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commerce has significantly limited consumers9 ability to directly engage in 



Elder and Krishna (2009) demonstrated that consumers9 taste perceptions can be shaped by the 



consumers’ purchase intention, willingness to pay, and perceived product quality? 

Sensory marketing refers to the practice of influencing consumers9 perceptions, attitudes, and 





elements with richly descriptive copy significantly increased consumers9 intention to purchase, 

Another study on food has shown that simply imagining the product9s 

smell which is referred to 8smellizing8 increases 



nsumers9 ability to mentally imagine the feel of the product. This 

triggered by a particular situation or stimulus that guides the consumer9s 



he product9s capacity to express one9s identity, social role, or status.



intention is commonly defined as the consumer9s likelihood or predisposition to buy 

connections, which can increase consumers9 acceptance of higher prices. More recently, 



it contributes to consumers9 attitudes and intention to buy. 

Defined as a consumer9s subjective judgment of a product9s quality compared to 

Perceived risk refers to the consumer9s subjective expectation of potential negative outcomes 





supplementary, but they are integral to the product9s perceived efficacy and user satisfaction 

(Karevs, 2024). For instance, the texture of a skincare product can influence a consumer9s 



To obtain objective results, participants were not informed about the specific goal of the study. 

At the beginning of the survey, they were thanked for their participation and informed that their 

responses would remain anonymous and confidential. After agreeing to take part, participants 



first answered a set of questions used to assess their level of involvement in skincare based on 

the CIP by Kapferer & Laurent (1985), which served as the study9s moderating variable. Next, 

the respondents were randomly assigned to one of two experimental conditions. All participants 

were asked to imagine they were making an online purchase decision for a sunscreen. Whether 

or not they had previously bought skincare products online was included as a control variable. 

Then, to one group a sensory-rich product description and claim was shown, while the other 

group received a sensory-poor version. Directly after that participants were asked to assess the 

sensory richness of the product descriptions, in order to make sure that the participant has 

understood the manipulation. 
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conducted using Cronbach9s alpha for all multi Taber9s (2018)

α values ≥ .70 

<

exactly sure if the choice was right= and <When I am in 

feel unsure about which to choose=

demonstrated acceptable reliability (Cronbach9s α = .742), aligning with standards for internal 



was high (Cronbach9s α = .877), indicating strong reliability.

participants8

<Have you ever purchased skincare 

products?=



The data collected through the online questionnaire was exported and analyzed using SPSS. 

This chapter presents the sample, manipulation checks and the results of the statistical analyses 

and evaluates whether the proposed hypotheses are supported or rejected based on the findings. 

In total N=145 valid responses were gathered using multiple personal networks and the 

convenience sampling method was used due to time and financial constraints. The survey was 

distributed through WhatsApp, Instagram, LinkedIn and Teams and it was configured to 

automatically delete incomplete responses after 24 hours, which ensured that no missing values 

were present in the dataset and therefore no additional data cleaning was required. The sample 

was nearly equally distributed between the two experimental conditions, of all the participants 

a total of 80 (equals to 55%) was assigned to the sensory-rich product description and 65 (equals 

to 45%) was assigned to the sensory-poor product description. 

To measure differences in consumer involvement with skincare products, participants were 

classified into either high or low involvement groups based on their responses to an adapted 

version of the CIP Matrix developed by Kapferer and Laurent (1985). To categorize 

participants, a median split was applied to the resulting composite consumer involvement score, 

which was named Involvement_group_withoutQ9andQ10. Respondents with an average 

involvement score equal to or below 3.50 were classified as low-involvement consumers (coded 

as 0), while those scoring above 3.50 were categorized as high-involvement consumers (coded 

as 1). This resulted in a nearly equal split of the sample, with 74 participants (51%) identified 

as low involvement consumers and 71 participants (49%) as high involvement consumers. This 

dichotomous classification served as a moderating variable in subsequent analyses to assess 

interaction effects between consumer involvement and product description type.

