired Differences

Std. Deviation

90163

1.41361

1.54808

1.75019

1.59065

1.65954

Std. Error Mean

.08163

12798

.14016

15845

.14401

.14964

-2.149

-.064

-6.761

-4.821

-6.523

-5.172

ANNEX 22 | Paired Samples T-Test for Brand Identity for Types of Product

Pair 1

Pair 1

ID_Low
ID_High

Mean
ID_Low - -.85691
ID_High

Paired Samples Statistics

Mean

1.7927
2.6496

Paired Samples Test

Paired Differences

Std. Deviation

1.40451

N Std. Deviation
123 1.04381
123 1.45362

Std. Error Mean

12664

-6.767

df Sig. (2-tailed)

121 .034
121 .949
121 .000
121 .000
121 .000
122 .000

Std. Error Mean

.09412
13107

df Sig. (2-
tailed)

122 .000
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ANNEX 23 | Bivariate Correlations between Brand Identity and Product Involvement

Bivariate Correlations of Product Involvement and Brand Identity for Types of Product

ID_Low

ID_High

Mean_CIP_Bottled
Water

Mean_CIP_Cars

ID_Low ID_High
Pearson Correlation 1 A405%*
Sig. (2-tailed) .000
N 123 123
Pearson Correlation A405%* 1
Sig. (2-tailed) .000
N 123 123
Pearson Correlation 522%* 154
Sig. (2-tailed) .000 .089
N 123 123
Pearson Correlation 153 A481%*
Sig. (2-tailed) .091 .000
N 123 123

Water
522%*
.000

123
154
.089

123
1

124
-.064
481

123

Mean_CIP_Bottled Mean_CIP_Car

s
153
.091

123

A481%*

.000

123
-.064
481

123
1

128

Bivariate Correlations of Product Involvement and Brand Identity for Types of Brand

Mean_CIP
_BottledW

ater

Mean_CIP

_Cars

ID_Evian

ID_Voss

ID_BMW

Mean_CIP_Bo
ttledWater

Pearson 1
Correlation
Sig. (2-tailed)
N 124
Pearson -.064
Correlation
Sig. (2-tailed) 481
N 123
Pearson A429%*
Correlation
Sig. (2-tailed) .000
N 122
Pearson 534
Correlation
Sig. (2-tailed) .000
N 123
Pearson .109
Correlation

Mean_CIP
_Cars

-.064

481

123

128
245%%

.006

122
.039

.670

123
A37**

ID_Evian

A20%%*

.000

122
245%%

.006

122

122
.688%*

.000

122
.349%*

ID_Voss

534%*

.000

123
.039

.670

123
.688**

.000

122

123
228%*

ID_ BMW

.109

231

122
A37H*

.000

122
.349%%*

.000

122
228%*

011

122

ID_Mini

170

.060

123
A27x%

.000

123
A20%*

.000

122
.340%*

.000

123
.619**
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Sig. (2-tailed) 231 .000 .000 011 .000

N 122 122 122 122 122 122
ID_Mini  Pearson 170 A27x* A420%* 340%** 619%* 1

Correlation

Sig. (2-tailed) .060 .000 .000 .000 .000

N 123 123 122 123 122 123

ANNEX 24 | Linear Regression Model for Willingness to Follow, Product Involvement and Brand

Identity

Linear Regression Model for Evian

Model Summary

Model R R Square Adjusted R Square Std. Error of the Estimate
1 .353a 125 .105 1.30514
a. Predictors: (Constant), ID_Evian, Mean_CIP_BottledWater
ANOVA a

Model Sum of Squares df Mean Square F Sig.

1 Regression 21.399 2 10.700 6.281 .003b
Residual 149.898 88 1.703
Total 171.297 90

a. Dependent Variable: WTF Evian
b. Predictors: (Constant), ID_Evian, Mean_ CIP_BottledWater

Linear Regression Model for Voss

Model Summary

Model R R Square Adjusted R Square Std. Error of the Estimate
1 377a .142 127 1.68535
a. Predictors: (Constant), ID_Voss, Mean_CIP_BottledWater
ANOVA a

Model Sum of Squares df Mean Square F Sig.