(M = 2.46, SD = 1.04), t(143) = 8.45, p < .001, Cohen9s d = 1.41. This substantial effect size 



of these two conditions in testing the study9s hypotheses.

In this section the statistical tests will be explained to test the dependent variables, and the 

above-mentioned hypotheses will be either verified or rejected. A two-way analysis of variance 

(ANOVA) was employed to examine the main and interaction effects of two categorical 

independent variables a) claim type (1 = sensory-rich vs. 2= sensory-poor) and b) consumer 

involvement (1= high vs. 0= low) on the continuous dependent variables, which are purchase 

intention, willingness to pay, perceived quality, and perceived risk. This method is appropriate 

when testing the influence of two factors on an outcome and when assessing whether the effect 

of one factor depends on the level of another (Field, 2017). The factorial 2×2 design allowed 

for a comprehensive analysis of both individual and combined effects. When a statistically 

significant interaction was detected, follow-up independent-samples t-tests were conducted to 

further explore simple effects and clarify the direction and significance of group differences 

(Field, 2017). 

SE = 0.13), F(1,141) = 1.655, p = .200, partial η² = .012. Similarly, high

SE = 0.13), F(1,141) = 1.482, p = .225, partial η

1,141) = 7.744, p = .006, partial η² = .052. Among high

3.01, p = .004, with a large effect size (Cohen9s d = 1.08). Conversely, low

31.02, p = .311, Cohen9s 
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sunscreen) and relative willingness to pay (participants9 agreement with the statement 

10.49, p = .001, η² = .069. High

A significant main effect of claim type was also found, F(1, 141) = 6.09, p = .015, η² = .041, 



significant, F(1, 141) = 3.65, p = .058, η² = .025. The pattern suggests that participants with 

1.606, p = .207, partial η² = .011. Similarly, there was no significant main effect of consumer 

involvement, F(1, 141) = 0.994, p = .321, partial η² = .007. The

η² = .007.

A two-way ANOVA revealed no significant main effects of claim type for either low-

involvement, F(1,78) = .101, p = .751, or high-involvement participants, F(1,63) = 1.878, p = 

.175. However, descriptive statistics suggested a trend toward higher perceived quality ratings 

in the sensory-rich condition, particularly among highly involved consumers.

To sum it up, H3 and H5 are both rejected as sensory language did not significantly affect 

perceived quality and consumer involvement did not significantly moderate this relationship. 

Perceived risk was a construct consisting of three levels a) skin safety b) uncertainty regarding 

lack of touch and c) perceived reduction of uncertainty by product descriptions. In the following 

these levels will be treated separately as they do not correlate with each other. 



= .892, η² = .000. Similarly, the main effect of involvement level was not statistically 

= .880, η² = .000. Additionally, the interaction between claim 

= .400, η² = .005. Thus, 

was conducted comparing the overall mean score (M = 2.46, SD = 0.86) to the scale9s midpoint 

to large effect size (Cohen9s

insufficient internal consistency (Pearson9s

.046, partial η² = .021. Participants exposed to sensory

, partial η² = .009, suggesting that 



.435, partial η² = .004. The profile plot illustrates a parallel pattern ac

The two-way ANOVA revealed a significant main effect of claim type (F(1,141) = 4.695, p = 

.032, η² = .032), indicating that product descriptions had a measurable impact on reducing 

purchase uncertainty. Specifically, non-sensory claims (M = 3.08) were rated as more helpful 

in reducing uncertainty than sensory-rich claims (M = 2.69).

There was no significant main effect of consumer involvement (F(1,141) = 0.807, p = .370, η² 

= .006), suggesting that involvement alone did not significantly influence how effective 

participants found the product descriptions.

The interaction effect between claim type and involvement was also not significant (F(1,141) 

= 1.182, p = .279, η² = .008), meaning that the influence of the type of claim on perceived 

uncertainty reduction did not depend significantly on the consumer's involvement level.

However, descriptive means show an interesting trend: low-involvement participants rated non-

sensory claims (M = 3.25) more positively than sensory ones (M = 2.68), while the difference 

for high-involvement participants was smaller (non-sensory M = 2.90 vs. sensory M = 2.71). 

The profile plot illustrates this with steeper slopes for low-involvement consumers, suggesting 

a stronger preference among them for clarity and factual descriptions when it comes to reducing 

uncertainty in online skincare purchases.

To conclude, H4 and H5 are not supported. 



Hypothesis Description Supported? Comment

H1 Sensory-rich product 

descriptions have a positive 

effect on purchase intention, 

whereas sensory-poor 

descriptions have a negative 

effect.

Rejected No significant main effect of 

claim type, but interaction 

with involvement was 

significant (see H5).

H2 Sensory-rich product 

descriptions have a positive 

effect on willingness to pay 

(WTP), whereas sensory-poor 

descriptions have a negative 

effect.

Partially 

supported

Significant main effect on 

maximum WTP, but not on 

relative WTP.

H3 Sensory-rich product 

descriptions have a positive 

effect on perceived quality, 

whereas sensory-poor 

descriptions have a negative 

effect.

Rejected No significant effects found, 

only descriptive trends.

H4 Sensory-rich product 

descriptions lower the 

perceived risk of purchasing 

skincare online, whereas 

sensory-poor descriptions 

heighten it.

Mixed Supported for uncertainty due 

to lack of touch but rejected 

for skin-related risk and 

uncertainty compensation of 

product descriptions. 

H5 Consumer involvement 

moderates the effect of 

sensory-rich (vs. sensory-

poor) product descriptions on 

purchase intention, WTP, 

Partially 

supported

Significant moderation found 

only for purchase intention 

and marginal effect for 

relative WTP. No moderation 



perceived quality, and 

perceived risk.

effect found for perceived 

quality or perceived risk.

Based on the study9s results, the data points to a nuanced and conditional effect of sensory 

language and consumer involvement in digital skincare marketing. The research aimed to 

understand whether sensory-rich (vs. sensory-poor) product descriptions influence purchase 

intention, WTP, perceived product quality, and perceived risk in online skincare purchases, and 

whether these effects depend on the consumer9s involvement level. While the findings offer 

some support for the proposed hypotheses, they also highlight inconsistencies with previous 

literature and raise theoretical and methodological considerations. Therefore, this chapter 

outlines the interpretation of the results, the limitations of the study, points out potentials for 

further research and concludes with managerial implications. 

The most robust and theoretically consistent finding is the significant interaction between claim 

type and consumer involvement on purchase intention. This aligns with the Elaboration 

Likelihood Model (Petty & Cacioppo, 1986), which suggests that high-involvement consumers 

engage with message content through the central route, processing details more deeply. 

Accordingly, high-involvement consumers responded positively to sensory-rich descriptions, 

likely because these descriptions matched their expectations for both hedonic and diagnostic 

value. However, low-involvement consumers did not show a significant preference, suggesting 

that such individuals may rely on heuristic or surface-level cues sometimes favoring simplicity 

over vividness. This pattern is broadly consistent with past findings (Elder & Krishna, 2012; 

Rodrigues et al., 2015), affirming the importance of tailoring messages to the audience9s level 

of engagement.

In contrast, the effects on willingness to pay showed a more complex picture. Sensory-rich 

descriptions significantly increased maximum WTP but not relative WTP. One explanation 

might be that maximum WTP taps into emotional valuation, as the question assessed how much 

a product <feels< worth to a consumer, which is triggered by sensory language. Relative WTP, 

however, involves comparative evaluation, possibly requiring more rational justification that 



sensory language alone cannot provide. The marginal interaction between claim type and 

involvement suggests that while high-involvement participants were more sensitive to these 

cues, the mechanism might not be purely cognitive. This raises questions about the nature of 

involvement measured in this study. While the ELM conceptualizes involvement as cognitive 

elaboration, the Consumer Involvement Profile (Kapferer & Laurent, 1985) used in this study 

to group the participants into high or low involvement consumers, reflects rather emotional 

involvement than systematic information procession, since the dimensions measured were 

interest, pleasure, symbolic value and risk importance. Therefore, this distinction may help 

explain why sensory-rich descriptions influenced WTP in high-involvement participants but 

did not necessarily lead to consistent differences in the other dependent variables like perceived 

quality or risk.