1 Regression 52.234 2 26.117 9.195 .000b
Residual 315.284 111 2.840
Total 367.518 113

a. Dependent Variable: WTF Voss
b. Predictors: (Constant), ID_Voss, Mean CIP_BottledWater
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Linear Regression Model for BMW
Model Summary

Model R R Square Adjusted R Square Std. Error of the Estimate
1 A462a 213 .198 1.46932
a. Predictors: (Constant), ID BMW, Mean CIP_Cars
ANOVA a
Model Sum of Squares df Mean Square F Sig.
1 Regression 60.894 2 30.447 14.103 .000b
Residual 224.527 104 2.159
Total 285.421 106

a. Dependent Variable: WTF_ BMW
b. Predictors: (Constant), ID BMW, Mean CIP_Cars

Linear Regression Model for Mini

Model Summary

Model R R Square Adjusted R Square Std. Error of the Estimate
1 .539a 290 277 1.57637
a. Predictors: (Constant), ID_Mini, Mean CIP_Cars
ANOVA a
Model Sum of Squares df Mean Square F Sig.
1 Regression 108.803 2 54.402 21.893 .000b
Residual 265.888 107 2.485
Total 374.691 109

a. Dependent Variable: WTF_Mini
b. Predictors: (Constant), ID_Mini, Mean_CIP_Cars

ANNEX 25 | Linear Regression Model for Willingness to Follow, Product Involvement, Brand
Appeal and Brand Identity

Linear Regression Model for Evian

Model Summary
Model R R Square Adjusted R Square Std. Error of the Estimate
1 .598a 357 335 1.12509
a. Predictors: (Constant), Mean Appeal Evian, ID_Evian, Mean CIP_BottledWater
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ANOVA a

Model Sum of Squares df Mean Square F Sig.
1 Regression 61.169 3 20.390 16.108 .000b
Residual 110.128 87 1.266
Total 171.297 90

a. Dependent Variable: WTF Evian
b. Predictors: (Constant), Mean Appeal Evian, ID Evian, Mean CIP_ BottledWater

Linear Regression Model for Voss

Model Summary

Model R R Square Adjusted R Square Std. Error of the Estimate
1 .637a 405 .389 1.40978
a. Predictors: (Constant), Mean_Appeal Voss, ID Voss, Mean CIP_BottledWater
ANOVA a
Model Sum of Squares df Mean Square F Sig.
1 Regression 148.894 3 49.631 24.972 .000b
Residual 218.623 110 1.987
Total 367.518 113

a. Dependent Variable: WTF_Voss
b. Predictors: (Constant), Mean Appeal Voss, ID Voss, Mean_CIP_BottledWater

Linear Regression Model for BMW
Model Summary

Model R R Square Adjusted R Square Std. Error of the Estimate
1 .569a 323 304 1.36918
a. Predictors: (Constant), Mean_Appeal BMW, ID BMW, Mean_CIP_Cars
ANOVA a
Model Sum of Squares df Mean Square F Sig.
1 Regression 92.331 3 30.777 16.418 .000b
Residual 193.089 103 1.875
Total 285.421 106

a. Dependent Variable: WTF_ BMW
b. Predictors: (Constant), Mean Appeal BMW, ID BMW, Mean CIP_Cars



Linear Regression Model for Mini

Model Summary

Model R R Square Adjusted R Square Std. Error of the Estimate
1 .618a 381 364 1.47866
a. Predictors: (Constant), Mean_Appeal Mini, ID_Mini, Mean_ CIP_Cars
ANOVA a
Model Sum of Squares df Mean Square F Sig.
1 Regression 142.930 3 47.643 21.790 .000b
Residual 231.761 106 2.186
Total 374.691 109

a. Dependent Variable: WTF_Mini
b. Predictors: (Constant), Mean Appeal Mini, ID_Mini, Mean_CIP_Cars
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Mean_
CIP_B
ottled

Water

Mean_
CIP_C

ars

Mean_
Engage
ment_

Evian

Mean_
Engage
ment_

Voss

Mean_
Engage
ment_

BMW

Mean_
Engage
ment_

Mini

Mean_
Appeal

_Evian

Mean_
Appeal

_Voss

ANNEX 26 | Bivariate Correlations between Product Involvement, Brand Engagement, Brand

Appeal and Willingness to Follow

Correlations

Mean_
CIP_B
ottled
Water

Pearson 1

Correlat

ion

Sig (2-

tailed)

N 124

Pearson -.064

Correlat

ion

Sig (2- 481

tailed)

N 123

Pearson 212

Correlat

ion

Sig (2- 531

tailed)

N 11

Pearson .682%

Correlat

ion

Sig (2- .043

tailed)

N 9

Pearson -.280

Correlat

ion

Sig (2- 312

tailed)

N 15

Pearson -.076

Correlat

ion
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ANNEX 27 | Bivariate Correlations between Brand Engagement and Brand Appeal
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