Perhaps most surprising was the lack of significant effects on perceived quality. Although 

descriptive means hinted at a higher quality rating for sensory-rich descriptions, particularly 

among highly involved consumers, the results were not statistically significant. This contradicts 

studies like Silva et al. (2020), which found that touch-related language enhanced quality 

perceptions. Several explanations are possible. First, participants may have perceived the 

product as unfamiliar, and the sensory description may have felt disconnected from functional 

performance. If sensory language does not clearly link to tangible product outcomes like sun 

protection or absorption, it may lack credibility and fail to influence quality judgments. It may 

then be felt by the consumer that the sensory language is compensating for the lack of functional 

quality of the product. Second, the quality scale used in this study emphasized functional, 

objective criteria such as long-lasting protection, SPF level, and absorption over affective or 

experiential dimensions. While the scale did include two items about appeal and engagement 

of the product description, these focused on the text rather than the product itself and therefore 

were likely insufficient to capture broader emotional or hedonic quality perceptions. The lack 

of significant effects thus suggests that sensory language in isolation may not be enough to 

elevate perceived product quality, particularly when the evaluative criteria are primarily 

functional. This is consistent with findings by Flavián et al. (2017), who argued that overly rich 

language can reduce processing fluency and increase cognitive load when it lacks specificity or 

diagnostic value. Moreover, it is likely that consumers base their quality assessments on 

additional contextual factors such as brand familiarity, prior experiences, or trust in the source 

which were not controlled for in this study. Therefore, the null results should not be interpreted 



as evidence that sensory language has no impact on quality perceptions, but rather as an 

indication that its effectiveness is contingent on other cues. 

In this study perceived risk in the context of online skincare purchase was conceptualized 

capturing three key facets: a) perceived product safety which was concerned about skin damage 

and/or irritation, b) uncertainty due to the lack of physical interaction like the inability to touch 

and smell the product and c) the extent to which the product description helps reducing that 

uncertainty. These dimensions align with previous literature suggesting that risk in e-commerce 

settings is multidimensional shaped not only by product attributes but also by the limitations of 

digital shopping environments (Park et al., 2005; Wu et al., 2020). Regarding perceived product 

safety, the analysis revealed no significant main effects of claim type or involvement, nor any 

interaction effects. This suggests that consumers9 confidence in the skin safety of the sunscreen 

was not influenced by the style of the product description or their level of involvement. One 

sample t-test showed that participants generally rated the product as safe, implying low baseline 

concern about skin-related risks. This likely explains the null effects, when risk perception is 

already low, there is little room for sensory language to change evaluations. Therefore, the 

absence of physical interaction did not lead to heightened concern about skin safety, possibly 

due to familiar and low-risk nature of sunscreen as a product category. In contrast, the responses 

to the second and third items indicated more complex results. Sensory-rich product descriptions 

were rated as more effective at reducing uncertainty stemming from the lack of physical 

interaction. This aligns with Hultén (2017) and Krishna & Elder (2012), who argue that sensory 

language can compensate for the absence of direct touch by stimulating haptic mental imagery. 

Descriptive cues such as texture, scent, or feel may help consumers mentally simulate product 

experience, thereby lowering the uncertainty caused by online settings. This finding suggests 

that sensory language has the potential to reduce specific dimensions of perceived risk related 

to digital sensory deprivation. However, the third item (Q18_reveresed) presented a notable 

contradiction since the participants rated sensory-poor descriptions as more effective in 

reducing overall purchase uncertainty. One possible explanation is that while sensory language 

evokes experience, it may lack the factual precision or credibility needed to resolve uncertainty 

for all consumers. Park et al. (2002) emphasized that under certain conditions, consumers seek 

concrete, unambiguous information. In this case, sensory-rich descriptions may have felt too 

abstract, emotionally charged or unsubstantiated especially in the absence of additional trust 

cues like brand reputation, familiarity etc.. Importantly, consumer involvement did not 

moderate significantly any of these effects contradicting H5. Although descriptive patterns 



suggested that low-involvement consumers preferred factual descriptions in reducing 

uncertainty and high-involvement consumer found both types somewhat useful, these trends 

did not reach statistical significance. To conclude, these findings suggest that perceived risk in 

online skincare shopping is not uniformly influenced by sensory cues. While sensory-rich 

descriptions may reduce tactile uncertainty, they do not necessarily create greater overall 

confidence especially in the absence of diagnostic, fact-based messaging. 

While this study provides valuable insights into the role of sensory-rich language in online 

skincare marketing, several limitations must be acknowledged that constrain the interpretation, 

internal validity, and generalizability of the findings.

First, the research employed a quasi-experimental design via an online survey with random 

assignment to experimental conditions but without full environmental control. As a result, 

participants completed the study in uncontrolled settings, which may have introduced external 

influences such as screen type, multitasking distractions, or device format. These uncontrolled 

variables could have affected cognitive engagement or message processing, thus limiting 

internal validity (Shadish, Cook, & Campbell, 2002).

Second, the use of convenience sampling distributed via personal networks and social platforms 

like WhatsApp, Instagram, LinkedIn, and Microsoft Teams introduces potential self-selection 

bias. The resulting sample overrepresented younger, digitally literate individuals, likely already 

familiar with skincare shopping online. This limits the external validity and generalizability of 

the findings to broader consumer populations with diverse demographics, digital literacy levels, 

or purchasing habits.

Third, although multi-item scales were used to measure most constructs, two key variables4

purchase intention and relative willingness to pay4were captured using single-item measures. 

While this approach is common in exploratory consumer behavior research, it restricts the 

ability to assess reliability and may reduce the robustness of the results (Bergkvist & Rossiter, 

2007). Additionally, the CIP was reduced from ten to eight items due to the poor reliability of 

two reverse-coded items, potentially limiting the dimensionality of involvement captured.

Fourth, although the manipulation checks confirmed that participants perceived the sensory-

rich versus sensory-poor claims as intended, the stimuli were limited to static text-based product 

descriptions. In real-world e-commerce contexts, consumers engage with rich multimedia 



content including images, animations, videos, or interactive elements. This lack may have 

limited the immersive power of the stimuli and, consequently, the emotional or cognitive 

engagement required to simulate a realistic digital shopping experience (Petit, Velasco, & 

Spence, 2019).

Fifth, consumer involvement was treated as a categorical moderator through a median split. 

While this is a common approach in experimental research, it has been critiqued for reducing 

statistical power and overlooking subtler continuous effects (MacCallum et al., 2002). 

Moreover, the involvement construct as measured reflects rather emotional attachment or 

lifestyle relevance rather than cognitive elaboration, as conceptualized in the Elaboration 

Likelihood Model by Petty & Cacioppo (1986). Without process measures to determine 

whether involvement was emotional or cognitive, conclusions regarding the type of message 

processing (central vs. peripheral route) remain speculative.

Sixth, the study did not include any mediators such as mental imagery vividness or emotional 

arousal. This limits the ability to verify the mechanisms of how sensory language shaped 

consumer responses. Given the mixed findings e.g., increased willingness to pay despite no 

significant changes in perceived quality additional psychological process measures like 

vividness of imagery, affective response, trust, and credibility would be essential in future 

research to clarify causal effects and better isolate underlying mechanisms.

Finally, the construct of perceived risk was divided into separate dimensions, skin-related 

safety, uncertainty due to the lack of physical interaction and uncertainty compensation power 

of product descriptions. Because the intended three-item scale showed insufficient internal 

consistency, it was treated separately. While this analytic decision was statistically sound 

(Field, 2017), it reduced the conceptual coherence of the perceived risk construct. The lack of 

a unified multi-item scale for risk limits the ability to draw strong conclusions about how 

language influences holistically risk perception in online skincare contexts.

This study contributes to the literature on sensory marketing, consumer psychology, and digital 

advertising by offering nuanced insights into how sensory-rich language interacts with 

consumer involvement to influence key behavioral outcomes in online skincare shopping. The 

findings confirm, challenge, and extend several theoretical frameworks, most notably the ELM, 



research on mental imagery and sensory language, as well as the emerging literature on 

consumer involvement in digital contexts.

First of all, the findings point to a limitation of the traditional ELM framework, as high-

involvement participants, which were measured via the CIP, may have responded to sensory 

cues through emotional or affective resonance rather than analytical reasoning. This challenges 

the clear-cut distinction between cognitive and emotional processing in the ELM and suggests 

a need for a more integrated model that also considers emotional engagement as another way 

people can be persuaded.

Then, the lack of significant effects on perceived quality questions and the result that sensory-

rich language is not always beneficial suggest that the impact of sensory language may depend 

on the type of consumer judgment being made and the purchase context. While it may enhance 

emotional or experiential evaluations like desire or perceived value, it may fall short when 

consumers are looking for factual clarity, particularly in performance-driven categories like 

sunscreen where reliability and safety matter. This points to a need for theoretical models in 

sensory marketing to better differentiate between emotional and functional consumer goals and 

to examine how language aligns with these goals. Future research should therefore consider 

incorporating emotionally oriented quality items, testing the influence of brand context, and 

comparing hedonic versus utilitarian product types. Additionally, the effectiveness of sensory 

language may depend on other factors such as brand familiarity, prior experience, or consumer 

trust. These variables that should be more directly measured in future studies to clarify these 

boundary conditions. 

Another important theoretical contribution concerns perceived risk in online shopping. 

Contrary to previous assumptions (Wu et al., 2020), sensory-rich descriptions did not reduce 

perceived skin risk and were even less effective than factual descriptions at mitigating 

uncertainty related to the lack of touch or smell. This highlights the complex nature of risk 

perceptions. In digital contexts, consumers may prioritize concrete, diagnostic cues over 

emotionally evocative ones, especially for health- or performance-related products. Future 

models should account for this distinction and explore how different forms of language like 

emotional, metaphorical, factual address specific risk types.

This study also underscores the need for a more nuanced understanding of consumer 

involvement. While it has traditionally been treated as a primarily cognitive construct4



associated with deeper thinking and message elaboration (Zaichkowsky, 1985)4the findings 

here suggest there's more to it. For some consumers, high involvement may not only reflect 

greater cognitive effort but also a stronger emotional connection or personal relevance to the 

product category. These affective dimensions could make them more receptive to emotionally 

charged or sensory-rich language. Notably, involvement moderated several outcomes in the 

study but did not have a direct effect on its own, indicating its role is more conditional than 

straightforward. Future theoretical models should therefore account for both the level (high vs. 

low) and type (emotional vs. cognitive) of involvement and adopt more refined measurement 

tools to reflect its multidimensional nature.

Finally, the study highlights the need for a contextualized approach to sensory communication. 

The effectiveness of sensory language is not universal, it depends on consumer traits (e.g., 

involvement), product type (hedonic vs. utilitarian), and judgment type (emotional vs. 

functional). Future theory-building should move beyond main-effect models and instead 

explore interactional frameworks that incorporate consumer, product, and communication 

variables simultaneously.



4such as functional benefits (e.g., <SPF 50,= <non greasy formula=) or proof

claims (e.g., <clinically tested=).















c) Perceived Product Quality (based on Garvin9s Dimensions of Product
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